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Preface

Significance of the book

Most introductory statistics books, even the applied books, do not cover preparing
presentations for upper management. One of the unique features of this book is
covering how to take statistical findings and turning them into presentations for
upper management. Explaining statistical findings, especially advanced statistical
findings in manner that people without a statistical background can understand can
be difficult. Many managers may not calculate statistics at work, but will have to
report the statistical findings of people they are managing. Thus this is essential
for MBA’s students. In addition, this book often writes in first person in order to
better reach the reader (7). There are exercises for students which requires analyzing
databases using software as opposed to the typical exercises that are to be done with

a calculator.

Supplemental Material

Simulated datasets for homework or to play with can be found from one of the

author’s website www.learnviaweb.com/datasets/datasets.html In addition, other in-


http://www.learnviaweb.com/datasets/datasets.html

structional material such as videos online to teach Microsoft Excel and SPSS can be
found at the author’s website www.learnviaweb.com.

There exists electronic versions, PDF, of the book comes in two formats, one is
formatted for printing and the other to fit the computer screen and created for the
instructor. The electronic version of this book contains in essence an infinite number
of problems with solutions on such topics as binomial probability, normal probability,
hypothesis testing, etc. by using JavaScript for random number generation. The
click of a button can generate the question with a new set of numbers and another
click can generate the answer, thus allowing the practice of problems until a deeper
understanding is obtained, as opposed to traditional books with a limited number of
problem and solution sets. Finally, there is a small PDF with select exercises that
at present can be downloaded free where the material related to the author’s book

can be found.
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Introduction

1.1. The Importance Of Statistics

Good decisions often start from good information. This is true within the business

world as well. Some examples include:

1. Warranties: Should you offer a warranty on your product? If so, how long
should you make the warranty? What percent of your product will break

before the warranty expires?

2. Production: What is the expected demand for your product for next quarter?

How much should you produce given the expected demand?

3. Quality: Does the machine you use produce a high quality product? Are the

specifications (e.g. length of ruler) close to the desired specifications and how

9



10 CHAPTER 1. INTRODUCTION
close?

4. Market Research: Who are your present customers? What are their attributes?
What do your customers and the customers of competing products think of your

product?

5. Churn: What is the churn rate of your customers, and how often are they

switching from your company to another for the same service?

6. Risk Models: What is the risk of extending credit to an individual? What are

the odds he/she will pay?

7. Response Models: To whom should you mail for a mail out campaign, and who

is most likely to respond?

8. Etc.: Much, much, more.

1.2. Introduction to Descriptive Statistics

There are many descriptive statistics, but not all are used regularly. The most
commonly used descriptive statistics include frequency, proportion, sample mean,
median, minimum, maximum, range, mode, variance, standard deviation (std.), and
standard error (std. error). Some of the most common statistics can be put into two

categories:

1. measures of central tendency - the expected value of the data, examples:

® 1nean

e median
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e geometric mean

2. measures of dispersion - how spread out is the data, examples:

e variance
e standard deviation

e range

For supplemental material the reader should consider the book by 7 or ?.

Definitions

Frequency refers to the number of observations with a specified characteristic.
The sample proportion is the percent of observations with a specified characteristic
within the sample. The sample proportion is denoted

p=

Y

X
n
where X is the number of observations with the specified characteristic and n is the

number of observations. For example, you observe 100 people and 45 of the people

are women. Thus, n = 100 and X = 45, and the sample proportion of women is

45 _

o5 = -49. The sample mean is

&I
I
S|

n
E Ty,
i=1
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When z; is defined as either zero or one depending on whether or not the observation
meets the specified characteristic, then ¥ = p. Referring to the latter example, define
x; = 0 for men and x; = 1 for women. Then X is the sum z;; that is X = Z?:l T
and thus z = p = .45. The median is the 50 percentile or the midpoint of the
data ordered from smallest to largest. The minimum (min) and maximum (max)
are the smallest and largest data point, respectively. The mode is the most common
observation. There may be more than one mode or no mode in any particular data

set. The sample variance is

and the standard error is

The sample standard deviation is used for understanding the spread of the data and
the standard error is used for understanding the spread of Z from a sample of the

same size, n.

Rare but extreme values can have a large effect on some of the descriptive statis-
tics, these rare extreme values are called outliers. For example, the value 21 in

sample # 6 in Table 7?7 might be considered an outlier. The median is an example
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Sample # | the data | Min | Max | Median | Mean | s% | std. | std. error
1 1,1,1,1,1 1 1 1 1 0 0 0
2 5,5,5,5,5 5 5 5 ) 0 0 0
3 3,4,5,6,7 3 7 5 5 2.5 | 1.58 0.707
4 7,4,5,6,3 3 7 5 5 2.5 | 1.58 0.707
5 1,3,5,7,9 1 9 5 5 10 | 3.16 1.414
6 1,1,1,1,21 | 1 21 1 5 80 | 8.94 4.000

Table 1.1: A few fictitious samples for understanding descriptive statistics.

of a descriptive statistic unaffected by outliers.

13

Less commonly used descriptive statistics include coefficient of variation, first

quartile (Q1), third quartile (Q)3), range, geometric mean, and geometric mean rate

of return.

mean,

CV. =

SRS

The coefficient of variation is the standard deviation divided by the

The first quartile, @, has 25% of the observations less than it and 75% of the

observations greater than it. The third quartile, @3, has 75% of the observations

less than it and 25% of the observations greater than it. The range is defined as the

maximum minus the minimum. The formula for the geometric mean is

If'g:[ZElXZEQX---XZL’n

]1/71'

The formula for the geometric mean rate of return is

Tg=1[(147m)x(14+ry x--

X (14 7,)]

1/n

_1’
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where 7; is the rate of return for period ¢. The geometric mean rate of return is best
for understanding how well an investment is doing (??). For example, you invested
$1,000 in a stock and the value decreased to $500 by the end of the first year and then
increased by $250 by the end of the second year. After two time periods, beginning

with $1,000 you ended up with $750. The mean rate of return equals

o =50% +50% _

2

which is misleading, as there is a loss of 25%, whereas the geometric mean rate of

return equals
Fp=[(1—5)x (14+.5)]"*—1=(75)"Y>—1=866—1=—0.134,

indicating a loss since it is less than 0. Note: $1,000%.866 x .866=$750

1.2.1 Introduction to Parameters

Almost always, if not always, simple statistics are used to obtain a better under-
standing of a population of interest. A population is the set of all units of interest.
Parameters are quantities that represent the population. The parameters of interest
are estimated using statistics. If you were interested in all the people in Bangkok,
then the population would consist of all people in Bangkok. The sample is a subset
of the population. Sampling will be discussed in further detail in Chapter ?7?.

The population quantities for the proportion, mean, finite population variance
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and the standard deviation are

and

respectively. Where capital N refers the number of units in the population.

1.3. Descriptive Statistics With Microsoft Excel

Microsoft Excel is the standard software used for presenting data. Almost everyone
has it on their computer and it is very user friendly. In addition, most people are
already somewhat familiar with Excel. Many books cover how to do statistics with

Microsoft Excel as well (?7)
There might be a few things of interest in looking at this data. One thing might
be the average salaries for women and men, which can be calculated, and are

 $47,647 4 $48,489 + 861,617 4 $79, 286 + $58, 963

Tw = 3$59, 200,
T - $

_ $79,343 + $74, 787 + $78,616 + $67, 458 + $54, 894
xm —=
5

= $71, 020,

respectively. Another thing of interest might be the frequency of each gender at each
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level. The frequency of gender at each level is called a contingency table or cross

classification table, often called simply a cross table, or crosstab. Table 7?7 contains

an example of a cross table calculated from the data in Table ?7.

Gender Level Salary
Female 1 $47,647
Female 4 $48,489
Female 3 $61,617
Female 4 $79,286
Female 2 $58,963
Male 4 $79,343
Male 5 $74,787
Male 5 $78,616
Male 5 $67,458
Male 3 $54,894

Table 1.2: Sample data to illustrate the power of Excel

The frequency of a single variable, for example level, is called a frequency table.

A graphical representation of a frequency table is easy to make within Excel. A

histogram is a graphical representation of the frequency of the data without spaces

between the bars. Figure 77 is an example of a histogram of salary for Table ?7?.

Honestly, since the amount of data is very small it is easy to calculate. Were we

working with a larger data set, even basic calculations, such as addition, can be very

time consuming without the help of computers. What was done by pen and paper
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Histogram

45 1

Frequency

40,000-439 999 50,000-59,999 60,000-69 999 70,000-795999

Figure 1.1: Example of a histogram for salary from Table ?7?.

can be done very quickly, easily and presented nicely using Excel. A function within
Excel that is very useful for analyzing data is called "PivotTable and PivotChart
Report...” under the tab "Data”. The following pages illustrate how this can be done
in Microsoft Office Excel 2003. Using other versions of Excel, the steps are very

similar if not identical. For extensive training videos on Excel and other educational

videos go to www.learnviaweb.com/videos.


http://www.learnviaweb.com/videos
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Level Female Male
1 1 0
2 1 0
3 1 1
4 2 1
5 0 3

Table 1.3: Frequency at each level broken out by gender

from Table 77.

1.4. Descriptive Statistics to Create a Marketing Presentation

In this section is an example of a marketing project utilizing only descriptive
statistics to gain valuable knowledge. Figures ?? through 77 represent the re-
sulting marketing presentation. A sample data set for this example marketing project
can be found at www.learnviaweb.com /videos. Imagine working at a consulting firm
and asked to do the following project:

Your client is the cell phone division within a telecommunications company (Exam-
ple: DTAC). You want to give your client an understanding of its customers. Who
are they, etc. In addition, you want to give your client an understanding of how
valuable each customer is. Your client is the cell phone division within a telecommu-
nications company. You want to give your client an understanding of their customers.
Who are their customers and how valuable or not each specific customer is. To an-

swer this you must first answer what is value? The client has given you the entire


http://www.learnviaweb.com/videos
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dataset, and you will work with the entire dataset. Such information will include
payment history. Keep in mind that one of your client$ concerns is that some of
its customers do not pay. Remember the question what is value? This is somewhat
subjective. The client is concerned about people not paying though. Always listen
to your client!!! Listening helps, even statistical projects. Note: Often a large part
of success (assuming honesty) in consulting is a happy client. You can not ensure a
happy client if you never listen to him or her.

The file you have been given includes the following customer information.
e Name
e Gender (male=1)
e Home owner or not (own=1)

e There are 5 mobile phone plan types, listed below, each with different minimum
minutes required and pricing:
— 1: no minutes charge 4.0 baht/minute (No minimum payment)
— 2: 200 minutes charge 3.5 baht/minute (Pay at least 700 baht)
— 3: 400 minutes charge 3.0 baht/minute (Pay at least 1200 baht)
— 4: 600 minutes charge 2.5 baht/minute (Pay at least 1500 baht)

— 5: 800 minutes charge 2.0 baht/minute (Pay at least 1600 baht)
e Customer income

e Government job or not (if working in government=1)
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Age category

Location

Minutes (the total number of minutes used for the most recent month)

Payment history. You are given information on the past 24 months for each
customer as to whether the customer paid on time or was late and how late.
— O=current, not late on payment
— 1=30 days late
— 2=60 days late

— 3=90 days late

4=120+ days in default, and are not expected to pay, very bad

1.4.1 The Marketing Presentation

The following pages consist of a sample marketing presentation for

the example project in this section
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Customer Profiling

and Customer Value

Sample Marketing Project

"
Two Main Objectives

m To Understand Your Customers

m To Understand the Value of Your Customers
To help make marketing strategies.

Figure 1.2: Slides one and two of the marketing presentation
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First, Who Are Your

Customers

We Looked At All 15,045
Customers To Understand
Who They Are

= SN
Gender: More Women than Men

Court of gender

G0.00%

H0.00%

40.00%

30.00%
S4.00%

46.10%

20.00%

10.00%

0.00%

Figure 1.3: Next two slides of the marketing presentation
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= S

Homeowners

Count of ownhome

100.00%

20.00%

20.00%

F0.00%

B0.00%

S0.00%

40.00%

20.00%

20.00%

A0.00%

0.00%
Renter Chaner

Plan Type

Court of plantype

H0.00%
45.00%
S0.00%
35.00%
30.00%
25.00%
20.00%
15.00%
A0.00%

S.00%

0.00%

Figure 1.4: Next two slides of the marketing presentation
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" I
Plan Type and Average Minutes Used

[rerage of minutes

1,40

1,200

Minutes Used

1,261
00

=5

Erss

200

Plan Type and Mean Minutes Used

Plan Type N Mean | Minimum | Maximum
Type 1. O 1550 341 77 648
Type 2: 200 2168 559 285 846
Type 3: 400 2350 774 481 1052
Type 4: 600 2264 068 679 1248
Type 5: 800 6713 1261 @733 2634
Overall 15045 945 /77 2634

|\

Only in plan type 5 do the customers use less than the
minimum. In this plan type, customers give you "free”
money. The total "free” money is $62,94 2 for December
2005, 0.2% of revenue, total=534,282,000.

Figure 1.5: Next two slides of the marketing presentation
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Plan Type and Mean Minutes Used

Plan Type N Mean | Minimum | Maximum
Type 1: O 1550 341 77 648
Type 2: 200 2168 559 285 846
Type 3: 400 2350 774 481 1052
Type 4: 600 2264 068 679 1248
Type 5. 800 6713 1261 478 2634
Overall 15045 945 77 2634

This slide is terrible! It has the same
information as the last slide but without
highlighting what the reader should learn
from the slide. This is to show the
importance of making your point clear in a
presentation.

" S
Plan Type And Income

The average income of people in plan
type 5 is much greater than the ether
90,000 plan types. Remember, approximately

$30,000

45% of your customers are plan type 5.
70,000 1 ( S
H0.000 ———
$50,000 = I
$40,000 FO6ET —
F20,000 —
347,809 $95,302 $45,184 B 051
F20,000 —
F10,000 —
¥
1 z2 3 4 =)

Figure 1.6: Next two slides of the marketing presentation



26 CHAPTER 1. INTRODUCTION

=

Present Payment Status

C ount of present status

A00.00%

Q0.00%

B0.00%

F0.00%

60.00%

S0.00%

40.00%

30.00%

20.00%

10.00%

0.00%

0 1 2 3 4
[ETotal | o623 % AT [ 151% [ 04a% 2.00%
present_status

| UUOI’S! paymen! g!a!us

Figure 1.7: Next two slides of the marketing presentation
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" S
Present and Worst Ever Status

Count of presant_statis

Maost customers are late
at some peint, but

ultimately pay -
approximately 66%.

These people will o3
- |4
most likely pay.
u ﬁ o m
x) 1 2 2 4

\ 0S4 % 000 % 0.00% 0.00% 0.00%
\ 95.97 % B77% 0.00% 0.00% 0.00%
\, 15.50% 152% 1.56% 0.00% 0.00%
3.23% 035% 0.05% 0.95% 0.00%
0.00% 000% 0.00% 0.00% 23.00%

present_status

" JEE—
You Should Do Many More Graphs ...

m Also, the graphs should be made much
prettier.

Figure 1.8: Next two slides of the marketing presentation
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Ranking Your

Customers According
to Their Value to You

First we will discuss what is
value and then we will discuss
one way to rank your
customers in terms of value.

What is Value
m Value is a combination of two things:
Profit

e The more profitable the customer, the more valuable
he or she is to your company.

Risk

e Unfortunately, some of your customers are not
paying you.

Approximately 3%.

e This is lost money. People using their cell phone but
not paying you are really a negative value, as they
cost you money.

e Forthis reason, we feel risk is an important factor in
understanding customer value.

Figure 1.9: Next two slides of the marketing presentation
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" SN
Profit

m Due to the sensitive nature of profit
margins, we could not use actual profit.

m Thus, to understand your most profitable
customers we used revenue.

Revenue was calculated using plan type and
minutes used. (Should give more details).

"
Revenue: We created Five Categories For Revenue

Court of Rev_Category

G0.00%

25.00%

30.00%

25.00%

20.00%

340%
16.00%

HBETH

10.00% 20.19%

S.00%

5.99% 7545

0.00%

1: <1500 2: 1800 to 1929 3 2000 to 2499 4 2500 to 2999 S: »=3000

Rew_Category

Figure 1.10: Next two slides of the marketing presentation
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" S
Risk

m To understand Risk we looked at all 12 months of
the payment history data.

m Ultimately we decided to use the worst ever
payment status for the past 12 months as a proxy
for risk. The higher the value, the higher the risk.

m Thus Risk has 5 categories, with values ranging
from 0-4; the value O being the least risky and 4
being the most risky. A value of 4 actually means
the person is in default.

" JE
Ri
Count of Wiorst Ever I s k
B0.00%

80.00%

40.00%

0.00%

20.00%

A0.00%

0.00%
0 [ 1 [ 2 [ 2 [ 4
O Total 0 .S9% H3.74% 18 52% G13% 300%
orst_Ever
Each Level Indicates an
These g the Additional Increased
Least Risky Level in Risk

Figure 1.11: Next two slides of the marketing presentation
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" J
Understanding Value as a Function of Risk and Revenue
Percent of Customers

Count of Revenue]Warst_Ever

Rev_Categol [ 2 4]Grand Total
1 1.65%
2 3.78%
3 7.02% 18.29% 6.57%
4 5 87% 15 .62% 5.34%
5 1.52% A 418% %W 1.55%
Grand Total 20.44% /| 53.74% W 18.68% ] 100.00%
These customers
These are your best customers, gold. are in 3", grey. =
i Th i This is the
They pay, low risk, and they use a lot £y are grey, since 4t I
of phone time. They make up they are in a grey fnrlczit?nwnl
52.50% of your customers. area, and are risky. :

"
Understanding Value as a Function of Risk and Revenue
Percent of Revenue

Surn of Revenue [Worst Ever
Rev_Catego 1] 2 4| Grand Total
1 0.79%
2 2 83%
3 £.95% 18.12% £.51%
4 £.99% 18.60% 6.36%
5 2.29% /\ 6.38% 207%
Grand Total 2034% | N\ 5383% 18.67% 100.00%
Your two top groups make
Ynur_best custiomers, gold, make up up 74.17% of your total
approximately 59.33% of your revenue. revenue.

Figure 1.12: Next two slides of the marketing presentation
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= S

Value And Gender

Count of Value

40.00%

B6.00%

30.00%

25.00%

[gender
OFemale
EMale

20.00%

15.00%

A0.00%

S.00%

0.00%
1: Best 2 Green 3 Grey 4 ellow S Red-Worst

Figure 1.13: Next two slides of the marketing presentation
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" JEE
Count of Value
30.00%
Approximately 47% of the
=.00% Best Customers (Gold)
are not on plan type 5.
20.00%
plantype
[=h]
15.00% |z
oz
o4
L3
1000 %
£.00%
000% | TN Ee—
1 2 2 4 )
|E|1 092% Fi % 1 96% 0,46 % 0.32 %
|!2 495% 5.55% 253% 0.53% 0.95%
oz 208% 261% 2.25% 0.0 % 0.90%
09 275% 1.56% 2.76% 0.51% 0.923%
5] 27.90% 5.00% 2.48% .97 % 1.26%
"
Count of Value
26 00%
20.00% 7
agecat
15.00% 1| Ovoungest
ECollege
O orking
Ohiddle Age
10.00% 1 B Older
OFRetired
5.00%
0.00% | . e
z 3 4 =)
|E|Youngest 7.10% 6.23% 1.30% 0.95%
|!Co|lege 2.05% FE0% 1.560% 1.22%
O orkeing 443% 380 % 0.849% 0 G %
Ondiddle Age 1.02% 0.565% 0.27% 0.14%
WOlder 0.17% 0.10% 0.03% 0.01%
DR etired 0.00% 0.00% 0.00% 0.00%

Figure 1.14: Next two slides of the marketing presentation
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"
More Graphs For Understanding Value.

m More Pretty Graphs

" JE
Recommendations

= You want to keep your highest value customers happy.

m Consider creating an additional phone plan since more
than 40% of your customers are in phone plan type 5.
This recommendation is in part a result of finding customers that
do not even use the minimum minutes for plan type 5.
m Most of your customers pay late at least once in 12
months.
Consider charging late fees to increase revenue.

Adding all of the12 months late for all of your customers, that are
not in default equals approximately 27,478 late fee charges per
year. If you charge a 10 baht per month late fee, you could
make approximately an additional 274,780 baht per year.

Imagine a project costing 500,00 baht leading to an extra 274 780 bahtiyear in addition to doing the
requested work. You hawve proven you're worth and more as a consultant. Statements such as the
one above should be checked with the client before making them. Are they already using late fees?

Figure 1.15: Last two slides of the marketing presentation
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1.4.2 High Level Take Away From This Sample Project

Do not underestimate the power of basic statistics. A lot can be learned from basic
graphs and cross tables, and presentation is very important. The descriptive statistics
are easy to calculate using computer software — organizing that computer output to
learn something is the hard part. Be sure you leave time to make the presentation;

do not spend too much time on the statistics and get overwhelmed.

1.4.3 General comments on a successful project

First, what is a successful project? Success is a happy client. Of course it is doing the
work correct as well. Correct does not mean it has to be the most complicated, the
best statistics, etc. The client wants insight into his or her problem, not a statistics
lesson and confusion. I can not stress this concept enough. Finally, if you know
that a client wants something, you need to do it. If you think the client is wrong,
this needs to be discussed with the client politely before you present the deliverable
to him or her and his or her boss or subordinates. There are three main possible
outcomes from not presenting what was requested without discussing beforehand,

and they are all bad:

1. You are right and make your client lose face. Very bad; you probably will not

get repeat business.

2. You are wrong and the client is right, you lose face. Very bad as well; you

probably will not get repeat business.
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3. You are both wrong, you still lose face for presenting the wrong material and
not doing what was requested. Very bad as well; you probably will not get

repeat business.

This can be avoided with a discussion before the presentation of the deliverable.
Often consultants discuss high level findings and what to expect with their client

before the actual presentation.

1.4.4 The importance of the presentation

A major but common mistake is spending too much time on the statistics and not
enough time on the presentation. The presentation is the deliverable; it is what
you are graded on in real life. It can provide everyone with insight, or confusion.
Honestly, this is something I had a difficult time with as well when doing projects.
It was the most difficult thing for me to accept, but after being responsible, man-
aging projects, and with enough client interaction, I learned and understood. "You
can have brilliant ideas, but if you can’t get them across, your brains won’t get you
anywhere.” Lee lacocca (7). Many times, if people do not understand your findings,
they will not use them and they may not even know how to use them — thus, making
all your hard work worthless! Yes, this really happens. Some people sometimes do
great analytical work but cant explain it, making everyone unhappy. Many of you
may work with statisticians at one point in the future. These statisticians may use

advanced statistical techniques, but they can almost always be presented in a simple
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manner. How, will be covered later in future chapters and in greater detail. Try to
get the statistics into a simpler form for presentation. Do not present a bunch of stuff
you do not understand. You are expected to know what you are presenting. You may
think it is OK if you do not understand but the statistician does understand. It is
often not OK. If the statistician can not explain it to you, there is a good chance he
can not explain it to others. People do not buy/trust what they do not understand
and they often do not even bother to listen after awhile. You as management will be

responsible for avoiding this situation when delivering presentations.
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1.5. Descriptive Statistics Examples

EXERCISE 1.5.1. Solve for the sample min, max, mean, median, variance, and stan-

dard deviation of the following stock prices of the following companies:

18.20 26.80 13.00 13.10 11.70

Table 1.4: The stock prices

EXERCISE 1.5.2. Solve for the sample min, max, mean, median, variance, and stan-

dard deviation of the following stock prices of the following companies:

15.00 17.80 19.30 12.50 17.20

Table 1.5: The stock prices

EXERCISE 1.5.3. Solve for the sample min, max, mean, median, variance, and stan-

dard deviation of the following stock prices of the following companies:

26.20 28.80 19.10 14.70 20.30 11.10 16.90

Table 1.6: The stock prices
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EXERCISE 1.5.4. Solve for the sample min, max, mean, median, variance, and stan-

dard deviation of the following stock prices of the following companies:

10.80 12.80 14.20 29.30 24.40

Table 1.7: The stock prices
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EXERCISE 1.5.5. Solve for the sample min, max, mean, median, variance, and stan-

dard deviation of the following stock prices of the following companies:

12.20 1040 28.90 14.30 26.20 22.70 14.10 16.60 22.30 15.60

Table 1.8: The stock prices
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1.6. Exercises

1.6.1 Descriptive Statistics Exercises

EXERCISE 1.6.1. Solve for the sample min, max, mean, median, variance, and stan-

dard deviation of the following stock prices of the following companies:

17.70 30.70 10.70 35.80 12.20 19.20 14.10 11.80 30.90 24.60

Table 1.9: The stock prices
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EXERCISE 1.6.2. Solve for the sample min, max, mean, median, variance, and stan-

dard deviation of the following stock prices of the following companies:

36.20 16.80 14.20 16.30

Table 1.10: The stock prices

EXERCISE 1.6.3. Solve for the sample min, max, mean, median, variance, and stan-

dard deviation of the following stock prices of the following companies:

16.40 10.40 16.60 17.20 27.10 16.10 21.60 19.10

Table 1.11: The stock prices

EXERCISE 1.6.4. Solve for the sample min, max, mean, median, variance, and stan-

dard deviation of the following stock prices of the following companies:

19.70 21.50 26.40 10.20 18.30 12.40 28.30 11.80

Table 1.12: The stock prices
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EXERCISE 1.6.5. Solve for the sample min, max, mean, median, variance, and stan-

dard deviation of the following stock prices of the following companies:

16.40 22.10 33.10 19.90 14.40 14.90

Table 1.13: The stock prices

EXERCISE 1.6.6. Solve for the sample min, max, mean, median, variance, and stan-

dard deviation of the following stock prices of the following companies:

27.60 14.10 11.00 18.90 22.40 12.10 12.30 11.20

Table 1.14: The stock prices

EXERCISE 1.6.7. Solve for the sample min, max, mean, median, variance, and stan-

dard deviation of the following stock prices of the following companies:

12.10 17.30 16.60 20.10 10.80 35.60 16.50 12.30

Table 1.15: The stock prices
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EXERCISE 1.6.8. Solve for the sample min, max, mean, median, variance, and stan-

dard deviation of the following stock prices of the following companies:

12.70 2040 17.50 16.40 1540 22.80 18.60 17.30 19.40

Table 1.16: The stock prices

EXERCISE 1.6.9. Solve for the sample min, max, mean, median, variance, and stan-

dard deviation of the following stock prices of the following companies:

16.70 21.70 13.70 14.70 23.60 15.50 12.90 15.80 23.50

Table 1.17: The stock prices

EXERCISE 1.6.10. Solve for the sample min, max, mean, median, variance, and

standard deviation of the following stock prices of the following companies:

21.60 10.80 14.30 17.00 16.10 17.00 10.90 17.60 12.10 15.20

Table 1.18: The stock prices
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1.6.2 Multiple Choice

Click "Begin” and when you are finished, click "End”. Enjoy.

Begin Multiple Choice Questions

1. Is the mean, z, affected by outliers?
(a) Yes (b) No

2. Is the median affected by outliers?
(a) Yes (b) No

3. Is the sample standard deviation, s, affected by outliers?
(a) Yes (b) No

4. The mean income in Bangkok is 25,000 Baht/month. Thus 50% of all people in

Bangkok make more than 25,000 Baht /month.

(a) True (b) False

End Multiple Choice Questions

1.7. Assignment

1. Individual assignment. Find four stocks within the SET, two of which you
think are good investments and two of which you think are bad investments.

Create graphs within Microsoft Excel from data on the four companies and
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make a presentation illustrating why you believe the companies are either good
or bad investments. Create only a few graphs, a maximum of twenty. If
you are selected you will have to present in class and everyone must hand
in the presentation. The purpose of this assignment is not to test you on your
knowledge of stocks and finance, but to make you more comfortable in looking
at data, using Excel, and making presentations. Grading will not be on your

knowledge of the stock market. The assignment is due next week.

. Group assignment for 3-4 students. Customer Profiling and Determining Cus-

tomer "Value”. Your client is a start up cable company. It has been in business
for approximately one year. They offer cable TV channels and Cable (High-

Speed) Internet.

e You will pretend that you are from a consulting firm presenting to a client

with very little or no statistical background.

e You want to give your client an understanding of their customers — who
they are and how "valuable” or not they are. To answer this you must

first answer, what is value?

e Each group will present the project on the date it is due, three weeks from

when it is assigned.

e The presentation should be done in PowerPoint Graphs, etc., and must

be done in Excel.

e The PowerPoint must be less than 5MB in size.
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e Finally, you will hand in the PowerPoint presentation and all supporting

materials.

e You will be graded almost entirely on the PowerPoint Presentation. The
presentation should be made as a stand-alone document. It should be
made in a manner that it can be read and understood without your pres-
ence. Finally, presentations that show nothing beyond the given example

presentation will not be considered "A” material.

e The client has given you the entire dataset, and you will work with the
entire dataset. You will be given the entire population of customers with
various information. Such information will include payment history. One

of your clients concerns is that some of their customers dont pay.

e The client intends to use your findings to offer incentives to the specific

people you determine as high value.

— Thus if you decide person "A” is of higher or lower value than person

"B”, you must be able to justify your claim/statement.

e Data can be found at a link from my website:

www.learnviaweb.com/datasets/datasets.html.
e Below is the data file layout:
— gender (male=1)
— ownhome (own=1)

— Internet=1 then on the internet plan. Charge is 2,000 Baht/month

for unlimited usage


http://www.learnviaweb.com/datasets/datasets.html
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— plantype there are 5 plan types
(a) l=iron - the minimum number of channels offered 500 Baht /month
(b) 2=copper - 750 Baht/month
(c) 3=jade - 1,500 Baht/month
(d) 4=gold - 2,000 Baht/month
(e) 5=platinum - the maximum number of channels offered 2,500
Baht/month
— Income: persons income, in Baht/Month
— govtjob (if work in government=1)
— agecat:
(a) 0=Teenager,
(b) 1=College,
(c) 2=Newly Working,
(d) 3=Middle Age,
(e) 4=50’s,
(f) b=Retired
— Address (this is to represent the person’s actual address)

— hours (the total number of hours used on the internet for the most

recent month)

— payment history (12 months the first status, statusl, is 12 months ago

the last one is the present status, for the month of December 2004)

(a) O=current, not late on payment
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(b) 1=30 days late
(¢) 2=60 days late
(d) 3=90 days late

(e) 4=in default, and are not expected to pay, they are no longer

considered your clients
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Probability

2.1. Introduction to Probability

First, what is probability? Probability is a number that can take values ranging from
zero to one representing the likelihood of an event. The more likely an event will
occur, the higher its probability and the less likely an event will occur, the lower the
probability.

The concept of probability is used everywhere. The perceived probability of a
positive or negative outcome occurring and the associated benefit /loss respectively

is often used in making decisions. Some examples:

1. Should a person see the latest "Harry Potter” movie? The person will question
him or herself as to whether or not he or she expects to enjoy the movie. In

other words, is there a high probability or low probability of enjoyment if the

ol
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person sees the movie.

. Should we invest money in the stock market or earn interest in the bank? This

decision is in part made from tolerance for risk and perceived probability of

success (make money) in the stock market.

. Should we bring an umbrella with us today? This is motivated in part by the

perceived probability of rain today.

. Should a person try to obtain a Bachelor’s degree? Many estimate the proba-

bility of obtaining their career goals without a Bachelor’s degree to be very low
and with a Bachelor’s degree considerably higher. For this reason many people

attend college.

. Etec.
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Definitions

Sample space: Set of all possible outcomes and denoted S.

Event: A set of possible outcomes. A simple event is a single possible outcome

from the sample space.

Probability: The chance or likelihood of a particular event occurring. Prob-
ability is between zero and one. An impossible event has a probability of zero.
An event that will definitely occur has a probability of one. The probability of
event A is denoted P(A), where 0 < P(A) <1, and P(S) =1.

Complement: The complement of A consists of all possible events within &
excluding A. The event A® denotes the complement of event A and P(AUA®) =

1, where U represents “or”. The union of AU A® = S.

Mutually exclusive: When event "A” and "B” can not occur together, at the
same "time”, they are said to be mutually exclusive events. P(A N B) = 0,
where N represents "and”. The intersection of mutually exclusive events A and

B, AN B is the null set, denoted @. P(®) = 0.

Conditional probability: The probability of one event given the knowledge
that another event(s) has already occurred is called conditional probability.
The conditional probability of "A” given "B” is denoted P(A|B), where | rep-

resents "given”.

Independent: Two events are independent of each other if one event has

occurred (or has not) does not alter the probability the other event will or has
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occurred. Mathematically, P(A|B) = P(A) and P(B|A) = P(B) if event A
is independent of event B, since if they are independent then event B adds no

new knowledge or information about event A and vice versa.

Dependent: Two events are dependent if one event has occurred (or has not)
does alter the probability that the other event will or has occurred, P(A|B) #

P(A).

Important Probability Rules

. Complement: P(AY) =1— P(A)

. A Or B (general): P(AUB)= P(A)+ P(B)— P(ANB)

. A Or B (mutually exclusive events): P(AU B) = P(A) + P(B)
. A and B (general): P(AN B) = P(A)P(B|A)

. A and B (independent events): if and only if P(AN B) = P(A)P(B) other-

wise they are dependent

e Multiple independent events: P(A;NAy...NA,) = P(A1)P(As)--- P(A,)

. B given A (conditional probability): P(B|A) = £405)

- P4

. Bayes Rule: P (A|B) = y P(ANB)

(B]A)P(A)+P(B|AY)P(AY)

Example: Flip a coin twice. H=heads and T'=tails.

Sample space: All possible outcomes: S = {(H,H),(H,T),(T,H),(T,T)}.

Note: Each possible outcome is equally likely.
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Event: Some possible events:
— A=Exactly 1 Head,
— B=Exactly 1 Tail,
— C=2 Heads,
— D=2 Tails,
— E=Head 1% toss and anything 2"¢ toss, and

— F=anything 1** and Head 2"¢ toss.

e Probability: Recall 4 possible outcomes and each equally likely.

— Event A consists of {H,T},{T,H} = P(A) =2 =0.5,

— Event B consists of {H,T},{T,H} = P(B) =2 = 0.5,

— Event C consists of {H, H} = P(C) = 1 = 0.25,

— Event D consists of {T,T} = P(D) = = 0.25,

— Event E consists of {H, H},{H,T} = P(E) = %2 =0.5, and

— Event F consists of {H, H},{T,H} = P(F) =2 =0.5.

e Complement: The complement of 2 tails, event D, is less than two tails.
P(D U DY) = 1. That is, the probability of two tails or less than two tails

occurring when there are two tosses equals one.
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e Mutually exclusive: Two heads and two tails, events C and D. P(CND) =0

e Conditional probability: For examples look at the next two items, "Inde-

pendent” and "Dependent”.

e Independent: Events E and F are independent. Knowledge about the 1%¢ toss
yields no information about the 2" toss and vice versa. P(E|F) = P(E) and

P(F|E) = P(F).

e Dependent: FEvents D and E are dependent. If you know two Tails were

tossed, then event E could not have occurred. P(E|D) = 0.

2.2. Probability and Cross Classification Tables

Often a cross classification table is used for calculating empirical probability. Empiri-
cal probability is an estimate of the true probability of an event using observed data.
When flipping a coin the probability of getting a head is a half. This is the true
probability of getting a head and it is a known fact. The probability of randomly
selecting a red jack in a single selection in a standard 52 deck of cards is % because
there are 2 red jacks within the 52 cards. The actual probability of the latter two
examples does not need to be estimated; it can be determined, but in many cases the
actual probability must be estimated. For estimating the probability of an event of-
ten a frequency table or crosstab (cross classification tables) is used. This technique
is used for determining the true probability as well. This is illustrated by considering
the probability of selecting a card within a standard deck of cards in Table ?7?. From

Table 77 it is easy calculate the different probabilities related to selecting a single
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Red Black | Total
Jacks 2 2 4

Not Jacks | 24 24 48
Total 26 26 52

Table 2.1: Calculating Probability of Selecting a Card Using a Crosstab.

card with certain attributes. For example, the probability of selecting a:

4

e jack is =

26

e red card is =

. . 2
e red jack is £

. : . . P(red jack
e red jack given the card selected is red is W =2/2=2
. : : . P(red N jack N black
e red jack given the card selected is black is 2 p{ﬁick) ack) — 2/8 =2
. .. . P(red N jack
e red card given the card selected is a jack is W =2/5=2

o ctc.

In this same manner probability can be estimated. Imagine if you wanted to under-
stand employment and gender within Bangkok. You might randomly sample adults
living in Bangkok and ask if they are working. Pretend that Table ?7 is the crosstab

generated from the data collected. From the survey results in Table 7?7 you might

Female Male | Total
Working 390 410 | 800
Not working 130 70 200
Total 520 480 | 1000

Table 2.2: A Crosstab of Gender and Working Status From a Survey.
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estimate that the probability of selecting a:

. 520
e female is 00"

. 480
e male is 1000

410

e working person that is also male is 555-

410 7480 __ 410

e working male given the selected person is a male adult is {555/ 7000 = 130"

e ctc.

2.3. Probability Examples

EXERCISE 2.3.1. Assume the survey results were obtained from a survey taken ran-
domly from people inquiring about opening a bank account with your bank. Given

the survey information in the table below estimate the following percentages:

Male Female

Not Investing in Stocks 669 673

Investing in Stocks 292 315

Table 2.3: The survey breakout for men and women on

investing in stocks

a) Estimate the percent of inquiries for opening a bank account wi our ban a
Estimate th tofi iries f ing a bank t with y bank that
are male.

(b) Percent of women and investing in stocks of people interested in opening an
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account with your bank.

(c) Percent of men and investing in stocks of people interested in opening an account
with your bank.

(d) Given the person is a male and interested in opening an account at your bank

estimate the probability he is investing in stocks.
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EXERCISE 2.3.2. Assume the survey results were obtained from a survey taken ran-
domly from people inquiring about opening a bank account with your bank. Given

the survey information in the table below estimate the following percentages:

Male Female

Not Investing in Stocks 668 710

Investing in Stocks 300 326

Table 2.4: The survey breakout for men and women on

investing in stocks

(a) Estimate the percent of inquiries for opening a bank account with your bank that
are male.

(b) Percent of women and investing in stocks of people interested in opening an
account with your bank.

(c) Percent of men and investing in stocks of people interested in opening an account
with your bank.

(d) Given the person is a male and interested in opening an account at your bank

estimate the probability he is investing in stocks.

EXERCISE 2.3.3. Assume the survey results were obtained from a survey taken ran-
domly from people inquiring about opening a bank account with your bank. Given

the survey information in the table below estimate the following percentages:

Male Female

Not Investing in Stocks 741 731
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Investing in Stocks 313 286

Table 2.5: The survey breakout for men and women on

investing in stocks

(a) Estimate the percent of inquiries for opening a bank account with your bank that
are male.

(b) Percent of women and investing in stocks of people interested in opening an
account with your bank.

(c) Percent of men and investing in stocks of people interested in opening an account
with your bank.

(d) Given the person is a male and interested in opening an account at your bank

estimate the probability he is investing in stocks.
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EXERCISE 2.3.4. Assume the survey results were obtained from a survey taken ran-
domly from people inquiring about opening a bank account with your bank. Given

the survey information in the table below estimate the following percentages:

Male Female

Not Investing in Stocks 683 707

Investing in Stocks 308 268

Table 2.6: The survey breakout for men and women on

investing in stocks

(a) Estimate the percent of inquiries for opening a bank account with your bank that
are male.

(b) Percent of women and investing in stocks of people interested in opening an
account with your bank.

(c) Percent of men and investing in stocks of people interested in opening an account
with your bank.

(d) Given the person is a male and interested in opening an account at your bank

estimate the probability he is investing in stocks.

EXERCISE 2.3.5. Assume the survey results were obtained from a survey taken ran-
domly from people inquiring about opening a bank account with your bank. Given

the survey information in the table below estimate the following percentages:

Male Female

Not Investing in Stocks 652 661



2.4. EXERCISES 63

Investing in Stocks 264 289

Table 2.7: The survey breakout for men and women on

investing in stocks

(a) Estimate the percent of inquiries for opening a bank account with your bank that
are male.

(b) Percent of women and investing in stocks of people interested in opening an
account with your bank.

(c) Percent of men and investing in stocks of people interested in opening an account
with your bank.

(d) Given the person is a male and interested in opening an account at your bank

estimate the probability he is investing in stocks.

2.4. Exercises
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2.4.1 Probability Exercises

EXERCISE 2.4.1. Assume the survey results were obtained from a survey taken ran-
domly from people inquiring about opening a bank account with your bank. Given

the survey information in the table below estimate the following percentages:

Male Female

Not Investing in Stocks 692 720

Investing in Stocks 289 322

Table 2.8: The survey breakout for men and women on

investing in stocks

(a) Estimate the percent of inquiries for opening a bank account with your bank that
are male.

(b) Percent of women and investing in stocks of people interested in opening an
account with your bank.

(c) Percent of men and investing in stocks of people interested in opening an account
with your bank.

(d) Given the person is a male and interested in opening an account at your bank

estimate the probability he is investing in stocks.
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EXERCISE 2.4.2. Assume the survey results were obtained from a survey taken ran-
domly from people inquiring about opening a bank account with your bank. Given

the survey information in the table below estimate the following percentages:

Male Female

Not Investing in Stocks — 722 693

Investing in Stocks 308 322

Table 2.9: The survey breakout for men and women on

investing in stocks

(a) Estimate the percent of inquiries for opening a bank account with your bank that
are male.

(b) Percent of women and investing in stocks of people interested in opening an
account with your bank.

(c) Percent of men and investing in stocks of people interested in opening an account
with your bank.

(d) Given the person is a male and interested in opening an account at your bank

estimate the probability he is investing in stocks.
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EXERCISE 2.4.3. Assume the survey results were obtained from a survey taken ran-
domly from people inquiring about opening a bank account with your bank. Given

the survey information in the table below estimate the following percentages:

Male Female

Not Investing in Stocks 727 737

Investing in Stocks 322 298

Table 2.10: The survey breakout for men and women on

investing in stocks

(a) Estimate the percent of inquiries for opening a bank account with your bank that
are male.

(b) Percent of women and investing in stocks of people interested in opening an
account with your bank.

(c) Percent of men and investing in stocks of people interested in opening an account
with your bank.

(d) Given the person is a male and interested in opening an account at your bank

estimate the probability he is investing in stocks.
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EXERCISE 2.4.4. Assume the survey results were obtained from a survey taken ran-
domly from people inquiring about opening a bank account with your bank. Given

the survey information in the table below estimate the following percentages:

Male Female

Not Investing in Stocks 662 712
Investing in Stocks 304 304

Table 2.11: The survey breakout for men and women on

investing in stocks

(a) Estimate the percent of inquiries for opening a bank account with your bank that
are male.

(b) Percent of women and investing in stocks of people interested in opening an
account with your bank.

(c) Percent of men and investing in stocks of people interested in opening an account
with your bank.

(d) Given the person is a male and interested in opening an account at your bank

estimate the probability he is investing in stocks.
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EXERCISE 2.4.5. Assume the survey results were obtained from a survey taken ran-
domly from people inquiring about opening a bank account with your bank. Given

the survey information in the table below estimate the following percentages:

Male Female

Not Investing in Stocks 729 734

Investing in Stocks 333 319

Table 2.12: The survey breakout for men and women on

investing in stocks

(a) Estimate the percent of inquiries for opening a bank account with your bank that
are male.

(b) Percent of women and investing in stocks of people interested in opening an
account with your bank.

(c) Percent of men and investing in stocks of people interested in opening an account
with your bank.

(d) Given the person is a male and interested in opening an account at your bank

estimate the probability he is investing in stocks.
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EXERCISE 2.4.6. Assume the survey results were obtained from a survey taken ran-
domly from people inquiring about opening a bank account with your bank. Given

the survey information in the table below estimate the following percentages:

Male Female

Not Investing in Stocks 675 680

Investing in Stocks 358 313

Table 2.13: The survey breakout for men and women on

investing in stocks

(a) Estimate the percent of inquiries for opening a bank account with your bank that
are male.

(b) Percent of women and investing in stocks of people interested in opening an
account with your bank.

(c) Percent of men and investing in stocks of people interested in opening an account
with your bank.

(d) Given the person is a male and interested in opening an account at your bank

estimate the probability he is investing in stocks.
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EXERCISE 2.4.7. Assume the survey results were obtained from a survey taken ran-
domly from people inquiring about opening a bank account with your bank. Given

the survey information in the table below estimate the following percentages:

Male Female

Not Investing in Stocks 708 633

Investing in Stocks 313 297

Table 2.14: The survey breakout for men and women on

investing in stocks

(a) Estimate the percent of inquiries for opening a bank account with your bank that
are male.

(b) Percent of women and investing in stocks of people interested in opening an
account with your bank.

(c) Percent of men and investing in stocks of people interested in opening an account
with your bank.

(d) Given the person is a male and interested in opening an account at your bank

estimate the probability he is investing in stocks.
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EXERCISE 2.4.8. Assume the survey results were obtained from a survey taken ran-
domly from people inquiring about opening a bank account with your bank. Given

the survey information in the table below estimate the following percentages:

Male Female

Not Investing in Stocks 717 665

Investing in Stocks 300 296

Table 2.15: The survey breakout for men and women on

investing in stocks

(a) Estimate the percent of inquiries for opening a bank account with your bank that
are male.

(b) Percent of women and investing in stocks of people interested in opening an
account with your bank.

(c) Percent of men and investing in stocks of people interested in opening an account
with your bank.

(d) Given the person is a male and interested in opening an account at your bank

estimate the probability he is investing in stocks.
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EXERCISE 2.4.9. Assume the survey results were obtained from a survey taken ran-
domly from people inquiring about opening a bank account with your bank. Given

the survey information in the table below estimate the following percentages:

Male Female

Not Investing in Stocks 710 725
Investing in Stocks 298 307

Table 2.16: The survey breakout for men and women on

investing in stocks

(a) Estimate the percent of inquiries for opening a bank account with your bank that
are male.

(b) Percent of women and investing in stocks of people interested in opening an
account with your bank.

(c) Percent of men and investing in stocks of people interested in opening an account
with your bank.

(d) Given the person is a male and interested in opening an account at your bank

estimate the probability he is investing in stocks.
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EXERCISE 2.4.10. Assume the survey results were obtained from a survey taken ran-
domly from people inquiring about opening a bank account with your bank. Given

the survey information in the table below estimate the following percentages:

Male Female

Not Investing in Stocks 699 731

Investing in Stocks 321 292

Table 2.17: The survey breakout for men and women on

investing in stocks

(a) Estimate the percent of inquiries for opening a bank account with your bank that
are male.

(b) Percent of women and investing in stocks of people interested in opening an
account with your bank.

(c) Percent of men and investing in stocks of people interested in opening an account
with your bank.

(d) Given the person is a male and interested in opening an account at your bank

estimate the probability he is investing in stocks.
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2.4.2 Multiple Choice

Imagine if two six-sided dice were rolled. What is the probability of observing ...7

Click "Begin” and when you are finished "End”.

Begin Multiple Choice Questions

1. a3 and a 47

(a) 55 (b) 5 (c) 3 (d) 5
7. A 6 or a4 on either the rolls?

(a) 5 (b) 5 (¢) 5 (d) 5



2.4. EXERCISES

End Multiple Choice Questions
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Probability Distributions and Random

Variables

3.1. Random Variables

Understanding the concept of a random variable is important for a deeper under-
standing of statistics. Next some key terminology will be covered related to random

variables.

Definitions

e Random variable: Is an outcome or observation whose value is de-
termined by a process that is not predetermined and thus can’t be

predicted. Random variables are often denoted using capital letters,

7
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and possible values that a random variable can take by a lower case

letter.

1. Categorical random variable: Is a random variable that results in
categorical response (non-numeric), such as gender (male or female), and

opinion (strongly disagree, disagree, ..., or strongly agree).

— Dummy coding: Dummy coding is turning a variable with two or
more outcomes into a variable(s) with possible values of 0 and 1.
Often categorical variables are dummy coded for analysis purposes.
For example, the gender male might be assigned the value of 0 and
females the value of 1. If there are several categories, several dummy
variables are needed to capture all the information. The dummy coded

data can now be treated as a numerical random variable.

2. Numerical random variable: Is a random variable that results in a
numerical response. Examples include height, weight, age, income, etc. of

a randomly selected individual.

(a) Discrete random variable: Resulting integer values, like the num-
ber of heads observed when flipping a coin four times, x=0,1,2,3 or 4.
For an example, see Table 77.

(b) Continuous random variable: Resulting in continuous values, like

income. For an example see Table 77.

e Cumulative distribution function (c.d.f.): Basically P(X < z) where X

is a random variable and z is a real number. The cdf is often denoted with a
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capital F' as F(z), i.e. F(z) = P(X <z).
e Probability distribution function (p.d.f.):

1. For a discrete random variable it is merely the probability of a certain
value occurring, P(X = x).
— The probability distribution function has the following properties:
(b) Doy flw) =1
2. For a continuous random variable the P(X = z) = 0 and thus the defi-
nition is not the same. The p.d.f. for a continuous random variable is a
curve described by the function, f(z). The area under the curve within

a given interval yields the probability of the continuous random variable

falling within that given interval.

— The probability distribution function has the following properties:
(a) f(x) =0
(b) 7 f(a)de =1
(c) F(b) — F(a) = Pla < X <b) = fab f(x)dz, which is the area
under the curve f(z) from a to b, a < b.
— Note: P(X =b) = F(b) — F(b) = [, f(x)dx = 0, that is the prob-
ability of a continuous random variable equaling a specific constant,

say b, is zero.

e Expectation of a random variable is the mean value (a weighted mean) of the
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Discrete | Continuous

0 736.1918273
759.5668806
812.7593044
562.2359305
798.2952718

=W N

Table 3.1: Example of Discrete and Continuous Data

variable X in the sample space, or population, of possible outcomes. FEzpected
value can also be interpreted as the mean value that would be obtained from

an infinite number of observations of the random variable.

Examples of Categorical, Continuous and Discrete

Data.

e Categorical:

1. Gender

DN

. Blood Type
3. Marital Status
4. Eye Color

5. Political Party

e Discrete:

1. Number of people using the ATM at a certain location within the past

hour.

2. Number of brothers or sisters a person has.
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3. Number of times a person won at roulette within the past 20 spins.

e Continuous:

1. Income
2. Age
3. Height

4. Weight

3.2. General Formulas

This section covers the formulas for calculating the expectation of a random variable,
variance of a random variable, and the covariance between two random variables. The
expectation of the random variable, if it exists, is the mean for that random variable.
The formulas in this section are especially helpful to understand for people interested

in courses concerning finance and investing.

General case

E(X) = s
Var(X) = E [(X — u)*] = o2

xT

Coo(X,Y) = E[(X = m)(Y = 1,)] = 00y

Discrete case
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E(X) =) mt; = jla (3.1)
Var(X) = Y ml(a ) = Yo ma? — (Yoma) = o2
Cov(X,Y) = mil(wi — ) (i — y)) = D _ miiti — (Z T Zﬂ'%‘) = Oy

where 7; is the probability of outcome ¢ and x; is the outcome. Example i, could
refer to recession, stable economy, expanding economy. The 7; could be the given
probabilities of each and x; could be the profit/loss of a mutual fund given the situ-

ation. Note: ) . m = 1.

Continuous case

B(X) = / " ef(e)de = g

[e.e]

o0

Var(X) = /_ T (o= 2 (2)de = / 22 f(z)dz — 2 = o?

o0 —0o0

Conx )= [~ [ =)o = ) S g)dady = o,

The following subsections will cover only the discrete case for a deeper understand-
ing of the latter formulas presented. For discrete random variables summation is
required to solve for expectation, variance and covariance. For continuous random

variables integration is required, which is beyond the scope of this text.
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3.2.1 Expectation and Mean

Let ¢ be a constant, for example let ¢ = 5.

EX] =) mi(w:) = pta

ElcX] = Zm(cwi) = ch(xi) = Clly
E[BX] =Y m(5(x:) =5 milx;) =5,

E[X + ] :Zm(xmtc) :Zﬂi(Ii)—{—Zﬂi(C) :,ux+cZ7ri:ux+c
E[X + 5] :Zﬂi($i+5) ZZm(wi)Jer(@ :,%4‘52771:/%‘1‘5

If you have a summation of something over ¢ that doesn’t change for any of the 7, for
example a constant ¢, or 5 it can be moved outside of the summation, as was done

above.
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3.2.2 Expectation and Variance

Let ¢ be a constant, for example let ¢ = 5.

Var(X) = 3 ml(es — m)?] = o2

Var(eX) =Y ml(elw)—eua)’] = Y mle((2:) =) = & Y mil((@i)—pa)’] = o

Var(sX) = > ml(5(z:) — 510)%] = Z mil5((2:) = pa)’]
= 52 Zm T;) — ) 5205 = 2503

Var(X +c¢) = Zm ((x; + (fhe +C)) | = Zm[((xz) +C— g — 0)2]

Var(X +5) Zm (2 +5) — (e +5))? Zm (25) + 5 — g — 5)7]
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3.2.3 Expectation and Covariance

Let ¢; be a constant, for example let ¢; = 5 and ¢y be another constant, for example
let Coy = 7.
Cov(X,)Y) = Zﬂi[(ﬂfi — fiz) (Yi — Hy)]

Cov(a1 X, YY) = Z Ti[(c12i — c1pia) (C2yi — Cafty)]
= 109 Zm[(:frzz — 1) (Yi — py)] = c1c2Cov(X,Y)

Cov(5X,TY) = Y mil(5a: — 5pa)(Tys — Thy)]

= 5 727@-[(% — 1) (yi — py)] = 35Cov(X,Y)

Cov(X +c1,Y +¢) = Y mil((wi+c1) = (pta + 1)) (%5 + 02) = (g + 2))]

= Z%[(% — 1) (yi — py)] = Cov(X,Y)

Cov(X +5,Y +7) = > m[((xi+5) = (1a +5) (4 +7) = (g + 7))
Y millw = ) (v — )] = Cov(X,Y)
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The addition of constants cancel each other out as in the variance formula.

3.2.4 Expectation and Variance of a Weighted Sum

Let Z=X+Y so:

E[Z] = p.

by definition, but it can broken into its components X and Y.

E[Z]=E[X +Y] = Zﬂz‘(fﬁi + i) = Zﬂi(%‘) + Zm(yi) = o + Hy

Recall:

(a+b)?* =a(a+0b) +bla+b) =a®+ 2ab+ b?

We will need this to understand Var(c; X + ¢2Y)
Againlet Z=X+Y
Var(Z) = B((Z — p.)*] = o2

but you may only be able to solve for Z from the X and Y.
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Var(Z) = EI(Z — )] = BI(X +Y) = (s + 1,))%] =

Think of (X +Y) as a and (p, + p1y) as b.

E[(X+Y)? =2(X +Y) (o + py) + (1t + p1))’] =

Again using (a + b)? = a® + 2ab + b?
BIX?+2XY +Y? = 2X iy — 2X 1y — 2Y 1y — 2Y iy + 02 + 2ptgpy + p2) =
Yes, a big mess but the terms can be regrouped and come up with the following:
= B[(X? = 2Xp + ) + (Y2 = 2V iy + pi2) 4+ 2(XY = Xpty = Yty + paity)]
= B [(X - MI)Q + (Y B :uy)z + 2(X o ,ux)(Y - :Uy)]

= B[(X-m)? + E[Y-p)] + 2B[(X—p)Y —pu)

= Var(X)+Var(Y) +2Cov(X,Y) = Var(Z)

From these concepts:

Var(aa X + oY) = Var(aX)+ Var(cY) +2Cov(c1 X, oY)

= AVar(X) + AVar(Y) + 2c,¢,Co0(X,Y)
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If we added a constant, c3 this not change the variance, see next formula:

Var(a;X + Y +¢3) = Var(aX)+ Var(eY) +2Cov(c1 X, cY)
= AVar(X) +Var(Y) + 2c16,Cov(X,Y)

Cov(X,Y)
a0y

Note: Cov(X, X) = Var(X) and correlation, p =

3.2.5 Expectation and Variance of an Average of Indepen-

dently Identically Distributed Random Variables

Let Xi, Xs,..., X, be n independently identically distributed (i.i.d.) random vari-
ables with mean of ;1 and a variance of 0. Let the average of the ii.d. random

variables be denoted

1
X ==Y x,.
Then the expectation of
_ 1 & 1 & 1
EX]=E |- d x| = - > EX) = = i (3.2)
=1 =1

and the variance of

Var(X) = Var <l ZXZ> _ 1 ZV&T(Xi) = anQ = %. (3.3)
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Note: Since the random variables are independent the Cov(X;, X;) = 0 for ¢ # j.

3.2.6 Useful Mathematical Formulas and Notation

The following are some general formulas that are needed for calculating expectation

and variance of discrete and continuous random variables. These formulas are nec-

essary for understanding the mathematics contained within the following sections of

this chapter.

(Z) number of ways, or combinations, to choose x different objects from n

different objects.

al=ax(a—1)x(a—2)x---x1, where a is an integer > 0, and 0! = 1.
e =limp_oo(1+ %)” — 2.71828.... Note: e has special properties.

natural log=in

In(1) =0, In(e)=1, In(e*)=2, In(e°)=c, where ¢ is some constant.
Z e = ce®”, where c is some constant.

Mathematical notation used within some of the exercises and typical spread-

sheet programs, such as Microsoft Excel:

1. The notation x*y represents multiply x by y. Example:

— 2*3=6
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2. The notation x~y, represents raise x to the power of y, or x¥. Examples:
— 572=5%*5=25
— 573=5*5*5=125

— 4°3=4*4*4=64

Examples
e 31=3x2x1=6
e 5l =5x4x3x2x1=120
o (3) = aptan = Ganiapan = 633 = 10

The following sections cover various common random variables but not all random
variables. For additional information on random variables the author recommends a

book by ?.

3.3. Select Discrete Random Variables

3.3.1 Binomial Distribution

Binomial Distribution has the following properties:

1. There are a fixed number of trials or observations, n, determined in advance.

2. Each trial can take on one of two possible outcomes, labeled "success” and

“failure”.

3. Each trial’s outcome is determined independently of all the other trials.
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. The probability of a success and that of a failure remains the same from one

trial to the next, and is denoted by 7 and 1 — 7, respectively.

Binomial Distribution:

n
T

P(X =2)=f(z) = ( >7T"”(1 — )"
X is Binomially distributed

x the number of successes, where © =0,1,...,n

n the number of trials

7 the probability of success

1 — 7 the probability of failure

Examples

The number of heads out of 2 coin tosses. The p.d.f. of this example can be

seen in Figure 7?7

Assume that the probability of SET, Securities Exchange of Thailand, will end
the day on the positive side is constant and each day’s outcome, positive or
not, is independent of what occurred on prior days. The number of times the

SET increases in 2 weeks, 10 working days.

The number of women in a group of 20 randomly selected people.
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4

164

0 Heads 1 Head 2Heads

Figure 3.1: The p.d.f. of X=the number of Heads in two tosses of a coin. This follows
a Binomial distribution, with n = 2, and p = .5.

3.3.2 Hypergeometric Distribution

Hypergeometric distribution has the following

properties:

1. When units are selected from a finite population without replacement and the

population consists of successes and failures.

2. The major difference between the Hypergeometric distribution and the Bino-
mial distribution is that the probability of selecting a success is not constant

and is not independent from each draw.

Hypergeometric Distribution

() ()
()

P(X =) = f(a) =
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X has a Hypergeometric distribution.

x is the number of successes in the sample

n is the sample size

A is the number of successes in the population

N is the population size

N — A is the number of failures in the population

n — x is the number of failures in the sample

o2 = V(X) — (N—n) nA(]JGf;A)

N—n
N-1

is called the finite population correction factor.

Examples

93

The number of spades selected when 5 cards are drawn from a standard 52

deck of cards.

There are 20 Sony CD players in stock at the Sony store at the Mall Bangkapi;

5 are defective. A customer buys 6 of the 20 CD players. The number of

defective CD players bought of the 6 CD players.

The computer lab has 20 computers and 15 of the 20 computers have illegal

software on them. The number of computers selected with illegal software from

a sample of size 5.
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3.3.3 Poisson Distribution

A Poisson process has the following properties:

e Within a given continuous interval of time (or area, surface, etc.) it is possible

to observe discrete events.

e [t is possible to partition the interval into subintervals of small enough length
such that
1. the probability of more than one success within a single subinterval is zero

2. the probability of a success in a subinterval is constant for all subintervals

and the probability is proportional to the length of the subinterval

3. the occurrence of a success within a subinterval is independent of what

occurs in any of the other subintervals

Poisson Distribution:

e X is Poisson Distributed

x equals the number of success in the interval

e r=0,1,2,...

e 0 < A
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Examples

The number of car accidents at NIDA in a month

The number of paint imperfections on a Toyota car produced

The number of phone calls in a day

3.4. Select Continuous Random Variables

3.4.1 Exponential Distribution

Exponential Distribution has the following properties:

1. Equals the distance between successive occurrences or arrivals of a Poisson

process with mean A > 0

2. X is the average number of occurrences or arrivals per unit of time (length,

space, etc.)

3. % is the average time between occurrences or arrivals.

Exponential Distribution:

f(z) = e ™

Flz)=P(X <a)=1-—¢™
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e 0<r<o0

Examples

The amount of time until the next customer at The Pizza Customer will arrive.

The amount of time until the DVD player will break. The exponential distri-

bution is very useful for determining length of warranty.

The amount of time until the next person will arrive at a specific ATM

3.4.2 Normal Distribution

Normal Distribution has the following properties:

Symmetrical and a bell shaped appearance.

The population mean and median are equal.

An infinite range, —0o < r < ©©

The approximate probability for certain ranges of X-values:

1. Plu—lo < X < p+lo) =~ 68%

2. P(p—20 <X < pu+20) =~ 95%

3. P(u—30 <X < pu+30) ~99.7%
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Normal Distribution:

e — 0 < <O

e If 4y =0 and 02 = 1, this is called a Standard Normal and denoted Z

— All Normally distributed random variables can be converted into a Stan-

dard Normal

e To determine probabilities related to the Normal distribution the Standard
Normal distribution is used

3.4.2.1 Standard Normal Distribution:

The following formula is used to transform a Normally distributed random variable,

X, into a Standard Normally distributed random variable,
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Note: if z is known we can solve for z:

r=pu+zo

R

Z) = e 2
7] V21

e — <2<

e Has the same properties as the Normal distribution and

— N(0,1) is used to denote the distribution

e The approximate probability for certain ranges of Z-values:

1. P(-1< Z < 1)~ 68%
2. P(—2<Z <2)~ 9%

3. P(-3< Z <3)~99.7"%

e To find probabilities of any z-value refer to the Table ?? or computer software

such as Microsoft Excel may be used
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0.43 0.43
0.40 0.40
.33 0.33
0.30 0.30
0.3 0.23
.20 0.20
.13 0.13
0.10 .10
0.03 0.03
0.00 r f T T T T T T | 0.00
4 3 2 4 0 1 2 3 4 4 4

Figure 3.2: The Normal curve, f(z), and again with the area underneath shaded,
representing P(—oo < Z < 00).

1. P(Z = ¢) = 0, where c is a constant.
2. P(Z< —c)=P(Z>c¢)
3. P(Z>c¢)=1—-P(Z < ¢)

4. P(Z<—-c¢)=1—-P(Z<c)

The Figures 77,77,7?7 77,77 illustrate the important probabilities associated with
the normal distribution and calculating approximate probabilities using the informa-

tion on the Normal distribution given in this subsection.
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0.43
0.40
.33
0.30
0.23
.20
.13
0.10
0.03
0.00

0.43
0.40
0.33
0.30
0.25
0.20
0.13
0.0
0.03
0.00

=

Figure 3.3: The area underneath the normal curve shaded from -1 to 1, and -2 to 2,

illustrating P(—1 < Z < 1) = 68% and P(—2 < Z < 2) ~ 95% respectively.

0.43
.40
0.33
0.30
0.23
0.20
0.13
0.10
0.0
0.00

Figure 3.4: The area underneath the normal curve shaded from —oo to 0, and 0 to
00, illustrating P(—oo < Z < 0) = 50% and P(0 < Z < o0) = 50% respectively.
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0.45 0.45

0.40 0.40

.35 0.3

0.30 0.30

0.3 0.23

0.20 0.20

0.13 0.13

.10 0.10

0.03 0.03

0.00 f T T T | 0.00 f T T T 1
4 3 2 4 0 1 2 3 4 4 3 2 4 0 1 2 3 4

Figure 3.5: The area underneath the normal curve shaded from -1 to 0, and 0 to 1,
illustrating P(—1 < Z < 0) & 34% and P(0 < Z < 1) = 34% respectively. Resulting
from symmetry.

0.43 0.43
0.40 0.40
.33 0.33
0.30 0.30
0.3 0.23
.20 0.20
.13 0.13
0.10 .10
0.03 0.03
0.00 T T | 0.00 o f T
4 3 2 4 0 1 2 3 4 4 3 2 4 0 1 2 3 4

Figure 3.6: The area underneath the normal curve shaded from —oo to -1, and 1 to
00, illustrating P(—oo < Z < —1) &~ 16% and P(1 < Z < o0) ~ 16% respectively.
Resulting from symmetry.
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3.4.2.2 The Distribution of the Average of I.I.D. Normally Distributed

Random Variables

Let X1, Xs,..., X, be n iid. N(u,0%) random variables. The expectation of the
sample mean, X, of n ii.d. Normally distributed random variables is y and the
variance is %2 Recall equations 7?7 and ??. The situation where the random variables

are Normally distributed is a special case in that X is also Normally distributed and

- o
X~ N(:U’v _)
In addition,
X—p
7 =
ag/vyn’
where Z ~ N(0,1).
Examples

e The height of a randomly selected person is often assumed to be Normally

distributed

e The weight of a randomly selected person is often assumed to be Normally

distributed

e The pulse rate of a randomly selected person is often assumed to be Normally

distributed
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3.5. Examples

3.5.1 Expectation and Covariance of Random Variables: Ex-

amples

EXERCISE 3.5.1.

Using the data below calculate the expectation of X, Y, Var(X), Var(Y), Covar(X,Y).

Uy X Yi

1 021 2035 18.15
2 030 16.35 16.65
3 0.18 19.61 18.04
4 031 17.40 22.82

Table 3.2: The data

EXERCISE 3.5.2.

Using the data below calculate the expectation of X, Y, Var(X), Var(Y), Covar(X,Y).

T X Yi

1 0.12 16.50 18.88
2 029 1751 2245
3 0.13 2247 16.38
4 046 17.66 20.71
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Table 3.3: The data
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EXERCISE 3.5.3.

Using the data below calculate the expectation of X, Y, Var(X), Var(Y), Covar(X,Y).

T X Yi

1 024 13.78 19.79
2 0.23 22.66 20.69
3 0.11 22.80 15.54
4 042 18.24 20.69

Table 3.4: The data

EXERCISE 3.5.4.

Using the data below calculate the expectation of X, Y, Var(X), Var(Y), Covar(X,Y).

U X Yi

1 0.10 16.78 18.43
2 0.27 1845 21.82
3 019 1749 18.12
4 044 20.71 16.47

Table 3.5: The data
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EXERCISE 3.5.5.

Using the data below calculate the expectation of X, Y, Var(X), Var(Y), Covar(X,Y).

T X Yi

1 0.15 1724 21.24
2 011 20.66 20.21
3 0.12 20.00 17.80
4 0.62 20.56 20.72

Table 3.6: The data

3.5.2 Binomial Distribution Examples

EXERCISE 3.5.6. Assume the random variable(s) is from a binomial distribution with

n =11 and 7 = 0.9, and X is the number of successes. Answer the following:

(a) What is the probability X < 9:

(b) What is the probability X > 9:

(c) What is the probability X > 9:

(d) What is the probability 9 < X < 11:
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EXERCISE 3.5.7. Assume the random variable(s) is from a binomial distribution with

n =8 and m = 0.7, and X is the number of successes. Answer the following:

(a) What is the probability X < 5:

(b) What is the probability X > 5:

(c) What is the probability X > 5:

(d) What is the probability 5 < X < 6:

EXERCISE 3.5.8. Assume the random variable(s) is from a binomial distribution with

n =3 and 7 = 0.3, and X is the number of successes. Answer the following:

(a) What is the probability X < 1:

(b) What is the probability X > 1:

(c) What is the probability X > 1:

(d) What is the probability 1 < X < 3:
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EXERCISE 3.5.9. Assume the random variable(s) is from a binomial distribution with

n="Tand 7 = 0.7, and X is the number of successes. Answer the following:

(a) What is the probability X < 5:

(b) What is the probability X > 5:

(c) What is the probability X > 5:

(d) What is the probability 5 < X < 6:

EXERCISE 3.5.10. Assume the random variable(s) is from a binomial distribution

with n = 2 and 7 = 0.4, and X is the number of successes. Answer the following:

(a) What is the probability X < I:

(b) What is the probability X > 1:

(c) What is the probability X > 1:

(d) What is the probability 1 < X < 2:
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3.5.3 Hypergeometric Distribution Examples

EXERCISE 3.5.11. Assume the random variable(s) is from a hypergeometric distri-
bution with A = 10 number of success and population size N = 16, and X is the
number of successes you select. You select from the population n = 15 items without

replacement. Answer the following:

(a) What is the probability X < 9:

(b) What is the probability X > 9:

(c) What is the probability X > 9:

(d) What is the probability 9 < X < 10:

EXERCISE 3.5.12. Assume the random variable(s) is from a hypergeometric distri-
bution with A = 7 number of success and population size N = 13, and X is the
number of successes you select. You select from the population n = 6 items without

replacement. Answer the following:

(a) What is the probability X < 2:

(b) What is the probability X > 2:
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(c) What is the probability X > 2:

(d) What is the probability 2 < X < 4:

EXERCISE 3.5.13. Assume the random variable(s) is from a hypergeometric distri-
bution with A = 7 number of success and population size N = 15, and X is the
number of successes you select. You select from the population n = 10 items without

replacement. Answer the following:

(a) What is the probability X < 5:

(b) What is the probability X > 5:

(c) What is the probability X > 5:

(d) What is the probability 5 < X < 6:

EXERCISE 3.5.14. Assume the random variable(s) is from a hypergeometric distri-
bution with A = 9 number of success and population size N = 17, and X is the
number of successes you select. You select from the population n = 1 items without

replacement. Answer the following:
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(a) What is the probability X < 1:

(b) What is the probability X > 1:

(c) What is the probability X > 1:

(d) What is the probability 1 < X < 2:

EXERCISE 3.5.15. Assume the random variable(s) is from a hypergeometric distri-
bution with A = 6 number of success and population size N = 13, and X is the
number of successes you select. You select from the population n = 4 items without

replacement. Answer the following:

(a) What is the probability X < 1:

(b) What is the probability X > 1:

(c) What is the probability X > 1:

(d) What is the probability 1 < X < 3:
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3.5.4 Poisson Distribution Examples

EXERCISE 3.5.16. Assume the random variable(s) is from a poisson distribution with

A =5.9. Answer the following:

(a) What is the probability X < 5:

(b) What is the probability X > b5:

(c) What is the probability X > 5:

(d) What is the probability 5 < X < T:

EXERCISE 3.5.17. Assume the random variable(s) is from a poisson distribution with

A =1.9. Answer the following:

(a) What is the probability X < 1:

(b) What is the probability X > 1:

(c) What is the probability X > 1:

(d) What is the probability 1 < X < 3:
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EXERCISE 3.5.18. Assume the random variable(s) is from a poisson distribution with

A = 6. Answer the following:

(a) What is the probability X < 6:

(b) What is the probability X > 6:

(c) What is the probability X > 6:

(d) What is the probability 6 < X < 9:

EXERCISE 3.5.19. Assume the random variable(s) is from a poisson distribution with

A = 5. Answer the following:

(a) What is the probability X < 6:

(b) What is the probability X > 6:

(c) What is the probability X > 6:

(d) What is the probability 6 < X < &:
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EXERCISE 3.5.20. Assume the random variable(s) is from a poisson distribution with

A = 5.4. Answer the following:

(a) What is the probability X < 3:

(b) What is the probability X > 3:

(c) What is the probability X > 3:

(d) What is the probability 3 < X < 4:

3.5.5 Exponential Distribution Examples

EXERCISE 3.5.21. Assume the random variable(s) is from an exponential distribu-

tion with A = 8.3. Answer the following:

(a) What is the probability X < 0:

(b) What is the probability X > 0:
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(c) What is the probability 0 < X < 0.08:

EXERCISE 3.5.22. Assume the random variable(s) is from an exponential distribu-

tion with A = 0.2. Answer the following:

(a) What is the probability X < 0.97:

(b) What is the probability X > 0.97:

(c) What is the probability 0.97 < X < 11.5:

EXERCISE 3.5.23. Assume the random variable(s) is from an exponential distribu-

tion with A = 3.6. Answer the following:

(a) What is the probability X < 0.12:

(b) What is the probability X > 0.12:

(c) What is the probability 0.12 < X < 0.73:

EXERCISE 3.5.24. Assume the random variable(s) is from an exponential distribu-

tion with A = 7.3. Answer the following:



116CHAPTER 3. PROBABILITY DISTRIBUTIONS AND RANDOM VARIABLES

(a) What is the probability X < 0.03:

(b) What is the probability X > 0.03:

(c) What is the probability 0.03 < X < 0.07:

EXERCISE 3.5.25. Assume the random variable(s) is from an exponential distribu-

tion with A = 9.9. Answer the following:

(a) What is the probability X < 0.13:

(b) What is the probability X > 0.13:

(c) What is the probability 0.13 < X < 0.19:

3.5.6 Normal Distribution Examples

EXERCISE 3.5.26. Assume the random variable(s) is from a normal distribution with

=6 and o = 0.4. Answer the following:
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(a) What is the probability X < 6.29:

(b) What is the probability X > 6.29:

(c) What is the probability 6.29 < X < 6.49:

EXERCISE 3.5.27. Assume the random variable(s) is from a normal distribution with

p=1.8and o = 1.2. Answer the following:

(a) What is the probability X < 0.97:

(b) What is the probability X > 0.97:

(c) What is the probability 0.97 < X < 1.95:

EXERCISE 3.5.28. Assume the random variable(s) is from a normal distribution with

1 =0.7 and 0 = 2.7. Answer the following:

(a) What is the probability X < 3.55:

(b) What is the probability X > 3.55:
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(c) What is the probability 3.55 < X < 6.58:

EXERCISE 3.5.29. Assume the random variable(s) is from a normal distribution with

@ =285 and o = 2.7. Answer the following:

(a) What is the probability X < 7.59:

(b) What is the probability X > 7.59:

(c) What is the probability 7.59 < X < 9.88:

EXERCISE 3.5.30. Assume the random variable(s) is from a normal distribution with

pw="77and o = 0.9. Answer the following:

(a) What is the probability X < 7.11:

(b) What is the probability X > 7.11:

(c) What is the probability 7.11 < X < 7.39:
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3.6. Exercises

3.6.1 Expectation and Covariance of Random Variables: Ex-

amples

EXERCISE 3.6.1.

Using the data below calculate the expectation of X, Y, Var(X), Var(Y), Covar(X,Y).

Uy X Yi

1 029 16.55 19.48
2 016 20.93 16.70
3 020 17.66 11.21
4 035 19.57 21.48

Table 3.7: The data

EXERCISE 3.6.2.

Using the data below calculate the expectation of X, Y, Var(X), Var(Y), Covar(X,Y).

T X Yi

1 011 1859 19.72
2 022 2270 21.86
3 0.28 19.88 17.81
4 039 16.51 23.26
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Table 3.8: The data

EXERCISE 3.6.3.

Using the data below calculate the expectation of X, Y, Var(X), Var(Y), Covar(X,Y).

T X Yi

1 011 19.21 16.26
2 018 1790 22.83
3 025 23.73 17.72
4 046 2240 15.84

Table 3.9: The data

EXERCISE 3.6.4.

Using the data below calculate the expectation of X, Y, Var(X), Var(Y), Covar(X,Y).

T X Yi

1 0.17 23.38 20.50
2 0.21 19.70 18.73
3 011 20.72 16.88
4 051 20.10 16.14

Table 3.10: The data
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EXERCISE 3.6.5.

Using the data below calculate the expectation of X, Y, Var(X), Var(Y), Covar(X,Y).

T X Yi

1 0.15 24.65 19.34
2 0.16 21.32 19.84
3 0.14 20.56 19.08
4 055 23.10 18.13

Table 3.11: The data

EXERCISE 3.6.6.

Using the data below calculate the expectation of X, Y, Var(X), Var(Y), Covar(X,Y).

U X Yi

1 019 19.00 24.40
2 0.22 20.82 13.17
3 028 18.70 17.23
4 031 19.17 19.56

Table 3.12: The data
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EXERCISE 3.6.7.

Using the data below calculate the expectation of X, Y, Var(X), Var(Y), Covar(X,Y).

T X Yi

1 0.25 15.12 19.92
2 0.14 1343 19.25
3 0.18 19.65 20.85
4 043 18.79 20.72

Table 3.13: The data

EXERCISE 3.6.8.

Using the data below calculate the expectation of X, Y, Var(X), Var(Y), Covar(X,Y).

U X Yi

1 026 2549 19.43
2 020 17.22 23.89
3 027 21.69 20.24
4 0.27 20.56 18.55

Table 3.14: The data
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EXERCISE 3.6.9.

Using the data below calculate the expectation of X, Y, Var(X), Var(Y), Covar(X,Y).

T X Yi

1 0.16 19.08 22.59
2 0.12 17.63 19.05
3 0.12 18.78 20.50
4 0.60 17.31 16.35

Table 3.15: The data

EXERCISE 3.6.10.

Using the data below calculate the expectation of X, Y, Var(X), Var(Y), Covar(X,Y).

U X Yi

1 027 9.66 21.11
2 0.27 2447 21.03
3 025 19.29 22.04
4 021 22.83 23.39

Table 3.16: The data

3.6.2 Binomial Distribution Examples
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EXERCISE 3.6.11. Assume the random variable(s) is from a binomial distribution

with n =7 and m = 0.3, and X is the number of successes. Answer the following:

(a) What is the probability X < 1:

(b) What is the probability X > 1:

(c) What is the probability X > 1:

(d) What is the probability 1 < X < 3:

EXERCISE 3.6.12. Assume the random variable(s) is from a binomial distribution

with n = 2 and m = 0.6, and X is the number of successes. Answer the following:

(a) What is the probability X < 1:

(b) What is the probability X > 1:

(c) What is the probability X > 1:

(d) What is the probability 1 < X < 2:
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EXERCISE 3.6.13. Assume the random variable(s) is from a binomial distribution

with n = 2 and 7 = 0.2, and X is the number of successes. Answer the following:

(a) What is the probability X < 0:

(b) What is the probability X > 0:

(c) What is the probability X > 0:

(d) What is the probability 0 < X < 1:

EXERCISE 3.6.14. Assume the random variable(s) is from a binomial distribution

with n = 11 and 7 = 0.4, and X is the number of successes. Answer the following:

(a) What is the probability X < 3:

(b) What is the probability X > 3:

(c) What is the probability X > 3:

(d) What is the probability 3 < X < 6:
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EXERCISE 3.6.15. Assume the random variable(s) is from a binomial distribution

with n = 10 and 7 = 0.2, and X is the number of successes. Answer the following:

(a) What is the probability X < 0:

(b) What is the probability X > 0:

(c) What is the probability X > 0:

(d) What is the probability 0 < X < 2:

EXERCISE 3.6.16. Assume the random variable(s) is from a binomial distribution

with n = 2 and m = 0.8, and X is the number of successes. Answer the following:

(a) What is the probability X < 1:

(b) What is the probability X > 1:

(c) What is the probability X > 1:

(d) What is the probability 1 < X < 2:
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EXERCISE 3.6.17. Assume the random variable(s) is from a binomial distribution

with n = 12 and 7 = 0.6, and X is the number of successes. Answer the following:

(a) What is the probability X < 8:

(b) What is the probability X > 8:

(c) What is the probability X > 8:

(d) What is the probability 8 < X < 9:

EXERCISE 3.6.18. Assume the random variable(s) is from a binomial distribution

with n =7 and m = 0.6, and X is the number of successes. Answer the following:

(a) What is the probability X < 4:

(b) What is the probability X > 4:

(c) What is the probability X > 4:

(d) What is the probability 4 < X < 6:
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EXERCISE 3.6.19. Assume the random variable(s) is from a binomial distribution

with n = 8 and 7 = 0.9, and X is the number of successes. Answer the following:

(a) What is the probability X < 6:

(b) What is the probability X > 6:

(c) What is the probability X > 6:

(d) What is the probability 6 < X < &:

EXERCISE 3.6.20. Assume the random variable(s) is from a binomial distribution

with n =7 and 7 = 0.6, and X is the number of successes. Answer the following:

(a) What is the probability X < 4:

(b) What is the probability X > 4:

(c) What is the probability X > 4:

(d) What is the probability 4 < X < 5:
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3.6.3 Hypergeometric Distribution Examples

EXERCISE 3.6.21. Assume the random variable(s) is from a hypergeometric distri-
bution with A = 7 number of success and population size N = 13, and X is the
number of successes you select. You select from the population n = 4 items without

replacement. Answer the following:

(a) What is the probability X < 2:

(b) What is the probability X > 2:

(c) What is the probability X > 2:

(d) What is the probability 2 < X < 3:

EXERCISE 3.6.22. Assume the random variable(s) is from a hypergeometric distri-
bution with A = 6 number of success and population size N = 12, and X is the
number of successes you select. You select from the population n = 12 items without

replacement. Answer the following:

(a) What is the probability X < 6:

(b) What is the probability X > 6:
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(c) What is the probability X > 6:

(d) What is the probability 6 < X < T7:

EXERCISE 3.6.23. Assume the random variable(s) is from a hypergeometric distri-
bution with A = 10 number of success and population size N = 16, and X is the
number of successes you select. You select from the population n = 4 items without

replacement. Answer the following:

(a) What is the probability X < 1:

(b) What is the probability X > 1:

(c) What is the probability X > 1:

(d) What is the probability 1 < X < 3:

EXERCISE 3.6.24. Assume the random variable(s) is from a hypergeometric distri-
bution with A = 8 number of success and population size N = 13, and X is the
number of successes you select. You select from the population n = 2 items without

replacement. Answer the following:
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(a) What is the probability X < 0:

(b) What is the probability X > 0:

(c) What is the probability X > 0:

(d) What is the probability 0 < X < 1:

EXERCISE 3.6.25. Assume the random variable(s) is from a hypergeometric distri-
bution with A = 6 number of success and population size N = 16, and X is the
number of successes you select. You select from the population n = 2 items without

replacement. Answer the following:

(a) What is the probability X < 0:

(b) What is the probability X > 0:

(c) What is the probability X > 0:

(d) What is the probability 0 < X < 1:
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EXERCISE 3.6.26. Assume the random variable(s) is from a hypergeometric distri-
bution with A = 5 number of success and population size N = 12, and X is the
number of successes you select. You select from the population n = 6 items without

replacement. Answer the following:

(a) What is the probability X < 3:

(b) What is the probability X > 3:

(c) What is the probability X > 3:

(d) What is the probability 3 < X < 4:

EXERCISE 3.6.27. Assume the random variable(s) is from a hypergeometric distri-
bution with A = 7 number of success and population size N = 17, and X is the
number of successes you select. You select from the population n = 17 items without

replacement. Answer the following:

(a) What is the probability X < 7:

(b) What is the probability X > 7:

(c) What is the probability X > T7:
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(d) What is the probability 7 < X < &:

EXERCISE 3.6.28. Assume the random variable(s) is from a hypergeometric distri-
bution with A = 9 number of success and population size N = 17, and X is the
number of successes you select. You select from the population n = 14 items without

replacement. Answer the following:

(a) What is the probability X < 7:

(b) What is the probability X > 7:

(c) What is the probability X > 7:

(d) What is the probability 7 < X < &:

EXERCISE 3.6.29. Assume the random variable(s) is from a hypergeometric distri-
bution with A = 6 number of success and population size N = 14, and X is the
number of successes you select. You select from the population n = 11 items without

replacement. Answer the following:

(a) What is the probability X < 3:
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(b) What is the probability X > 3:

(c) What is the probability X > 3:

(d) What is the probability 3 < X < 6:

EXERCISE 3.6.30. Assume the random variable(s) is from a hypergeometric distri-
bution with A = 10 number of success and population size N = 18, and X is the
number of successes you select. You select from the population n = 1 items without

replacement. Answer the following:

(a) What is the probability X < 0:

(b) What is the probability X > 0:

(c) What is the probability X > 0:

(d) What is the probability 0 < X < 1:

3.6.4 Poisson Distribution Examples
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EXERCISE 3.6.31. Assume the random variable(s) is from a poisson distribution with

A =9.2. Answer the following:

(a) What is the probability X < 7:

(b) What is the probability X > 7:

(c) What is the probability X > 7:

(d) What is the probability 7 < X < 14:

EXERCISE 3.6.32. Assume the random variable(s) is from a poisson distribution with

A =9.6. Answer the following:

(a) What is the probability X < 3:

(b) What is the probability X > 3:

(c) What is the probability X > 3:

(d) What is the probability 3 < X < 12:
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EXERCISE 3.6.33. Assume the random variable(s) is from a poisson distribution with

A = 9.8. Answer the following:

(a) What is the probability X < 9:

(b) What is the probability X > 9:

(c) What is the probability X > 9:

(d) What is the probability 9 < X < 10:

EXERCISE 3.6.34. Assume the random variable(s) is from a poisson distribution with

A = 1.5. Answer the following:

(a) What is the probability X < 1:

(b) What is the probability X > 1:

(c) What is the probability X > 1:

(d) What is the probability 1 < X < 2:
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EXERCISE 3.6.35. Assume the random variable(s) is from a poisson distribution with

A = 5.1. Answer the following:

(a) What is the probability X < 2:

(b) What is the probability X > 2:

(c) What is the probability X > 2:

(d) What is the probability 2 < X < 3:

EXERCISE 3.6.36. Assume the random variable(s) is from a poisson distribution with

A = 6.1. Answer the following:

(a) What is the probability X < 6:

(b) What is the probability X > 6:

(c) What is the probability X > 6:

(d) What is the probability 6 < X < O:
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EXERCISE 3.6.37. Assume the random variable(s) is from a poisson distribution with

A = 5.8. Answer the following:

(a) What is the probability X < 3:

(b) What is the probability X > 3:

(c) What is the probability X > 3:

(d) What is the probability 3 < X < 5:

EXERCISE 3.6.38. Assume the random variable(s) is from a poisson distribution with

A = 2.1. Answer the following:

(a) What is the probability X < 2:

(b) What is the probability X > 2:

(c) What is the probability X > 2:

(d) What is the probability 2 < X < 3:
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EXERCISE 3.6.39. Assume the random variable(s) is from a poisson distribution with

A =2.9. Answer the following:

(a) What is the probability X < 2:

(b) What is the probability X > 2:

(c) What is the probability X > 2:

(d) What is the probability 2 < X < 4:

EXERCISE 3.6.40. Assume the random variable(s) is from a poisson distribution with

A = 8.9. Answer the following:

(a) What is the probability X < 5:

(b) What is the probability X > 5:

(c) What is the probability X > 5:

(d) What is the probability 5 < X < 9:
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3.6.5 Exponential Distribution Examples

EXERCISE 3.6.41. Assume the random variable(s) is from an exponential distribu-

tion with A = 3.3. Answer the following:

(a) What is the probability X < 0.03:

(b) What is the probability X > 0.03:

(c) What is the probability 0.03 < X < 0.07:

EXERCISE 3.6.42. Assume the random variable(s) is from an exponential distribu-

tion with A = 1.3. Answer the following:

(a) What is the probability X < 0.38:

(b) What is the probability X > 0.38:

(c) What is the probability 0.38 < X < 0.78:

EXERCISE 3.6.43. Assume the random variable(s) is from an exponential distribu-

tion with A = 7.7. Answer the following:
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(a) What is the probability X < 0.12:

(b) What is the probability X > 0.12:

(c) What is the probability 0.12 < X < 0.44:

EXERCISE 3.6.44. Assume the random variable(s) is from an exponential distribu-

tion with A = 7.2. Answer the following:

(a) What is the probability X < 0.01:

(b) What is the probability X > 0.01:

(c) What is the probability 0.01 < X < 0.06:

EXERCISE 3.6.45. Assume the random variable(s) is from an exponential distribu-

tion with A = 4.5. Answer the following:

(a) What is the probability X < 0.03:

(b) What is the probability X > 0.03:
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(c) What is the probability 0.03 < X < 0.23:

EXERCISE 3.6.46. Assume the random variable(s) is from an exponential distribu-

tion with A = 5.8. Answer the following:

(a) What is the probability X < 0.07:

(b) What is the probability X > 0.07:

(c) What is the probability 0.07 < X < 0.09:

EXERCISE 3.6.47. Assume the random variable(s) is from an exponential distribu-

tion with A = 1.6. Answer the following:

(a) What is the probability X < 0.03:

(b) What is the probability X > 0.03:

(c) What is the probability 0.03 < X < 0.46:

EXERCISE 3.6.48. Assume the random variable(s) is from an exponential distribu-
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tion with A = 6. Answer the following:

(a) What is the probability X < 0.02:

(b) What is the probability X > 0.02:

(c) What is the probability 0.02 < X < 0.05:

EXERCISE 3.6.49. Assume the random variable(s) is from an exponential distribu-

tion with A = 5.6. Answer the following:

(a) What is the probability X < 0.12:

(b) What is the probability X > 0.12:

(c) What is the probability 0.12 < X < 0.23:

EXERCISE 3.6.50. Assume the random variable(s) is from an exponential distribu-

tion with A = 6. Answer the following:

(a) What is the probability X < 0.03:
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(b) What is the probability X > 0.03:

(c) What is the probability 0.03 < X < 0.08:

3.6.6 Normal Distribution Examples

EXERCISE 3.6.51. Assume the random variable(s) is from a normal distribution with

@ =>5.5and o = 0.5. Answer the following:

(a) What is the probability X < 5.82:

(b) What is the probability X > 5.82:

(c) What is the probability 5.82 < X < 5.97:

EXERCISE 3.6.52. Assume the random variable(s) is from a normal distribution with

1= 0.8 and o = 0.8. Answer the following:

(a) What is the probability X < 0.03:

(b) What is the probability X > 0.03:
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(c) What is the probability 0.03 < X < 0.32:

EXERCISE 3.6.53. Assume the random variable(s) is from a normal distribution with

=44 and o = 0.5. Answer the following:

(a) What is the probability X < 5:

(b) What is the probability X > 5:

(c) What is the probability 5 < X < 5.42:

EXERCISE 3.6.54. Assume the random variable(s) is from a normal distribution with

1 =0.1 and o = 0.5. Answer the following:

(a) What is the probability X < 0.1:

(b) What is the probability X > 0.1:

(c) What is the probability 0.1 < X < 0.24:

EXERCISE 3.6.55. Assume the random variable(s) is from a normal distribution with

p=>5.9and o =1.2. Answer the following:
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(a) What is the probability X < 6.15:

(b) What is the probability X > 6.15:

(c) What is the probability 6.15 < X < 7.19:

EXERCISE 3.6.56. Assume the random variable(s) is from a normal distribution with

i =4.7 and o = 0.5. Answer the following:

(a) What is the probability X < 4.81:

(b) What is the probability X > 4.81:

(c) What is the probability 4.81 < X < 5.43:

EXERCISE 3.6.57. Assume the random variable(s) is from a normal distribution with

1 =0.9 and o = 0.3. Answer the following:

(a) What is the probability X < 0.83:

(b) What is the probability X > 0.83:
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(c) What is the probability 0.83 < X < 0.88:

EXERCISE 3.6.58. Assume the random variable(s) is from a normal distribution with

i =48 and o = 1.9. Answer the following:

(a) What is the probability X < 1.61:

(b) What is the probability X > 1.61:

(c) What is the probability 1.61 < X < 3.66:

EXERCISE 3.6.59. Assume the random variable(s) is from a normal distribution with

p=2.1and o =0.6. Answer the following:

(a) What is the probability X < 1.51:

(b) What is the probability X > 1.51:

(c) What is the probability 1.51 < X < 2.87:

EXERCISE 3.6.60. Assume the random variable(s) is from a normal distribution with
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w=2.2and o = 0.3. Answer the following:

(a) What is the probability X < 2.16:

(b) What is the probability X > 2.16:

(c) What is the probability 2.16 < X < 2.31:
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3.6.7 Concepts

The following questions pertain to the Normal distribution, but the concepts go be-
yond merely understanding the Normal distribution. Use approximately probability
(68, 95, 99.7) and what you have learned on basic probability to solve the following
problems. Do not use tables or computers. This example is about pencils, but pens,

computer parts, automobile parts, etc., could just as easily have been used

Problem 3.6.61.

The scenario: You are planning on buying a machine to produce pencils. You plan
to sell pencils of approximately 12 inches in length. You realize that a machine
does not exist that can produce 12 inch pencils exactly and all the time. If the
pencils produced are between 11.999 and 12.001 inches, that is close enough to 12
inches for you to sell them. You are considering the purchase of two machines. Both
machines produce pencils with a normal distribution and g = 12, but machine one

has o7 = .0005 and machine 2 has a o9 = .001.

(a) What is the probability a pencil produced:
1. from machine 1 is greater than 12.001 inches?
2. from machine 1 is less than 12.001 inches?
3. from machine 1 is less than 11.999 inches?
4. from machine 1 is greater than 11.999 inches?
5. from machine 1 is between 11.999 and 12.000 inches?

6. from machine 1 is between 12.000 and 12.001 inches?
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7. from machine 1 is between 11.999 and 12.001 inches?
8. from machine 2 is greater than 12.001 inches?
9. from machine 2 is less than 12.001 inches?
10. from machine 2 is less than 11.999 inches?
11. from machine 2 is greater than 11.999 inches?
12. from machine 2 is between 11.999 and 12.000 inches?
13. from machine 2 is between 12.000 and 12.001 inches?
14. from machine 2 is between 11.999 and 12.001 inches?

(b) Answer the following questions in terms of what the different machines mean to

you in terms of your business.

1. What percent of pencils do you expect to be able to sell produced from

machine 1.

2. What percent of pencils do you expect to be able to sell produced from

machine 2.

3. If it costs 5 baht to produce a pencil and you can sell a pencil for 10 baht
then
(a) what is your expected profit from machine 1 per pencil.
(b) what is your expected profit from machine 2 per pencil.
(c) what is your expected profit from machine 1 on 1000 pencils.

(d) what is your expected profit from machine 2 on 1000 pencils.
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For an almost infinite number of problems on many of the probability questions in
this chapter the reader should see 7. It is an interactive PDF file utilizing JavaScript

to create an almost infinite number of problem-solution sets.
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Introduction to Sampling and

Sampling Distribution

4.1. Sampling: The Basics

This Chapter can be difficult to follow, but within this Chapter are some key con-
cepts. Don’t get lost in the details or formulas. Focus on the big picture. There are
many books on sampling and this Chapter will not make you an expert within the
field of survey sampling and data collection, but it will get you started. For more on

sampling the author recommends ? and ?.

153
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Focus on the following key concepts that will be covered:

—_

. Garbage In Garbage Out (G.I.G.O.)

[\

. Sampling Error

w

. Non-Sampling Error

e Selection Bias

e Measurement Error

4. Unbiased

5. Central Limit Theorem

Often a subset of data is collected from a larger group in order to learn about the
larger group. This is the basis of sampling. We wish to take a subset of data, sample,
and use this sample to learn about what is called a target population. To learn about
the target population, certain population quantities of interest are estimated from

the sample.

Terminology and Notation

1. Target population

e Collection of objects that we want to study and learn about.
e Example might be all residents in Bangkok.

e Population size is denoted by upper case N.
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e The set of unit labels representing the population units is denoted

u=(1,2,...,N)

e The vector of the associated y—values of the population variable of interest

is denoted

Y= (1,92, yn)’

e Often within the sampling context the y-values are considered fixed but
unknown constants, not random variables. The "random” part is intro-

duced within the sampling.

e In some context the y-values, y = (y1,9s,...,yn)" are considered one
realization/observation from Y = (Y1, Y3, ..., Yy) random variables.
2. Sample

e A set of units from a larger or equal size collection of units.

Example: 100 residents in Bangkok selected by any manner from all resi-

dents in Bangkok.

Example: 100 residents in Bangkok selected by any manner from 1000

residents in Bangkok.

Sample size is denoted by lower case n.

The set of units selected, units in the sample is denoted

S = (’Ll,,ln)
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e The vector of observed y—values associated with the sample, s, is denoted

Ys = Wirs - Yin)

e For simplicity often unit labels are reordered from 1 to n and the vector

of observed y—values associated with the sample, s, is denoted

yYs = (y17 o 7yn)/-

This notation is often used without explanation.

e The data in survey sampling is comprised of both s and y,, denoted as d,

where d = (s,ys)
3. Sampling frame

e A sampling frame is the set of unit labels from which the units to be
sampled can come from. Often the sample frame does not include all

units in the target population due to various possible reasons.
4. Sampling design

e The way in which a sample is taken. In other words, the sampling method-

ology used to collect the data.
5. Sampling Error

e The difference between the estimate from a sample versus the value one

would obtain from looking at all units within the sampling frame.
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6. Non-Sampling Error

e Selection Bias exists if units within the target population have zero prob-
ability of being observed. For example, a mobile phone survey to estimate
the average income of people in Bangkok. This type of survey would omit

all people without mobile phones.

e Measurement Bias exists when the instrument measuring the item of in-
terest is consistently different from the truth in a certain direction. In
other words measurement bias is a result of the instrument measuring the
item of interest yielding measurement with error, i.e. measurement error.
A simple but illustrative example is a scale that consistently reports the

weight of individuals 1 kilogram higher than the truth.

Typical Population Quantities of Interest

Population Mean :

N
M—N;yi

Population Total :

N
TZZ%‘:N'N
=1

Finite Population Variance :

1

N
o 2
g2 Wi )

i=1

o’ =
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Population Standard Deviation :

Population Proportion :

where

1, if units ¢ satisfies the specified condition of interest.
Z; =

0, Otherwise.

There are a various ways to take a sample and collect data. Some ways are better
than others. Often a sample is taken by those with little knowledge on sampling
leading to various data analysis issues. Garbage in garbage out (G.I.G.O.) is very
important to think about before sampling. If a sample is taken properly, often
simple statistics can yield great insight. On the other hand, if the sample
is not taken properly, simple statistics and advanced statistical techniques
may not yield insight, and can actually yield misleading information. Un-
fortunately it is easy to understand the cost of sampling but not the importance of
sampling. Sampling can be very costly and as a result sampling is often driven by

financial concerns, as mentioned the cost of sampling is the easiest to understand.

Many samples are collected by convenience sampling. A convenience sample is

collected by convenience. Convenience samples are not very costly, but the informa-
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tion obtained can be very unreliable and can lead to very biased results. An extreme
example of a convenience sample is collecting data on ones friends to learn about
the target population, say people living in Bangkok. A more realistic example of a
convenience sample, is collecting data from people at various malls in Bangkok on
weekends to learn about people in Bangkok. Many statistical techniques you have
learned and will learn do not apply to a convenience sample. It is easy to un-
derstand the number of observations one can obtain through convenience sampling
versus more complicated sampling techniques. As with many things, in sampling
quality is more important than quantity, again think G.I.G.O. Better to collect fewer
observations through proper sampling techniques than convenience sampling. One
technique used to aid in increasing the number of units of interest which can yield

more reliable estimates of the population quantities of interest is adaptive sampling

(e.g. 7).

Most statistical techniques do apply to samples taken by simple random
sampling with replacement (SRSWR) and simple random sampling with-
out replacement (SRSWOR) from a sufficiently large population. In SR-
SWR it is possible to observe the same unit (e.g. person) more than once in the
sample. In SRSWOR, once a unit is selected to be in the sample it is removed from
the list of units for subsequent selections. Thus in SRSWOR, it is not possible to
sample the same unit more than once. SRSWR and SRSWOR are two sampling
designs that involve probability sampling. A probability sample is a sample in which
the units in the target population have a specified probability of being selected.

In addition the probability of the sample, s, being observed is independent of the



160CHAPTER 4. INTRODUCTION TO SAMPLING AND SAMPLING DISTRIBUTION

y—values in the population, y, that is, P(s|y) = P(s). For a SRSWR and SRSWOR
the units are sampled with equal probability, they are types of equal probability
sampling. Unequal probability sampling is when the units are selected with different

probabilities. There are various probability sampling designs:

Simple random sampling with replacement

Simple random sampling without replacement

Stratified sampling

Cluster sampling

Systematic sampling
e ctc.

This chapter will not go into depth of the various sampling designs mentioned above,
but will focus more on the fundamental concepts within sampling. The major benefit
of taking a probability sample is that it is most reliable for extrapolating results to
the target population of interest. In addition, of lessor benefit, often there exists an
unbiased estimator, é, for the population quantity of interest, #. Most commonly,
the population quantity of interest, 6, is the population mean, p or the population
total, 7. An unbiased estimator is an estimator that has an expected value equal to

the parameter of interest. A sampling design unbiased estimator is such that

Ef)=> P(s)f =9, (4.1)
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where § denotes the collection of all possible samples. Note: In this Chapter and
when referring to sampling, expectation will be considered taken over all possible
samples. The equation ?? can be viewed in a similar manner to equation ??, F[X] =
S piti = g, where 6 is analogous to x; and P(s), the probability of observing a
specific sample which yields é, is analogous to p;, the probability of observing x;.
Equation 7?7 is the expectation of a random variable, X, and equation ?7? is the
expectation of an estimator, 0.

For a biased estimator, the expectation of § does not equal 6, i.e. E[f] # 6. The

bias of 6 is defined as the difference between the expectation of 0 and the population

quantity of interest @,

Bias(0) = E(0) — 6.

One factor in determining which sampling design and which estimator to use to
estimate 6, is the mean square error, MSE, of the sampling design and the estimator,

(??7). The MSE of 6 equals the expected squared error,

|
5
=
—
D>

) + [Bias(é)
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The MSE for an unbiased estimator equals the variance since the bias of the estimator

equals zero.

4.2. lllustrative Examples

Imagine sampling 2 units, n = 2, from a population of size N = 7. Population size
is denoted by capital N and sample size lower case n. Table 7?7 contains the unit
labels, numbered 1 to 7, and their associated values. The population mean of this
sample is p, = 57.00. Table 7?7 represents all possible samples of size n = 2 from a
simple random sample with replacement. In a SRSWR, each unit has a probabil-
ity of 1 — (%)” =1- (g)2 = g of being in the sample. Each possible sample in
Table 77 is equally likely with probability %, because there are 49 possible samples.
Table ?7 illustrates SRSWR with the sampling frame being all units in the target
population, or simply the population. Often when sampling some units in the target
population are not in the sample frame and thus have a zero probability of being
included in the sample. Imagine if a six sided die was used to select the units to be
sampled. Thus the units labeled 1 to 6 would have a probability of % of being in the

sample and unit number 7 has a zero probability. Table 77 illustrates the latter situ-

ation, with the sampling frame being being units labeled 1 to 6 within the population.

Table 77 represents all possible samples of size n = 2 from a simple random sam-

ple without replacement. In a SRSWOR, each unit has a probability of £ = % of

being in the sample, same probability as SRSWR. Each possible sample in Table 7?7

is equally likely with probability 4—12, because there are 42 possible samples. For each



4.2. ILLUSTRATIVE EXAMPLES 163

sample of size 2, there are two ways it could be obtained, considering order. Ignoring
the order a unit is selected there are (;) = 21 possible different samples. Table 7?7 il-
lustrates SRSWOR with the sampling frame being all units in the target population,
or simply the population. Often when sampling, some units in the target population
are not in the sample frame and thus have a zero probability of being included in the
sample. Again imagine if a six sided die was used to select the units to be sampled.
On the second roll of the dice if the number obtained equaled that of the first roll, the
die would have to be rolled again, to obtain two distinct units for the sample (SR~
SWOR). Thus the units labeled 1 to 6 would have a probability of % of being in the
sample and unit number 7 has a zero probability. Table ?? illustrates the latter situ-

ation, with the sampling frame being being units labeled 1 to 6 within the population.

Tables 77, 7?7, and 77 illustrate unequal probability sampling with and without
replacement. Many samples are taken using unequal probability sampling. Again
the majority of basic data analysis techniques assumes equal probability sampling
was employed. In general, unequal probability sampling with replacement is much
easier than without replacement to calculate estimates of the population quantity of
interest. The author wishes to warn the reader to consider carefully before deciding
on an unequal probability sample without replacement. Keep in mind that software
is getting better and better at analyzing complicated sampling designs, in future the
latter statement may not be valid. The main reason for the additional complication
with unequal probability sampling without replacement is determining the probabil-

ity of a specific unit will be in the sample. A general formula for calculating the
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probability unit ¢ is in the sample is:
P(ies)= Y _ P(s)
i€5,5€S

This formula could be used for SRSRWR or SRSWOR. For example, a SRSWR of
size n = 2 from 6 out of the 7 units, Table 7?7, the probability of selecting unit 5

equals

Pli=5€s)= Y P(s)

5€s,5€S
= P(1,5) +P(2,5) +P(3,5) +P(4,5) +P(5,5) +P(6,5) +P(7,5)
- L L N
18 18 18 18 36 18
o
~ 36

An example with unequal probability sampling without replacement, Table 77, the

probability of selecting unit 5 equals

Pli=5€s)= Y P(s)

5€s,s€S

= P(1,5) +P(2,5) +P(3,5) +P(4,5) +P(6,5) +P(7,5)
=0.021 +0.057  40.010  +0.064  +0.010  +0.092

= 0.254
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Table 4.1: Imaginary Population of Size N =7
unit label | 1 2 3 4 5 6 7
y—value | 56 60 45 65 H5 46 T2

Table 4.2: All Possible Samples of Size n = 2 with SRSWR

(L) (12) (13) (14) (15 (1,6) (1,7)
(21) (22) (23) (24 (25) (26) 27)
(31) (32) (33) (34) (35) (36) (3.7)
(41) (42) (43) (44) (45) (46) (47
(51) (52 (53) (54) (55 (5.6) (5.7)
(6,1) (62) (63) (64) (65 (6.6) (6,7)
(7,1) (7,2) (7,3) (74) (7,5) (7.6) (7,7)

4.3. Sampling Distribution

The sampling distribution of an estimator, é, follows a discrete distribution within
the finite population setting. Thus the expected value of 6 defined by equation 77?7

can also be written as

E@)=> k-P6=k) (4.2)

where

As an example using Table 7?7 where ¥ is é, the expectation of § can also be deter-

mined using equation ?? as in Table ?7?.
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Table 4.3: SRSWR and Sampling Frame All Units

Sample P(s) gy  P(s)y ||| Sample  P(s) gy P(s)y
(1,1) 1/49 560 1.14 || (34)  2/49 550 2.24
(12) 2/49 580 237 || (35)  2/49 500 2.04
(1,3) 2/49 50.5 2.06 (3,6) 2/49 455 1.86
(14)  2/49 605 247 || (3,7)  2/49 585 2.39
(1,5)  2/49 555 227 || (44)  1/49 650 1.33
(1,6) 2/49 51.0 208 || (45)  2/49 60.0 245
(1,7)  2/49 64.0 2.61 || (46)  2/49 555 227
(2,2)  1/49 60.0 1.22 || (47)  2/49 685 2.80
(2,3)  2/49 525 214 || (55)  1/49 550 112
(24)  2/49 625 255 || (5.6)  2/49 505  2.06
(2,5) 2/49 575 235 (5,7) 2/49 635 2.59
(2,6) 2/49 530 216 || (6,6)  1/49 460 0.94
(27)  2/49 660 269 || (6,7)  2/49 59.0 241
(3.3) 1/49 450 092 || (7,7)  1/49 720 147

E[j] =57.00

Bias(y) = 0.00

Table 4.4: SRSWR and Sampling Frame Units 1-6

Sample P(s) y  P(s)y || Sample  P(s) y  P(s)y
(1,1) 1/36 560 1.56 || (34)  1/I8 550 3.06
(1,2)  1/18 580 3.22 || (35)  1/18 500 2.78
(1,3) 1/18 50.5 281 || (3.6)  1/18 455 2.53
(14) 1/18 60.5 3.36 || (3,7) 0 585 0.00
(1,5) 1/18 555 3.08 || (44)  1/36 650 181
(1,6) 1/18 51.0 283 || (45  1/18 600 3.33
(1,7) 0 64.0 0.00 (4,6) 1/18 555 3.08
(2.2)  1/36 60.0 1.67 || (47) 0 685 0.00
(2,3)  1/18 525 292 || (55)  1/36 550 153
(24) 1/18 625 347 || (56)  1/18 505 2.81
(25) 1/18 575 319 || (5.7) 0 635 0.00
(2,6) 1/18 53.0 294 (6,6) 1/36  46.0 1.28
(2,7) 0 66.0 0.00 (6,7) 0 99.0 0.00
(3,3) 1/36 450 1.25 || (7,7) 0 720 0.00

E[j] =5450

Bias(y) = —2.50
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Table 4.5: All Possible Samples of Size n = 2 with SRSWOR

1
3,1
4,1
5,1
6,1
7.1

b

(1,2)
(2,1)
(3,1)
(4,1)
(5,1)
(6,1)
(7,1)

9

(1, 3)

(2,3

(3,2
(4,2
(5,2
(6,2
(7,2

(1,4)

(2,4)
(3,4)
(4,3)
(5,3)
(6,3)
(7,3)

(1,5)

(2,5)
(3,5)
(4,5)
(5,4)
(6,4)
(7.4)

(1,6
(
(
(
(
(
(

(1,7)

Table 4.6: SRSWOR and Sampling Frame All Units

Sample  P(s) gy P(s)y
(12)  1/21 580 2.76
(1,3)  1/21 505 2.40
(1,4) /21 60.5 2.88
(1,5)  1/21 555 2.64
(1,6)  1/21 510 2.43
(1,7)  1/21 640 3.5
(2,3)  1/21 525 250
(24)  1/21 625 2.98
(25)  1/21 575 274
(2,6)  1/21  53.0 2.52
(2,7) 121 66.0 3.14
(34)  1/21 550 2.62
(35) 1/21 500 2.38
(36)  1/21 455 217
(3,7) 1/21 585 2.79
(4,5)  1/21  60.0 2.86
(4,6)  1/21 555 2.64
47)  1/21 685 3.26
(56)  1/21 505  2.40
(57)  1/21 635  3.02
6,7)  1/21 59.0 2.81
E[j]  =57.00

Bias(y) = 0.00
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Table 4.7: SRSWOR and Sampling Frame Units 1 to 6

Sample  P(s) gy  P(s)y
(1.2)  1/I5 580 3.87
(1,3)  1/15 505 3.37
(14)  1/15 605 4.03
(15)  1/15 555  3.70
(1,6) 1/15  51.0 3.40
(1,7) 0 640 0.00
(2,3)  1/15 525 3.50
24)  1/15 625 417
(25)  1/15 575 3.83
(26)  1/15 53.0 3.53
(2,7) 0 66.0  0.00
(34)  1/15 550 3.67
(35)  1/15 500 3.33
(3.6)  1/15 455 3.03
(3.7) 0 585 0.00
(4,5) 1/15  60.0 4.00
(4.6)  1/15 555 3.70
(4,7) 0 68.5 0.00
(5.6)  1/15 505 3.37
(5,7) 0 635 0.00
(6,7) 0 59.0  0.00
E[j] =540

Bias(y) = —2.50

Table 4.8: Imaginary population of size N = 7 from Table 77, for unequal probability

sampling with probability of selection of unit ¢ equaling p;.

unit label | 1 2 3 4 5 6 7

y—value | 56 60 45 65 55 46 72
Di 0.08 0.20 0.04 0.22 0.12 0.04 0.30




4.4. CENTRAL LIMIT THEOREM 169

Table 4.9: Unequal Probability Sampling WR, and g

Sample P(s) gy  P(s)y || Sample  P(s) gy P(s)y
(1,1)  0.006 56.0 0.36 (3,4) 0.018 55.0 0.97
(1,2) 0.032 58.0 1.86 (3,5) 0.010  50.0 048
(1,3) 0.006 50.5 0.32 (3,6) 0.003 455 0.15
(1,4) 0.035 60.5 2.13 (3,7) 0.024 585 1.40
(1,5)  0.019 555 1.07 (4,4) 0.048 65.0 3.15
(1,6) 0.006 51.0 0.33 (4,5) 0.053  60.0 3.17
(1,7)  0.048 64.0 3.07 (4,6) 0.018 555 0.98
(2,2) 0.040 60.0 2.40 (4,7) 0.132 685 9.04
(2,3) 0.016 525 0.84 (5,5) 0.014 55.0 0.79
(2,4) 0.088 62.5 5.50 (5,6) 0.010  50.5 0.48
(2,5) 0.048 575 2.76 (5,7) 0.072  63.5 4.57
(2,6) 0.016 53.0 0.85 (6,6) 0.002 46.0 0.07
(2,7) 0120 66.0 7.92 || (6,7)  0.024 590 1.42
(3,3) 0.002 45.0 0.07 (7,7) 0.090 720 6.48

E[j] = 62.62
Bias(y) = 5.62

4.4. Central Limit Theorem

The central limit theorem (CLT) is one of the most powerful theorems within statis-

tics. The central limit theorem: Let X;, X5, ..., X, be a random sample from i.i.d.

random variables from any distribution with finite mean, p, and finite variance, o2.

Then the limiting distribution of

Lo {%} ~ N(0,1), (4.3)

where X, is the average of the n sampled observations. That is for a sufficiently large

sample size, n, the sample mean z from i.i.d. random variables with a finite mean

and finite variance has an approximately Normal distribution N(u,0?/n) and 57\;5
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Table 4.10: Unequal Probability Sampling WOR and ¥
Sample  P(s) gy  P(s)y
(1,2) 0.037  58.0 2.17
) 0.007  50.5 0.34
) 0042 605 2.52
) 0021 555 1.18
) 0.007  51.0 0.35
) 0.060 64.0 3.86
) 0.018 52.5 0.96
) 0111 625 6.96
) 0.057 575 3.29
) 0.018 53.0 0.97
) 0.161  66.0 10.61
) 0020 550 1.12
) 0.010  50.0 0.52
)
)
)
)
)
)
)
)
)
y

—_
w

0.003 455 0.15
0.030 585 1.73
0.064 60.0 3.83
0.020 555 1.13
0.179 685 1225
0.010 50.5 0.53
0.092 635 5.86
0.030 59.0 1.75

= 62.12

) =5.12

e e N s R e N N N Rt e e e i R N N i W N

e

O L Ot = W WWWNNNDNDND ==
LT IO IO Ut O ULk =IO Ui W O Ut i~
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Table 4.11: Sampling Distribution of 4 with an Unequal Probability Sampling WOR
Design.

y PG PH) -7
45.5 0.003 0.15
50.0 0.010 0.52
50.5 0.017 0.87
51.0 0.007 0.35
52.5 0.018 0.96
53.0 0.018 0.97
55.0 0.020 1.12
595.5 0.041 2.31
57.5 0.057 3.29
58.0 0.037 2.17
58.5 0.030 1.73
59.0 0.030 1.75
60.0 0.064 3.83
60.5 0.042 2.52
62.5 0.111 6.96
63.5 0.092 5.86
64.0 0.060 3.86
66.0 0.161 10.61
68.5 0.179 12.25
S P(y) y =6212 =E[]
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is approximately N (0, 1). In real life o is almost almost always unknown, but we can
calculate a sample variance, s2. If Z is from a random sample, X;, Xo, ..., X,,, from

a normal distribution with mean p, and finite variance, o2 then

T—p _T—p_ Vn(@—p)
s.e. () s/v/n s

tn—l

has a t-distribution with d.f. = n—1, where d. f. stands for degrees of freedom. For a

sufficiently large sample size, n, from any distribution with finite mean and variance

j'_
s ~lp—1.
n

NG

Typically a minimum of n > 30 is desired before assuming a t— distribution when
the data are known to come from a non-normal distribution. The t-distribution

converges to the normal distribution as n — oo, i.e.

lzm,Hoo [tnfl] ~ N(O, 1)
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25

40.01-45 45.01-50 50.01-55 55.01-60 60.01-65 £5.0170 700175

Figure 4.1: Histogram of y from population Table 7?7 for SRSWOR of sample size
n=1.

4.5. Examples

4.5.1 Sampling Examples

EXERCISE 4.5.1. Consider the table below the entire population data set.

(a) Given the population data set calculate the mean and median for all possible
sample outcomes assuming a simple random sample without replacement of size

n = 3.

81 83 72 99 62

Table 4.12: The entire population data set

(b) Calculate the parameter of interest the population mean, the expected values for

the mean and median and their biases in relation to u.

EXERCISE 4.5.2. Consider the table below the entire population data set.

(a) Given the population data set calculate the mean and median for all possible

sample outcomes assuming a simple random sample without replacement of size
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Table 4.13: The entire population data set

(b) Calculate the parameter of interest the population mean, the expected values for

the mean and median and their biases in relation to pu.

EXERCISE 4.5.3. Consider the table below the entire population data set.

(a) Given the population data set calculate the mean and median for all possible
sample outcomes assuming a simple random sample without replacement of size

n = 3.

78 42 97 74 87

Table 4.14: The entire population data set

(b) Calculate the parameter of interest the population mean, the expected values for

the mean and median and their biases in relation to pu.

EXERCISE 4.5.4. Consider the table below the entire population data set.

(a) Given the population data set calculate the mean and median for all possible
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40.01-45 45.01-50 50.01-55 55.01-60 60.01-85 85,0170 700175

Figure 4.2: Histogram of y from population Table 7?7 for SRSWOR of sample size
n=2.

045
040
035
030
' 025
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For n, N-n, N 015
X777 sufficiently large | 010
005
0m

Figure 4.3: Illustrating the Power of the Central Limit Theorem.

sample outcomes assuming a simple random sample without replacement of size

n=3.

86 69 63 78 90

Table 4.15: The entire population data set

(b) Calculate the parameter of interest the population mean, the expected values for

the mean and median and their biases in relation to pu.

EXERCISE 4.5.5. Consider the table below the entire population data set.

(a) Given the population data set calculate the mean and median for all possible
sample outcomes assuming a simple random sample without replacement of size

n = 3.
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4.6. Exercises

4.6.1 Multiple Choice Questions

Click "Begin” and when you are finished click "End”. Enjoy.

Begin Multiple Choice Questions
1. The sample is used to learn about the target population.
(a) True (b) False
2. Advanced statistics are valuable for analyzing a convenience sample.
(a) True (b) False

3. From a convenience sample we can obtain unbiased estimates for the target

population.
(a) True (b) False

4. The sample mean, y, is always unbiased for p regardless of how the sample was

obtained.
(a) True (b) False

5. A survey with n = 10,000 observation is definitely more precise and accurate

than a survey with n = 1,000 observations.

(a) True (b) False
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End Multiple Choice Questions

4.6.2 Sampling Exercises

EXERCISE 4.6.1. Consider the table below the entire population data set.

(a) Given the population data set calculate the mean and median for all possible
sample outcomes assuming a simple random sample without replacement of size

n=3.

77 50 49 68 T1

Table 4.17: The entire population data set

(b) Calculate the parameter of interest the population mean, the expected values for

the mean and median and their biases in relation to pu.

EXERCISE 4.6.2. Consider the table below the entire population data set.

(a) Given the population data set calculate the mean and median for all possible
sample outcomes assuming a simple random sample without replacement of size

n = 3.
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95 76 81 44 51

Table 4.18: The entire population data set

(b) Calculate the parameter of interest the population mean, the expected values for

the mean and median and their biases in relation to u.

EXERCISE 4.6.3. Consider the table below the entire population data set.

(a) Given the population data set calculate the mean and median for all possible
sample outcomes assuming a simple random sample without replacement of size

n = 3.

86 66 61 72 57

Table 4.19: The entire population data set

(b) Calculate the parameter of interest the population mean, the expected values for

the mean and median and their biases in relation to pu.

EXERCISE 4.6.4. Consider the table below the entire population data set.

(a) Given the population data set calculate the mean and median for all possible
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sample outcomes assuming a simple random sample without replacement of size

n = 3.

78 40 T7 94 84

Table 4.20: The entire population data set

(b) Calculate the parameter of interest the population mean, the expected values for

the mean and median and their biases in relation to u.
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EXERCISE 4.6.5. Consider the table below the entire population data set.

(a) Given the population data set calculate the mean and median for all possible
sample outcomes assuming a simple random sample without replacement of size

n = 3.

48 66 94 87 69

Table 4.21: The entire population data set

(b) Calculate the parameter of interest the population mean, the expected values for

the mean and median and their biases in relation to pu.

EXERCISE 4.6.6. Consider the table below the entire population data set.

(a) Given the population data set calculate the mean and median for all possible
sample outcomes assuming a simple random sample without replacement of size

n = 3.

61 95 97 49 83

Table 4.22: The entire population data set

(b) Calculate the parameter of interest the population mean, the expected values for
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the mean and median and their biases in relation to pu.

EXERCISE 4.6.7. Consider the table below the entire population data set.

(a) Given the population data set calculate the mean and median for all possible
sample outcomes assuming a simple random sample without replacement of size

n = 3.

67 64 97 80 79

Table 4.23: The entire population data set

(b) Calculate the parameter of interest the population mean, the expected values for

the mean and median and their biases in relation to pu.

EXERCISE 4.6.8. Consider the table below the entire population data set.

(a) Given the population data set calculate the mean and median for all possible
sample outcomes assuming a simple random sample without replacement of size

n = 3.

47 80 69 93 89
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Table 4.24: The entire population data set

(b) Calculate the parameter of interest the population mean, the expected values for

the mean and median and their biases in relation to u.

EXERCISE 4.6.9. Consider the table below the entire population data set.

(a) Given the population data set calculate the mean and median for all possible
sample outcomes assuming a simple random sample without replacement of size

n = 3.

62 42 98 72 50

Table 4.25: The entire population data set

(b) Calculate the parameter of interest the population mean, the expected values for

the mean and median and their biases in relation to pu.
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EXERCISE 4.6.10. Consider the table below the entire population data set.

(a) Given the population data set calculate the mean and median for all possible
sample outcomes assuming a simple random sample without replacement of size

n = 3.

60 68 93 75 64

Table 4.26: The entire population data set

(b) Calculate the parameter of interest the population mean, the expected values for

the mean and median and their biases in relation to pu.
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Introduction to Inferential Statistics

5.1. Concept Behind Inferential Statistics

To begin with there are certain fundamental concepts in this section that span the
section and are used throughout statistics. Often a sample is taken and the sample
is a subgroup of a larger group, the population. From the sample it is desired to
learn about the population. For example, a survey is taken on 200 people living
in Bangkok and their opinion about the underground train. Results are published
and comments are made about it. Is anyone truly concerned about the specific 200
people in the survey? If 200 people do not like the underground train does it really
matter? No. In fact there exist well over 200 people in Bangkok that have never
taken the underground train. What people really want to learn from the survey is

the general opinion within Bangkok about the underground and to do this a sample

185



186 CHAPTER 5. INTRODUCTION TO INFERENTIAL STATISTICS

of 200 people are surveyed and asked questions. If all 200 people surveyed did not
like the underground train, this is of concern only because it leads us to believe that
the general populace within Bangkok do not like the underground train and perhaps
only a small minority like the train. The sample is almost immediately within our
minds extrapolated to the population at large. In this case the population at large is
people living in Bangkok. Inferential statistics are used to learn about the population
from the sample.

Two common techniques to use a sample to learn about a population that go
beyond descriptive statistics are hypothesis testing and confidence intervals. Hy-
pothesis testing is used to test a theory. Confidence intervals are used to obtain a
range of values for which you might consider the population mean, p, to be within.
Technically, from a frequentist viewpoint, the population mean is either within the

interval or not.

5.1.1 Hypothesis testing

In general within hypothesis testing we wish to test a theory, belief or simply some-
thing of interest. It is desired to test if a quantity concerning the population, called
a parameter, is either not equal to, greater than or less than some value. Typically,
the population mean, yu, or proportion, 7, is the parameter, but not always. In hy-
pothesis testing the theory is turned into what is called a null hypothesis, denoted
Hy, and an alternative hypothesis, denoted H; or H4. In general hypothesis testing
one may want to compare one group/sample to a specific value, say 9. Often within

hypothesis testing one may want to compare two groups/samples to each other, such
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as comparing the average salary of men, say p;, to the average salary of women, say

2.

The alternative hypothesis is what is desired to prove or show to be true and the

null hypothesis the opposite. Examples: If it is desired to prove the ...
e average income in Bangkok is greater than 30,000 Baht/month:
— Hp: o <30,000 and H4 @ p > 30,000.
e average income in Bangkok of men is greater than that of women:
— Hy : fimen < lwomen a0d H A ¢ fimen > hwomen -

percent of women in Hong Kong is less than 50%:

— Hy:m™>50% and Hy : m < 50%.
e ctc.

Table ?7? lists various null and alternative hypothesis combinations for one and two
sample tests of population mean(s) and proportion(s) and how to calculate their
associated p-values!.

In hypothesis testing a decision is made by using what is known as a p-value. The
p-value is the probability of observing what was observed or more extreme assuming
the null hypothesis is true. If the probability of observing what was observed or more
extreme assuming the null hypothesis is true is "very small” the researcher rejects

the null hypothesis. The researcher rejects the null hypothesis when the p-value is

!'Note: The Table ?? for calculating p-value assumes variance is known for investigating the
population mean, .
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Investigate | Null Hypothesis | Alternative Hypothesis | Calculate p-value
1 from one 1= [l I o 2 x P(Z > |z])
group/ 1> fio ft < fio P(Z < z)
sample 1 < po 11> fio P(Z > z)

7 from one T =T T # o 2x P(Z > |z])
group/ T > o T < o P(Z < z)
sample 7 < mp T > P(Z > 2)

pt from two [i1 = fi2 fi1 # o 2x P(Z > |z])
groups/ = p1 < fla P(Z < z)
samples < po fy > o P(Z > z)

7 from two T = Ty T F To 2 x P(Z > |z])
groups/ m > T m < To P(Z < z2)
samples T < o T > T P(Z > z)

Table 5.1: The more common H, and H 4 combinations and how to calculate their
associated p-values.

small because we trust the data over the null hypothesis. Typically p-values less
than that of 0.1, 0.05, or 0.01 are considered too small to be random chance and the
null hypothesis is rejected. The value which the null hypothesis will be rejected at is
called the level of significance and denoted by a. Commonly for large data sets often
a significance level of 0.01 is used. Typically in the class room setting an a = 0.05 is

used.

Important:
If p-value < a then reject H

If p-value > « then fail to reject H

For hypothesis testing regardless of the test chosen and the test-statistic used
the steps are generally the same. This book will only cover the p-value approach
to hypothesis testing. Other books cover a rejection region as well. The rejection

region approach is useful for when a p-value can’t be calculated. For example, when
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the researcher does not have access to a computer, like on exams. When working, in
this day in age the researcher will most likely have access to a computer and almost
all, if not all statistical software calculates a p-value for hypothesis testing. For this

reason only the p-value approach will be covered.
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Steps Within Hypothesis Testing: P-value Approach

1. Determine the null hypothesis, Hy, and the alternative hypothesis, H 4.
2. Decide on the appropriate level of significance, «.
3. Determine the sample size and sampling design to use.

e The tests in this chapter are appropriate when the data comes from a

simple random sample.

e The tests in this chapter and other statistical tests are not appropriate
when the data comes from a convenience or other type of non-probability

sample.
4. Determine the appropriate test statistic given the data and sampling design.
5. Collect the data and calculate the appropriate test statistic.
6. Calculate the p-value for the Hy and H, combination.

7. Make a decision whether to fail to reject Hy or reject the Hy by comparing the

p-value to a.

After making a decision there are two possible types of error, type I and type II.
A Type I error is when when you reject the null hypothesis and the null hypothesis is
actually true. A Type II error is when you fail to reject the null hypothesis and the
null hypothesis is actually false, with probability 5. The power of a test equals 1 — 3

which is the probability of rejecting the null hypothesis when the null hypothesis is
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false. All possible error/no error results of a hypothesis test are given in Table 77.

Hj is true H, is false
Fail to reject Hy | P(No error)=1 — a | P(Type II Error)=p
Reject Hy P(Type I error)=a | P(No error)=1—f

Table 5.2: No error, type I and type II error

Important

When a hypothesis test is performed, the result is either fail to reject the null
hypothesis or reject the null hypothesis. Do not say ”accept” the null hypothesis.
There is a huge difference between not having enough evidence to disprove something
and proving something. Reject Hy is like disproving Hy and fail to reject Hy is like
failing to disprove Hy, but this is very different from saying accept Hy or that Hy
has been proved. This is a very important concept and understanding it will help

you avoid much confusion when performing hypothesis testing and working with data.

Scenario

You have a theory that on average men in Bangkok weigh more than 65 kilograms.
Hy:p <65 and Hy @ > 65. Data are collected, a simple random sample of size
n = 100 and the average weight from the sample is z = 67.3 kilograms. The statis-
tician performs a statistical test and the p-value is 0.23, so he fails to reject Hy. Is
he saying he believes the average male weight in Bangkok is less than or equal to 65
kilograms? No! Were he to say he accepts Hy this would be implying he believes the

average weight is less than or equal to 65 kilograms. What the statistician is saying
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is that there is not enough evidence to show your theory beyond a reasonable doubt,
so he can not reject Hy. This subtle difference is very important. Imagine saying to
someone that the sample average is ¥ = 67.3 kilograms so you believe the population
average is less than or equal to 65 kilograms. That does not make any logical sense.
Given the amount of data, the sample average, * = 67.3, and the sample standard
deviation, we are not confident in saying that the population average is greater than
65 kilograms. This is a what is being shown by the hypothesis test. With more
information it could possibly be shown that pu > 65. For this particular reason the
author tends to prefer looking at confidence intervals for a deeper understanding of

what the data collected are saying.

5.1.2 Confidence Intervals

In general when creating what is called a confidence interval, we wish to obtain
a range of plausible values for a quantity concerning the population, a parameter.
Typically the population mean, u, or proportion, 7, is the parameter, but not always.
Also, it is often desired determine a plausible range between two groups/samples to
each other, such as comparing the average salary of men, say p1, to the average salary
of women, say p2. A (1—a)x100% confidence interval is the probability of obtaining
the parameter of interest under what is known as a Bayesian approach and is often the
way a confidence interval is explained. Bayesian’s consider the parameter of interest a
random variable. The author is a frequentist, and the author considers the parameter

to be an unknown constant. Under the frequentist approach, a (1 — «) x 100% is
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the percent of confidence intervals that are expected to contain the true value of the
parameter of interest. This is assuming an infinite number of samples taken of the
same size, under a simple random sample. Of course, in reality only a single sample
is taken in practice. The confidence interval is thus often considered the range of
plausible values the parameter might be, what it is, is unknown in reality though

and may or may not be within the interval.

5.2. Hypothesis Tests and Confidence Intervals

5.2.1 Omne Sample z-test and Confidence Interval

Assumptions: Observations are independent of one another. The data come from

2 (ie. x; ~ N(pu,0?)) with

a normal distribution with mean, p, and variance, o
0% known or large n with 02 known. Note: This test will not be stressed as the
population variance is almost always unknown in real life. In addition, software such

as SPSS does not even offer this option for the latter reason.

The one sample z-test and confidence interval are used when the true population

2 is known. This is almost never the case, but for large samples we

variance, o
sometimes treat the sample variance as the population variance. In addition, in
order to calculate the true population variance you would need to know the true

population mean, p thus making this section more of academic value than practical

value.

Hy:p=po
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_ T — Mo

~o/vn’

where the z-statistic follows a normal distribution. A (1—«)100% confidence interval

z

for p is,
_ g _ o
T — Za/Q% ; T+ Za/Q% .

5.2.2 Two Sample z-test and Confidence Interval

Assumptions: Observations are independent of one another. The data come from a
normal distribution x1; ~ N(uy,0%) and @9; ~ N(ug,03), with o and 02 known or
large n; and large ny with o7 and o5 known. Note: This test will not be stressed
as again the population variance is almost always unknown in real life. In addition,
software such as SPSS, does not even offer this option for the latter reason.
Typically for two samples z-tests the null hypothesis has p; = p. The null
hypothesis can be written as p; = us + 9, where ¢ is some constant representing the
quantity difference between the population means. In this section and other sections

difference between p; and ps, is assumed equal to zero, 6 = 0.

Ho:piy = pio

A (1 — a)100% confidence interval for  is,

L T of | 03
Ty — Ty~ Zap|| — =, T = Dot Zapp|| — + =
ni No ni no
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5.2.3 One Sample z-test of Proportions and Confidence In-

terval
Assumptions are that data are from a Binomial distribution and that nm > 15 and

n(l — ) > 15. This is an approximation, for small sample size one should use the

exact distribution, the Binomial distribution.

Hy:m=mg
_ P — o
mo(1 — mo)/n

A (1 — «)100% confidence interval for 7 is,
(5= 210 V/BO =B/, B+ 51 V/B(L— D))

5.2.4 Two Sample z-test of Proportions and Confidence In-

terval

Assumptions are that data are from two independent samples each from a Binomial
distribution and nym > 15, ny(1 — m) > 15, nomy > 15, and ng(1 — mp) > 15. This

test is an approximation, as with the one sample z-test of proportions.

H017T1:7T2

P1— P2
Z = s

VIO =D+ )
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where

X Xy . X
=L p="2p=", X=X+ X,, and n = ny + n.
nq %) n

A (1 — «)100% confidence interval for m; — o is,

(P1 — Do) & 21-ap2V/Pr(1 — pr)/ny + Pa(1 — p2)/na

5.2.5 One Sample t-test and Confidence Interval

Assumptions: Observations are independent of one another and if the data come from
a non-normal distribution, n > 30. If the data come from a normal distribution, n

can be any size for each sample.
Hy @ = po

t_ff—,uo

s/’
where the t-statistic has a t-distribution with (n — 1) degrees of freedom (d.f.). A

(1 — «@)100% confidence interval for p is,

_ s s
<$ — ta/l(n—l)% , T+ ta/?,(n—l)%) ;
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5.2.6 Two Sample t-test and Confidence Interval

Assumptions: Observations are independent of one another, if the data comes from
a non-normal distribution, n; > 30 and ny > 30, and the data come from two
independent samples. If the data come from a normal distribution, n; and ny can be

any size for each sample.

Ho @ pip = po

In the case where the variances are not assumed to be equal,

T1 — T2
t= ;
51, 5
n +n2

where the t-statistic has a t-distribution with r degrees of freedom (d.f.), and r equals

2
2 2
3_1+S_2
ni no

(s3/m1)? + (s3/m2)? "

ni—1 no—1

r =

The value of r is often not an integer, and in that case the nearest integer rounded

down is often used. A (1 — «)100% confidence interval for p is,

Ty — %y —tajer\| —+— , T1 — T2+ tapp\/ —+— |,
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In the case where the variances are assumed to be equal,

T1 — X2
t =

9

1 1
Sp ni + na

where the t-statistic has a t-distribution with (ny +ng — 2) degrees of freedom (d.f.).

A (1 —a)100% confidence interval for u is,

_ _ 1 1 _ 1 1
<$1 — T2 — Lay2,(n1+na—2)Sp\ | n + g Ty — T2 + tas2,(n1+na—2)5pA / - + n_2>

where,

\/(m )82 4 (ng — 1)s2
Sp = .

ny+no — 2

5.2.7 Paired t-test and Confidence Interval

The observations are paired. Let the difference between the pairs be denoted,

di = x1; — 2,

and the mean difference

Ci:

S|

i di7
=1

with standard deviation

3

1 2
5 = n—lg(di_d)
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For a small sample size it is assumed the differences come from a Normal distribution

and for a sample size of n > 30 the test is robust to this assumption.

Hy:pg=0

_ d — o
Sa/v/n

where the t-statistic has a t-distribution with (n — 1) degrees of freedom (d.f.), A

t

(1 — a)100% confidence interval for the mean difference, pq, is,

= Sd = Sd
(d - ta/2,(n—1)% , d+ ta/2,(n—1)%)

5.3. Two Sided P-value Into A One Sided P-value

SPSS computer output and other software may only offer a two sided, or two tailed
p-value. In the typical situation the researcher can simply divide the two sided p-
value by two to get the one sided p-value, but not always. When the opposite of
what is expected, that is the opposite of the alternative hypothesis occurs, then
calculating the p-value does not fall into the typical situation. This section covers
how to calculate the one sided p-value for a one sided test given a two sided p-value.

For the following we will denote the two sided p-value by "pval2s”.
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1. One sample T-test or Z-test

( ) Hy o p < po and T < pp then p- VaIUe—PvalQS

pval23

(b) Hya :p> pg and T > pp then p-value=2%=

(¢) Ha:p < pio and T > pg then p-value=1 — 224l

pval2s

(d) Ha:p> po and T < pio then p-value=1 — 25

2. Two sample T-test or Z-test

(a) Ha:p < pz and ; < Ty then p-value=E"42

(b) Ha:p1 > pp and Z; > 7 then p—Value:p—”‘gQS

(c) Hy o py < po and xp > To then p-value=1 — pva2125
pval2s

(d) Ha:py > po and 7y < Ty then p-value=1 — 25
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5.4. Examples

5.4.1 Omne-Sample Z-test Examples

EXERCISE 5.4.1. Use the data below to answer the following questions. Assume the

data comes from a normal distribution and the variance is known. o2 = 99.67.

496.57 481.19 483.16 482.79 499.04 475.51 501.21

Table 5.3: Randomly selected bank savings account data
in U.S. dollars.

(a) Test if the population mean is greater than pu = 480.95. Use a = 0.05.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.4.2. Use the data below to answer the following questions. Assume the

data comes from a normal distribution and the variance is known. o2 = 102.24.

502.54 485.32 512,99 498.19 492.02 491.98

Table 5.4: Randomly selected bank savings account data

in U.S. dollars.

(a) Test if the population mean is less than p = 499.07. Use o = 0.05.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.4.3. Use the data below to answer the following questions. Assume the
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data comes from a normal distribution and the variance is known. o2 = 43.43.

493.53 488.44 508.48 501.00 501.26 491.99 501.38

Table 5.5: Randomly selected bank savings account data

in U.S. dollars.

(a) Test if the population mean is not equal to p = 503.13. Use o = 0.05.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.4.4. Use the data below to answer the following questions. Assume the

data comes from a normal distribution and the variance is known. o2 = 317.42.

004.37 508.40 476.83

Table 5.6: Randomly selected bank savings account data

in U.S. dollars.

(a) Test if the population mean is not equal to p = 469.13. Use o = 0.05.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.4.5. Use the data below to answer the following questions. Assume the

data comes from a normal distribution and the variance is known. o2 = 51.47.

494.85 500.47 513.25 504.44 513.86 507.80

Table 5.7: Randomly selected bank savings account data

in U.S. dollars.
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(a) Test if the population mean is not equal to p = 505.2. Use o = 0.05.

(b) Create a two-sided 95% confidence interval.

5.4.2 Two Sample Z-test Examples

EXERCISE 5.4.6. Use the data below to answer the following questions. Assume the
data comes from a normal distribution. The variances are known, JJ% = 8714.75 and

o2 =12138.23.

7371.95 7576.63 7429.32 7574.12 T7435.48

Table 5.8: Randomly selected bank savings account data

in U.S. dollars of women.

7491.42 7675.13 7464.83 7409.07

Table 5.9: Randomly selected bank savings account data

in U.S. dollars of men.

(a) Test if the population mean savings of women is not equal to men. Use a = 0.05.
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(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.4.7. Use the data below to answer the following questions. Assume the
data comes from a normal distribution. The variances are known, JJ% = 8850.16 and

02 = 48945.11.

7291.19 7430.00 7524.52 7310.86 7344.95

Table 5.10: Randomly selected bank savings account

data in U.S. dollars of women.

7317.83 7097.75 7546.43

Table 5.11: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is not equal to men. Use o = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.4.8. Use the data below to answer the following questions. Assume the
data comes from a normal distribution. The variances are known, JJ% = 16111.12 and

o2 = 5683.57.

7519.47 7263.34 7357.58 T437.59 T7424.97 7648.28

Table 5.12: Randomly selected bank savings account

data in U.S. dollars of women.
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7351.53 7336.27 7352.69 7330.08 T7518.70 7294.46

Table 5.13: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is greater than men. Use a =

0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.4.9. Use the data below to answer the following questions. Assume the
data comes from a normal distribution. The variances are known, UJ% = 23738.77 and

o2 = 60907.13.

7422.96 7476.31 7717.92

Table 5.14: Randomly selected bank savings account

data in U.S. dollars of women.

6983.42 7554.29 7233.37 7110.67

Table 5.15: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is greater than men. Use o =

0.05.
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(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.4.10. Use the data below to answer the following questions. Assume
the data comes from a normal distribution. The variances are known, JJ% = 72973.52

and o2, = 52738.46.

7049.46 7398.07 7419.66 7779.34 7393.97

Table 5.16: Randomly selected bank savings account

data in U.S. dollars of women.

7387.68 7403.09 6968.16 7255.45 6902.56

Table 5.17: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is greater than men. Use o =
0.05.

(b) Create a two-sided 95% confidence interval for the difference.

5.4.3 One-Sample Test of Proportions Examples

EXERCISE 5.4.11. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
rises. You randomly select 103 days from the past 20 years. You assume each day is

independent of one another and that the true unknown probably that the SET rises
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is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises 7 is greater than 0.41. Use o = 0.05.
Do not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.4.12. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
rises. You randomly select 103 days from the past 20 years. You assume each day is
independent of one another and that the true unknown probably that the SET rises

is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises 7 is less than 0.43. Use a = 0.05. Do
not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.4.13. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
rises. You randomly select 99 days from the past 20 years. You assume each day is
independent of one another and that the true unknown probably that the SET rises

is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises 7 is not equal to 0.49. Use a = 0.05.

Do not use a continuity correction factor.
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(b) Create a two-sided 95% confidence interval.

EXERCISE 5.4.14. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
rises. You randomly select 99 days from the past 20 years. You assume each day is
independent of one another and that the true unknown probably that the SET rises

is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises 7 is not equal to 0.51. Use a = 0.05.
Do not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.4.15. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
rises. You randomly select 90 days from the past 20 years. You assume each day is
independent of one another and that the true unknown probably that the SET rises

is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises 7 is greater than 0.48. Use o = 0.05.
Do not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.

5.4.4 Two-Sample Test of Proportions Examples
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EXERCISE 5.4.16. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
for p; and for py the TWSE (Taiwan Stock Exchange) rises. You randomly select
102 days from the past 20 years for the SET and 99 days from the past 20 years for
the TWSE. You assume each day is independent of one another, the stock exchanges
movements are independent and that the true unknown probably that the SET rises

and the TWSE rises is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises is greater than the TWSE. Use a =
0.05. Do not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.4.17. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
for p; and for po the TWSE (Taiwan Stock Exchange) rises. You randomly select
110 days from the past 20 years for the SET and 107 days from the past 20 years for
the TWSE. You assume each day is independent of one another, the stock exchanges
movements are independent and that the true unknown probably that the SET rises

and the TWSE rises is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises is not equal to the TWSE. Use a = 0.05.
Do not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.
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EXERCISE 5.4.18. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
for p; and for py the TWSE (Taiwan Stock Exchange) rises. You randomly select
96 days from the past 20 years for the SET and 92 days from the past 20 years for
the TWSE. You assume each day is independent of one another, the stock exchanges
movements are independent and that the true unknown probably that the SET rises

and the TWSE rises is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises is less than the TWSE. Use o = 0.05.
Do not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.4.19. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
for p; and for po the TWSE (Taiwan Stock Exchange) rises. You randomly select
102 days from the past 20 years for the SET and 92 days from the past 20 years for
the TWSE. You assume each day is independent of one another, the stock exchanges
movements are independent and that the true unknown probably that the SET rises

and the TWSE rises is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises is greater than the TWSE. Use a =
0.05. Do not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.
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EXERCISE 5.4.20. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
for p; and for py the TWSE (Taiwan Stock Exchange) rises. You randomly select
111 days from the past 20 years for the SET and 101 days from the past 20 years for
the TWSE. You assume each day is independent of one another, the stock exchanges
movements are independent and that the true unknown probably that the SET rises

and the TWSE rises is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises is greater than the TWSE. Use a =
0.05. Do not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.
5.4.5 Omne-Sample T-test Examples

EXERCISE 5.4.21. Use the data below to answer the following questions.

499.70 508.03 496.18 492.04 487.10 502.06 500.80 513.38 498.13 501.17 501.42

Table 5.18: Randomly selected bank savings account

data in U.S. dollars.

(a) Test if the population mean is not equal to p = 479.35. Use o = 0.05.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.4.22. Use the data below to answer the following questions.

515.78 481.30 509.18 505.28 508.00 504.66
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Table 5.19: Randomly selected bank savings account

data in U.S. dollars.

(a) Test if the population mean is less than pu = 519.19. Use a = 0.05.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.4.23. Use the data below to answer the following questions.

501.45 491.96 489.16 502.58 513.39

Table 5.20: Randomly selected bank savings account

data in U.S. dollars.

(a) Test if the population mean is less than p = 522.24. Use a = 0.05.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.4.24. Use the data below to answer the following questions.

500.31 497.19 492.62 499.22

Table 5.21: Randomly selected bank savings account

data in U.S. dollars.

(a) Test if the population mean is less than p = 498.26. Use o = 0.05.

(b) Create a two-sided 95% confidence interval.
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EXERCISE 5.4.25. Use the data below to answer the following questions.

501.88 512.61 497.46

Table 5.22: Randomly selected bank savings account

data in U.S. dollars.

(a) Test if the population mean is not equal to p = 526.98. Use o = 0.05.

(b) Create a two-sided 95% confidence interval.

5.4.6 Two Sample T-test - Equal variances assumed Exam-

ples

EXERCISE 5.4.26. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. Also assume the variances are equal.

7777.06  7380.40 6992.67 7099.02 7476.95 7370.67 7413.97 7T765.19 7645.61

Table 5.23: Randomly selected bank savings account

data in U.S. dollars of women.

7794.42  7967.22 7594.02 7429.02 7668.39

Table 5.24: Randomly selected bank savings account

data in U.S. dollars of men.
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(a) Test if the population mean savings of women is not equal to men. Use av = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.
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EXERCISE 5.4.27. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. Also assume the variances are equal.

7T157.72 7866.16 7525.54 7565.08 7612.59 7908.91

Table 5.25: Randomly selected bank savings account

data in U.S. dollars of women.

7474.35 7542.40 7616.46 7308.31 7497.00

Table 5.26: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is greater than men. Use o =

0.05.

(b) Create a two-sided 95% confidence interval for the difference.
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EXERCISE 5.4.28. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. Also assume the variances are equal.

7583.70 7555.84 7430.35 7675.09

Table 5.27: Randomly selected bank savings account

data in U.S. dollars of women.

7135.98 7286.23 7086.27 7454.68 7372.76 7239.88 7288.09

Table 5.28: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is greater than men. Use o =
0.05.

(b) Create a two-sided 95% confidence interval for the difference.
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EXERCISE 5.4.29. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. Also assume the variances are equal.

7035.77 7455.09 7254.16 717542 7282.14 7970.19 7349.48 7350.33 7433.68

Table 5.29: Randomly selected bank savings account

data in U.S. dollars of women.

7566.55 7816.60 7127.88

Table 5.30: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is greater than men. Use o =
0.05.

(b) Create a two-sided 95% confidence interval for the difference.
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EXERCISE 5.4.30. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. Also assume the variances are equal.

7393.70 7891.80 7636.65 7896.52

Table 5.31: Randomly selected bank savings account

data in U.S. dollars of women.

7431.46 7765.21 7944.07 7576.29 7T713.84

Table 5.32: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is greater than men. Use o =

0.05.

(b) Create a two-sided 95% confidence interval for the difference.

5.4.7 Two Sample T-test - Equal variances not assumed Ex-

amples

EXERCISE 5.4.31. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. Also assume the variances are unequal.

7668.41 7391.40 7455.85 7565.70 7443.52 7682.36
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Table 5.33: Randomly selected bank savings account

data in U.S. dollars of women.

7642.85 7788.47 7211.88 7349.28 7261.22 7514.62

Table 5.34: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is greater than men. Use a =
0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.4.32. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. Also assume the variances are unequal.

75981.17 7535.35 7506.28 T7718.34 7562.18 T7751.86 724293 7T403.41 7564.73

Table 5.35: Randomly selected bank savings account

data in U.S. dollars of women.

6775.07 7253.71 6912.73 7368.26 6938.54 7546.04 7309.36

Table 5.36: Randomly selected bank savings account

data in U.S. dollars of men.
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(a) Test if the population mean savings of women is greater than men. Use a =

0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.4.33. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. Also assume the variances are unequal.

7305.89 7293.48 7727.57 7370.36 7438.92 7744.92 7236.42 7T567.66 7535.48

Table 5.37: Randomly selected bank savings account

data in U.S. dollars of women.

7393.25 7519.27 7083.88 7621.47 7397.49 7508.09 7214.12

Table 5.38: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is less than men. Use a = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.4.34. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. Also assume the variances are unequal.

7593.25 7435.47 7996.67 7168.08 7346.40

Table 5.39: Randomly selected bank savings account

data in U.S. dollars of women.
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7516.31 7494.34 7513.33 7357.80

Table 5.40: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is greater than men. Use oo =

0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.4.35. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. Also assume the variances are unequal.

7529.86 7609.24 7327.26 7988.39

Table 5.41: Randomly selected bank savings account

data in U.S. dollars of women.

8011.23 7290.20 7497.10 7798.68

Table 5.42: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is greater than men. Use oo =

0.05.

(b) Create a two-sided 95% confidence interval for the difference.
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5.4.8 Paired T-test Examples

EXERCISE 5.4.36. Use the data below to answer the following questions.

Before After

74.94 75.48
75.40 75.65
70.37 82.52
70.70 74.63
79.59 86.81

Table 5.43: Before and after training exam scores.

(a) Test if the population mean exam score after is greater than before training.
Use a = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.4.37. Use the data below to answer the following questions.

Before After

81.04 84.23
65.84 71.84
81.43 88.39
69.22 73.43

Table 5.44: Before and after training exam scores.



5.4. EXAMPLES 223

(a) Test if the population mean exam score after is greater than before training.
Use a = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.
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EXERCISE 5.4.38. Use the data below to answer the following questions.

Before After

74.10 84.10
79.43 84.74
63.52 74.08

Table 5.45: Before and after training exam scores.

(a) Test if the population mean exam score after is greater than before training.
Use a = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.4.39. Use the data below to answer the following questions.

Before After

76.92 78.55
81.85 82.07
72.22 7447

Table 5.46: Before and after training exam scores.

(a) Test if the population mean exam score after is greater than before training.
Use a = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.4.40. Use the data below to answer the following questions.
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Before After

76.35 81.93
79.41 79.72
68.92 69.24
75.46 76.22
73.69 74.84
74.40 79.50

Table 5.47: Before and after training exam scores.

(a) Test if the population mean exam score after is greater than before training.
Use a = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

5.5. Exercises

5.5.1 Omne-Sample Z-test Exercises

EXERCISE 5.5.1. Use the data below to answer the following questions. Assume the

data comes from a normal distribution and the variance is known. o2 = 14.19.

497.14 492.04 499.15

Table 5.48: Randomly selected bank savings account
data in U.S. dollars.
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(a) Test if the population mean is not equal to p = 494.01. Use a = 0.05.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.2. Use the data below to answer the following questions. Assume the

data comes from a normal distribution and the variance is known. o2 = 130.46.

496.86 504.34 484.64 509.55 512.74

Table 5.49: Randomly selected bank savings account

data in U.S. dollars.

(a) Test if the population mean is not equal to p = 511.33. Use o = 0.05.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.3. Use the data below to answer the following questions. Assume the

data comes from a normal distribution and the variance is known. o2 = 74.46.

500.76 498.94 485.80 505.38

Table 5.50: Randomly selected bank savings account
data in U.S. dollars.

(a) Test if the population mean is not equal to p = 475.17. Use o = 0.05.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.4. Use the data below to answer the following questions. Assume the

data comes from a normal distribution and the variance is known. o2 = 267.47.
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47797 498.10 518.37 490.32

Table 5.51: Randomly selected bank savings account

data in U.S. dollars.

(a) Test if the population mean is less than p = 509.87. Use a = 0.05.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.5. Use the data below to answer the following questions. Assume the

data comes from a normal distribution and the variance is known. o2 = 85.34.

493.53 484.64 506.63 49798 501.68 518.49 494.67 495.29 510.95 504.96 509.32

Table 5.52: Randomly selected bank savings account

data in U.S. dollars.

(a) Test if the population mean is greater than pu = 502.21. Use a = 0.05.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.6. Use the data below to answer the following questions. Assume the

data comes from a normal distribution and the variance is known. o2 = 23.98.

489.49 500.40 502.32 494.02 502.62 501.92 500.54

Table 5.53: Randomly selected bank savings account

data in U.S. dollars.
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(a) Test if the population mean is greater than p = 499.31. Use a = 0.05.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.7. Use the data below to answer the following questions. Assume the

data comes from a normal distribution and the variance is known. ¢2 = 111.18.

495.53 497.42 481.85 507.51

Table 5.54: Randomly selected bank savings account

data in U.S. dollars.

(a) Test if the population mean is not equal to p = 502.65. Use oo = 0.05.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.8. Use the data below to answer the following questions. Assume the

data comes from a normal distribution and the variance is known. o2 = 99.55.

498 496.61 ©508.34 499.4 489.83 505.36 487.13 507.1 517.27 507.32 494.58 479.85 499.11

Table 5.55: Randomly selected bank savings account data in U.S.

dollars.

(a) Test if the population mean is not equal to p = 499.09. Use oo = 0.05.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.9. Use the data below to answer the following questions. Assume the

data comes from a normal distribution and the variance is known. o2 = 48.27.
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500.77 513.64 511.12 507.06 520.33

Table 5.56: Randomly selected bank savings account

data in U.S. dollars.

(a) Test if the population mean is not equal to p = 517.79. Use o = 0.05.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.10. Use the data below to answer the following questions. Assume

the data comes from a normal distribution and the variance is known. o2 = 67.81.

489.33 508.10 500.13 495.49 489.44

Table 5.57: Randomly selected bank savings account

data in U.S. dollars.

(a) Test if the population mean is greater than p = 486.47. Use a = 0.05.

(b) Create a two-sided 95% confidence interval.

5.5.2 Two Sample Z-test Exercises

EXERCISE 5.5.11. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. The variances are known, O'J% = 21818.52

and o2, = 8163.91.
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7338.29 7660.45 7665.78 7476.08 7390.59

Table 5.58: Randomly selected bank savings account

data in U.S. dollars of women.

7503.88 7350.27 7577.44 7431.73 7557.93

Table 5.59: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is greater than men. Use o =

0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.12. Use the data below to answer the following questions. Assume
the data comes from a normal distribution. The variances are known, 0']2c = 21980.04

and o2, = 24153.92.

7331.58 7574.26 7298.08

Table 5.60: Randomly selected bank savings account

data in U.S. dollars of women.

7820.29 7637.10 7584.08 7810.27 7T489.31 7374.04 7782.02 7673.02
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Table 5.61: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is less than men. Use av = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.13. Use the data below to answer the following questions. Assume
the data comes from a normal distribution. The variances are known, UJ% = 8417.67

and o2 = 5725.11.

7336.30 747830 7485.31 7590.94 7523.39

Table 5.62: Randomly selected bank savings account

data in U.S. dollars of women.



232 CHAPTER 5. INTRODUCTION TO INFERENTIAL STATISTICS

7591.37 7586.84 7618.97 7514.21 T7572.17 7414.66

Table 5.63: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is not equal to men. Use av = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.14. Use the data below to answer the following questions. Assume
the data comes from a normal distribution. The variances are known, a]% = 69256.01

and o2, = 35013.32.

7103.86 7593.68 7359.16 7726.00 7259.51

Table 5.64: Randomly selected bank savings account

data in U.S. dollars of women.

7197.08 714290 7167.69 7588.83 7621.50 7352.53 7330.15 7429.30

Table 5.65: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is greater than men. Use o =
0.05.

(b) Create a two-sided 95% confidence interval for the difference.
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EXERCISE 5.5.15. Use the data below to answer the following questions. Assume
the data comes from a normal distribution. The variances are known, afc = 15206.9

and 02, = 17521.15.

T487.44 7489.67 7419.42 7T788.16 7664.10 7545.74 7523.83

Table 5.66: Randomly selected bank savings account

data in U.S. dollars of women.

7704.06 7536.12 7799.93 7485.13 T7715.60

Table 5.67: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is not equal to men. Use av = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.16. Use the data below to answer the following questions. Assume
the data comes from a normal distribution. The variances are known, a]% = 9749.11

and 02, = 6171.83.

7276.47 7345.62 T414.86 7528.94 T431.71

Table 5.68: Randomly selected bank savings account

data in U.S. dollars of women.
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7353.63 7513.96 7361.97 7513.64 T488.89

Table 5.69: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is less than men. Use a = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.17. Use the data below to answer the following questions. Assume
the data comes from a normal distribution. The variances are known, a]% = b5H717.26

and o2, = 11828.6.

7198.91 7537.53 7218.39 7393.53 7523.76 7037.41 7505.64 7714.63 7701.13

Table 5.70: Randomly selected bank savings account

data in U.S. dollars of women.

8030.16 7750.23 7889.84 7952.27 7780.62 T789.43 7776.16 T988.47

Table 5.71: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is less than men. Use a = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.18. Use the data below to answer the following questions. Assume
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the data comes from a normal distribution. The variances are known, O'ch = 22271.3

and 02, = 11944.51.

7543.91 7753.98 7472.80

Table 5.72: Randomly selected bank savings account

data in U.S. dollars of women.

7721.85 7469.60 7717.24 7750.00 7724.97 7830.91 7661.28

Table 5.73: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is less than men. Use av = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.19. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. The variances are known, O'ch = 56207.63

and o2 = 25181.28.

7545.26 7821.63 7799.40 7207.25 7333.99 7592.93 7616.33 7627.18 7185.81

Table 5.74: Randomly selected bank savings account

data in U.S. dollars of women.

7416.69 7240.93 7544.75
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Table 5.75: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is greater than men. Use o =

0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.20. Use the data below to answer the following questions. Assume
the data comes from a normal distribution. The variances are known, aj% = 5438.45

and o2, = 13288.07.

7434.93 7371.22 7516.42

Table 5.76: Randomly selected bank savings account

data in U.S. dollars of women.

7310.85 7173.77 7345.94 7366.25 7519.57 7393.70 7241.82

Table 5.77: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is greater than men. Use o =

0.05.

(b) Create a two-sided 95% confidence interval for the difference.
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5.5.3 Omne-Sample Test of Proportions Exercises

EXERCISE 5.5.21. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
rises. You randomly select 99 days from the past 20 years. You assume each day is
independent of one another and that the true unknown probably that the SET rises

is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises 7 is not equal to 0.59. Use o = 0.05.
Do not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.22. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
rises. You randomly select 110 days from the past 20 years. You assume each day is
independent of one another and that the true unknown probably that the SET rises

is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises 7 is greater than 0.5. Use a = 0.05.
Do not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.23. You are investigating the probability of the stock market having

a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
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rises. You randomly select 102 days from the past 20 years. You assume each day is
independent of one another and that the true unknown probably that the SET rises

is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises 7 is not equal to 0.51. Use a = 0.05.
Do not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.24. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
rises. You randomly select 99 days from the past 20 years. You assume each day is
independent of one another and that the true unknown probably that the SET rises

is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises 7 is less than 0.56. Use a = 0.05. Do
not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.25. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
rises. You randomly select 87 days from the past 20 years. You assume each day is
independent of one another and that the true unknown probably that the SET rises

is constant although unknown for the past 20 years.
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(a) Test if the true probability the SET rises 7 is not equal to 0.43. Use o = 0.05.
Do not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.26. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
rises. You randomly select 113 days from the past 20 years. You assume each day is
independent of one another and that the true unknown probably that the SET rises

is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises 7 is less than 0.47. Use a = 0.05. Do
not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.27. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
rises. You randomly select 104 days from the past 20 years. You assume each day is
independent of one another and that the true unknown probably that the SET rises

is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises 7 is less than 0.49. Use a = 0.05. Do
not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.28. You are investigating the probability of the stock market having
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a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
rises. You randomly select 90 days from the past 20 years. You assume each day is
independent of one another and that the true unknown probably that the SET rises

is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises 7 is not equal to 0.48. Use o = 0.05.
Do not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.29. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
rises. You randomly select 94 days from the past 20 years. You assume each day is
independent of one another and that the true unknown probably that the SET rises

is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises 7 is not equal to 0.47. Use a = 0.05.
Do not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.30. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
rises. You randomly select 101 days from the past 20 years. You assume each day is
independent of one another and that the true unknown probably that the SET rises

is constant although unknown for the past 20 years.
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(a) Test if the true probability the SET rises 7 is less than 0.47. Use a = 0.05. Do
not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.

5.5.4 Two-Sample Test of Proportions Exercises

EXERCISE 5.5.31. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
for p; and for po the TWSE (Taiwan Stock Exchange) rises. You randomly select
96 days from the past 20 years for the SET and 96 days from the past 20 years for
the TWSE. You assume each day is independent of one another, the stock exchanges
movements are independent and that the true unknown probably that the SET rises

and the TWSE rises is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises is less than the TWSE. Use a = 0.05.
Do not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.32. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
for p; and for p, the TWSE (Taiwan Stock Exchange) rises. You randomly select
105 days from the past 20 years for the SET and 107 days from the past 20 years for

the TWSE. You assume each day is independent of one another, the stock exchanges
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movements are independent and that the true unknown probably that the SET rises

and the TWSE rises is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises is not equal to the TWSE. Use a = 0.05.
Do not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.33. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
for p; and for ps the TWSE (Taiwan Stock Exchange) rises. You randomly select
98 days from the past 20 years for the SET and 98 days from the past 20 years for
the TWSE. You assume each day is independent of one another, the stock exchanges
movements are independent and that the true unknown probably that the SET rises

and the TWSE rises is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises is less than the TWSE. Use a = 0.05.
Do not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.34. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
for p; and for p, the TWSE (Taiwan Stock Exchange) rises. You randomly select
101 days from the past 20 years for the SET and 100 days from the past 20 years for

the TWSE. You assume each day is independent of one another, the stock exchanges
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movements are independent and that the true unknown probably that the SET rises

and the TWSE rises is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises is not equal to the TWSE. Use a = 0.05.
Do not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.35. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
for p; and for ps the TWSE (Taiwan Stock Exchange) rises. You randomly select
102 days from the past 20 years for the SET and 104 days from the past 20 years for
the TWSE. You assume each day is independent of one another, the stock exchanges
movements are independent and that the true unknown probably that the SET rises

and the TWSE rises is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises is not equal to the TWSE. Use a = 0.05.
Do not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.36. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
for p; and for p, the TWSE (Taiwan Stock Exchange) rises. You randomly select
98 days from the past 20 years for the SET and 100 days from the past 20 years for

the TWSE. You assume each day is independent of one another, the stock exchanges
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movements are independent and that the true unknown probably that the SET rises

and the TWSE rises is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises is not equal to the TWSE. Use a = 0.05.
Do not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.37. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
for p; and for ps the TWSE (Taiwan Stock Exchange) rises. You randomly select
101 days from the past 20 years for the SET and 88 days from the past 20 years for
the TWSE. You assume each day is independent of one another, the stock exchanges
movements are independent and that the true unknown probably that the SET rises

and the TWSE rises is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises is less than the TWSE. Use a = 0.05.
Do not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.38. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
for p; and for p, the TWSE (Taiwan Stock Exchange) rises. You randomly select
102 days from the past 20 years for the SET and 102 days from the past 20 years for

the TWSE. You assume each day is independent of one another, the stock exchanges
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movements are independent and that the true unknown probably that the SET rises

and the TWSE rises is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises is less than the TWSE. Use a = 0.05.
Do not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.39. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
for p; and for ps the TWSE (Taiwan Stock Exchange) rises. You randomly select
99 days from the past 20 years for the SET and 101 days from the past 20 years for
the TWSE. You assume each day is independent of one another, the stock exchanges
movements are independent and that the true unknown probably that the SET rises

and the TWSE rises is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises is not equal to the TWSE. Use a = 0.05.
Do not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.40. You are investigating the probability of the stock market having
a positive day. A positive day is defined as the SET (Stock Exchange of Thailand)
for p; and for p, the TWSE (Taiwan Stock Exchange) rises. You randomly select
96 days from the past 20 years for the SET and 104 days from the past 20 years for

the TWSE. You assume each day is independent of one another, the stock exchanges
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movements are independent and that the true unknown probably that the SET rises

and the TWSE rises is constant although unknown for the past 20 years.

(a) Test if the true probability the SET rises is less than the TWSE. Use a = 0.05.

Do not use a continuity correction factor.

(b) Create a two-sided 95% confidence interval.

5.5.5 Omne-Sample T-test Exercises

EXERCISE 5.5.41. Use the data below to answer the following questions.

511.43 516.73 510.84 498.68 495.68

Table 5.78: Randomly selected bank savings account
data in U.S. dollars.

(a) Test if the population mean is not equal to p = 500.15. Use a = 0.05.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.42. Use the data below to answer the following questions.

490.81 498.44 506.33 492.15 485.27 488.16 496.32

Table 5.79: Randomly selected bank savings account
data in U.S. dollars.
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(a) Test if the population mean is not equal to p = 490.59. Use a = 0.05.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.43. Use the data below to answer the following questions.

519.93 501.40 523.32 498.81

Table 5.80: Randomly selected bank savings account

data in U.S. dollars.

(a) Test if the population mean is not equal to p = 546.98. Use a = 0.05.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.44. Use the data below to answer the following questions.

494.62 484.64 482.23 499.97

Table 5.81: Randomly selected bank savings account

data in U.S. dollars.

(a) Test if the population mean is less than p = 504.89. Use a = 0.05.

(b) Create a two-sided 95% confidence interval.
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EXERCISE 5.5.45. Use the data below to answer the following questions.

482.67 498.59 494.63 494.42 500.27 510.62 494.62 496.77 499.58 476.80

Table 5.82: Randomly selected bank savings account

data in U.S. dollars.

(a) Test if the population mean is greater than p = 493.76. Use a = 0.05.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.46. Use the data below to answer the following questions.

500.23 508.87 495.88 516.70 502.07 493.71 506.69

Table 5.83: Randomly selected bank savings account

data in U.S. dollars.

(a) Test if the population mean is not equal to pu = 497.42. Use o = 0.05.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.47. Use the data below to answer the following questions.

498.02 483.12 506.97 485.65 512.74 497.50 501.55 502.76

Table 5.84: Randomly selected bank savings account

data in U.S. dollars.

(a) Test if the population mean is greater than pu = 496.82. Use a = 0.05.
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(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.48. Use the data below to answer the following questions.

499.30 495.34 489.28 514.72

Table 5.85: Randomly selected bank savings account
data in U.S. dollars.

(a) Test if the population mean is less than p = 500.18. Use a = 0.05.

(b) Create a two-sided 95% confidence interval.

EXERCISE 5.5.49. Use the data below to answer the following questions.

504.44 515.16

Table 5.86: Randomly selected bank savings account
data in U.S. dollars.

(a) Test if the population mean is greater than p = 507.02. Use a = 0.05.

(b) Create a two-sided 95% confidence interval.
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EXERCISE 5.5.50. Use the data below to answer the following questions.

20791 501.79 486.84 514.70 489.75 501.56 509.28

Table 5.87: Randomly selected bank savings account

data in U.S. dollars.

(a) Test if the population mean is not equal to p = 510.21. Use o = 0.05.

(b) Create a two-sided 95% confidence interval.

5.5.6 Two Sample T-test - Equal variances assumed Exer-

cises

EXERCISE 5.5.51. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. Also assume the variances are equal.

7225.84 T517.19 7466.25 7485.31 T7218.93

Table 5.88: Randomly selected bank savings account

data in U.S. dollars of women.

7465.09 7346.55 7345.25 7005.45 7067.95 7294.74 7103.14

Table 5.89: Randomly selected bank savings account

data in U.S. dollars of men.
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(a) Test if the population mean savings of women is greater than men. Use a =

0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.52. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. Also assume the variances are equal.

7693.39 T177.44 7550.21 7387.35 T648.23

Table 5.90: Randomly selected bank savings account

data in U.S. dollars of women.

8170.84 7854.56 7827.07 7825.95 7959.07 7819.63 7986.02 8043.40

Table 5.91: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is less than men. Use a = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.53. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. Also assume the variances are equal.

7335.28 7682.37 7611.14 7361.06

Table 5.92: Randomly selected bank savings account

data in U.S. dollars of women.
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7901.55 7570.49 7535.67 7492.01

Table 5.93: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is less than men. Use a = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.54. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. Also assume the variances are equal.

7505.15 7772.00 7599.81 7596.26 7452.18 7472.88 7505.98

Table 5.94: Randomly selected bank savings account

data in U.S. dollars of women.

7232.18 7041.23 7166.57 7030.32 7359.85 7309.10

Table 5.95: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is greater than men. Use o =

0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.55. Use the data below to answer the following questions. Assume
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the data comes from a normal distribution. Also assume the variances are equal.

7598.42 710293 7726.92 7485.71 7379.37 7565.11 7588.52

Table 5.96: Randomly selected bank savings account

data in U.S. dollars of women.

7379.92  7829.79 7386.90 7672.01 7097.16 7618.63 7075.15 7025.09 7530.69

Table 5.97: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is greater than men. Use oo =

0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.56. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. Also assume the variances are equal.

7167.57 7319.28 7557.03 7567.24 7713.46 7519.02 7839.12 7341.21 7582.84

Table 5.98: Randomly selected bank savings account

data in U.S. dollars of women.



254 CHAPTER 5. INTRODUCTION TO INFERENTIAL STATISTICS

7337.80 7432.61 7326.26

Table 5.99: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is greater than men. Use oo =

0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.57. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. Also assume the variances are equal.

7639.28 7877.66 7209.00 7511.97 7703.12 7819.04

Table 5.100: Randomly selected bank savings account

data in U.S. dollars of women.

7587.07 721248 7739.01 745543 7300.69 7255.40 7475.13 742220 7654.95

Table 5.101: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is less than men. Use a = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.58. Use the data below to answer the following questions. Assume
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the data comes from a normal distribution. Also assume the variances are equal.

7553.87 777214 7752.89 8047.44 7763.90 7632.66 7547.67

Table 5.102: Randomly selected bank savings account

data in U.S. dollars of women.

7915.25 7968.97 7717.82 7T788.20 7655.13 7658.98 7285.52 T754.79 7605.84

Table 5.103: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is less than men. Use a = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.59. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. Also assume the variances are equal.

7519.03 7707.48 7681.31 7482.55

Table 5.104: Randomly selected bank savings account

data in U.S. dollars of women.
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7605.23 7813.90 7572.58 7T412.41 T658.36

Table 5.105: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is greater than men. Use oo =
0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.60. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. Also assume the variances are equal.

7635.18 7206.64 7590.27 7191.26

Table 5.106: Randomly selected bank savings account

data in U.S. dollars of women.

7620.93 7734.67 7273.34 7383.45 7312.91 7069.93

Table 5.107: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is greater than men. Use a =
0.05.

(b) Create a two-sided 95% confidence interval for the difference.
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5.5.7 Two Sample T-test - Equal variances not assumed Ex-

ercises

EXERCISE 5.5.61. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. Also assume the variances are unequal.

7523.41 7437.08 7338.19 7415.50 7638.34

Table 5.108: Randomly selected bank savings account

data in U.S. dollars of women.

7273.77  7231.20 7140.85 7094.92 6903.09 7493.58

Table 5.109: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is not equal to men. Use o = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.62. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. Also assume the variances are unequal.

7299.15 7495.16 7674.21 7442.27 75381.87 7326.55

Table 5.110: Randomly selected bank savings account

data in U.S. dollars of women.
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6998.72 7466.48 7277.35 7333.27 7322.83 T7337.85

Table 5.111: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is greater than men. Use oo =

0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.63. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. Also assume the variances are unequal.

7509.22 7319.94 7665.07 7707.58 7364.69 T7377.69

Table 5.112: Randomly selected bank savings account

data in U.S. dollars of women.

7380.62 7315.53 T7113.54 7317.64 7549.99 7404.72

Table 5.113: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is greater than men. Use a =

0.05.

(b) Create a two-sided 95% confidence interval for the difference.
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EXERCISE 5.5.64. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. Also assume the variances are unequal.

7592.51 T7193.81 7569.57 T7117.89 7924.66

Table 5.114: Randomly selected bank savings account

data in U.S. dollars of women.

7409.05 7504.03 7641.22 T7182.75 T782.20

Table 5.115: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is less than men. Use av = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.65. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. Also assume the variances are unequal.

7566.30 7471.68 7445.80

Table 5.116: Randomly selected bank savings account

data in U.S. dollars of women.
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7246.49 7417.66 8094.39 7219.45 7588.39

Table 5.117: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is less than men. Use a = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.66. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. Also assume the variances are unequal.

7678.85 7963.18 7164.40 7593.50 T668.11

Table 5.118: Randomly selected bank savings account

data in U.S. dollars of women.

7481.23 7347.14 7301.77 7709.10 7163.56

Table 5.119: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is not equal to men. Use o = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.67. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. Also assume the variances are unequal.
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7384.92 7376.13 7666.42 7483.36 T312.78 7678.23 7565.21 7540.48

Table 5.120: Randomly selected bank savings account

data in U.S. dollars of women.

7732.66 7539.47 7496.76 7466.83 7436.19

Table 5.121: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is less than men. Use av = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.68. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. Also assume the variances are unequal.

7629.81 7410.73 7394.48 7242.63

Table 5.122: Randomly selected bank savings account

data in U.S. dollars of women.
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7451.81 7310.54 7569.30 7524.42 7192.04 7545.43 7295.89

Table 5.123: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is greater than men. Use oo =

0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.69. Use the data below to answer the following questions. Assume

the data comes from a normal distribution. Also assume the variances are unequal.

7533.74 7763.08 7476.79 7551.07 7408.11 7573.48 7511.34

Table 5.124: Randomly selected bank savings account

data in U.S. dollars of women.

7578.37 7678.07 T476.56 T757.14 7384.40 T779.96

Table 5.125: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is not equal to men. Use av = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.70. Use the data below to answer the following questions. Assume
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the data comes from a normal distribution. Also assume the variances are unequal.

773530 7673.13 7540.48 7567.95 7473.13

Table 5.126: Randomly selected bank savings account

data in U.S. dollars of women.

8010.86 7276.33 7483.19 7631.02

Table 5.127: Randomly selected bank savings account

data in U.S. dollars of men.

(a) Test if the population mean savings of women is less than men. Use a = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

5.5.8 Paired T-test Exercises

EXERCISE 5.5.71. Use the data below to answer the following questions.

Before After

76.05 77.40
78.79  79.20
74.07 76.57
66.48 72.68
68.36  72.45
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Table 5.128: Before and after training exam scores.

(a) Test if the population mean exam score after is greater than before training.
Use a = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.72. Use the data below to answer the following questions.

Before After

76.94 80.71
76.76  76.91
70.23 76.83
68.36  71.89
75.70 77.18
76.53 78.48
79.30  84.29
71.58 73.69
76.29 76.88

Table 5.129: Before and after training exam scores.

(a) Test if the population mean exam score after is greater than before training.
Use a = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.
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EXERCISE 5.5.73. Use the data below to answer the following questions.

Before

After

75.63
73.64
77.20
72.38
72.90

76.08
75.09
77.65
74.71
74.67

Table 5.130: Before and after training exam scores.
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(a) Test if the population mean exam score after is not equal to before training. Use

a = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.74. Use the data below to answer the following questions.

Before

After

68.26
71.87
82.50
72.09
73.54

75.10
81.45
86.87
74.31
79.03

Table 5.131: Before and after training exam scores.



266 CHAPTER 5. INTRODUCTION TO INFERENTIAL STATISTICS

(a) Test if the population mean exam score after is greater than before training.
Use a = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.75. Use the data below to answer the following questions.

Before After

73.58 79.94
76.07 79.39
80.59 81.44

Table 5.132: Before and after training exam scores.

(a) Test if the population mean exam score after is not equal to before training. Use
a = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.76. Use the data below to answer the following questions.

Before After

78.56 79.11
73.39  92.57
82.09 82.55
68.24 76.01

Table 5.133: Before and after training exam scores.
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(a) Test if the population mean exam score after is not equal to before training. Use
a = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.77. Use the data below to answer the following questions.

Before After

72.00 73.42
80.25 84.29
74.79  76.98
73.58 73.80
81.38 88.60
73.66 74.38
73.38 77.46

Table 5.134: Before and after training exam scores.

(a) Test if the population mean exam score after is less than before training. Use
a = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.78. Use the data below to answer the following questions.
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Before After

78.12 83.17
72.15 73.92
76.94 82.67
73.93 81.20
74.04 82.81
71.09 74.43

Table 5.135: Before and after training exam scores.

(a) Test if the population mean exam score after is less than before training. Use
a = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.79. Use the data below to answer the following questions.

Before After

77.66 80.80
78.58 81.84
81.08 82.18
76.16  79.80
74.91 75.61
76.73 77.39

Table 5.136: Before and after training exam scores.
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(a) Test if the population mean exam score after is not equal to before training. Use
a = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

EXERCISE 5.5.80. Use the data below to answer the following questions.

Before After

80.29 88.74
78.85 82.39
77.63 80.62
74.16  77.30
72.37 73.84
72.94 78.06
70.73  77.20

Table 5.137: Before and after training exam scores.

(a) Test if the population mean exam score after is less than before training. Use
a = 0.05.

(b) Create a two-sided 95% confidence interval for the difference.

5.5.9 Multiple Choice

Use a = 0.05, where appropriate, to answer the following questions. Click "Begin”

and when you are finished click "End.”



270 CHAPTER 5. INTRODUCTION TO INFERENTIAL STATISTICS

Begin Multiple Choice Questions

1. Hypothesis testing is used to learn more about the sample and does not concern

about the target population.
(a) True

(b) False

2. You believe that the average time spent in meetings for male managers is longer
than that of female managers. Men and women will be denoted by a m and w,

respectively. Select the appropriate null and alternative hypothesis.
(a) Ho : i < i and Hy @ f > floy
(b) Hy : T, < Ty and Hy : Ty, > Ty
(¢) Ho: pim > i and Hy @ flyy < floy

(d) Ho : T > Ty and Hy @ Ty < Ty,

3. You believe that the average income of people in Bangkok is less than 30,000
baht. You collect an SRSWOR from Bangkok of 100 people. What test should

you use?

(a) One Sample Z-test of Proportions
(b) Two Sample Z-test of Proportions
(c) One Sample T-test

(d) Two Sample T-test

(e) Paired T-test
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4. You believe the average income of men in Bangkok is less than 35,000 baht. You

collect an SRSWOR from Bangkok of 100 men. What test should you use?
(a) One Sample Z-test of Proportions

(b) Two Sample Z-test of Proportions

(c) One Sample T-test

(d) Two Sample T-test

(e) Paired T-test

5. You believe the average income of men in Bangkok is less than women. You

collect an SRSWOR from Bangkok of 100 people. What test should you use?
(a) One Sample Z-test of Proportions

(b) Two Sample Z-test of Proportions

(c) One Sample T-test

(d) Two Sample T-test

(e) Paired T-test

6. You believe the percentage of people in Bangkok that are unemployed is less
than 15%. You collect an SRSWOR from Bangkok of 100 people. What test

should you use?

(a) One Sample Z-test of Proportions
(b) Two Sample Z-test of Proportions
(¢) One Sample T-test

(d) Two Sample T-test
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(e) Paired T-test

7. You believe that the percentage of men in Bangkok that are unemployed is less
than of women. You collect an SRSWOR from Bangkok of 100 people. What

test should you use?

(a) One Sample Z-test of Proportions
(b) Two Sample Z-test of Proportions
(¢) One Sample T-test

(d) Two Sample T-test

(e) Paired T-test

8. You believe that within married couples husbands are older than wives on aver-
age. You collect an SRSWOR from Bangkok of 100 married couples. What test

should you use?

(a) One Sample Z-test of Proportions
(b) Two Sample Z-test of Proportions
(c) One Sample T-test

(d) Two Sample T-test

(e) Paired T-test

9. You believe the percentage of men in Bangkok is greater than that of women.
You collect an SRSWOR from Bangkok of 100 people. What test should you

use?

(a) One Sample Z-test of Proportions
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10.

11.

12.

(b) Two Sample Z-test of Proportions
(c) One Sample T-test
(d) Two Sample T-test

(e) Paired T-test

The government wants to determine if more than 30% of Thai people living in
Bangkok use the sky train. The government takes a random sample of 1000
people from all people living in Bangkok. The statistician creates the null hy-
pothesis and alternative hypothesis as, Hy : 7 < 30% and H; : # > 30%, then
enters the data and gets a two-sided p-value of 0.0014. Question: Do you believe
more than 30% of people in Bangkok use the sky train?

(a) You think m < 30%.

(b) You think 7 > 30%.

(c¢) Given the information you are not sure.

You are producing pens. The mean length should be 12 c¢m, not less than nor
greater than 12 cm. Hy : g = 12 cm and Hy @ o # 12 ecm. You collect data on

100 randomly selected pens produced and find that z = 11.95 and s = 2 cm.
(a) You think p = 12 cm, fail to reject Hy.
(b) You think p # 12 cm, reject H.

(c) Given the information you are not sure.

You are producing pens. The mean length should be 12 cm, not less than nor

greater than 12 cm. Hy : = 12 cm and H; : o # 12 cm You collect data on 100
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randomly selected pens produced and find z = 12.00 and s = 2 cm.
(a) You think the machine is working great.
(b) You think the machine is working alright.

(c) You think the machine is not working well and producing a lot of pens that

can’t be sold.

13. A marketing campaign using a letter to sell water guns is mailed in Decem-
ber. The same campaign using a postcard to sell water guns is mailed at the
end of March. You believe postcards will yield a better response rate than let-
ters. The statistician creates the null hypothesis and alternative hypothesis as,
Hy @ Tietters > Tposteards and Hy @ Tetters < Tposteards; then enters the data and
calculates the appropriate one-sided p-value of 0.000024 and Dietters < Dposteards-

Question: Are postcards better for selling water guns?

(a) Letters are better than postcards to sell water guns.

(b) Letters are worse than postcards to sell water guns.

(c) Letters are equal to or better than postcards to sell water guns.

(d) Given the information you are not sure which is better, letters or postcards

to sell water guns.

14. You are a manager in a retail store. You are thinking of selling mens boxer briefs
(type of underwear). You want to find out what percentage of people that visit
your store are interested in purchasing this item of clothing. An employee decides
to help and asks the first 200 people that arrive at your store on Wednesday and

asks if they are interested. Then your employee creates a 95% C.1. for you, and
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it is (7.5%,8.5%). If you believe that more than 10% of all visitors to your store

are interested, you plan to sell boxers. From this information you decide:
(a) to sell boxers.
(b) not to sell boxers.

(c) still undecided about selling boxers.

End Multiple Choice Questions

5.5.10 Assignment

This assignment involves analyzing data from a survey from randomly selected peo-
ple within Bangkok. Data can be found at a link from my website:

www.learnviaweb.com/datasets/datasets.html. The survey responses were simulated.
The data is saved in a comma delimited file. You must analyze the data to answer
the questions below. There is a dataset for each student. Use the last two digits of
your student id# to select the data file. The goal of this assignment as with most
assignments is to learn. Although each person has his or her own dataset, you may
ask people for help. In addition, you must make graphs using excel, supporting your
conclusions. Use an a = 0.05 for hypothesis testing. The deliverable is a PowerPoint
slide of the graph from Excel with your conclusion for each question and place sup-
porting computer output in the appendix. There are two possible answers for each

question:

1. Yes we feel confidently from the sample that ...
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No, there is insufficient evidence in the sample to confidently state that ...

Note: In the data file a ”1” means the attribute has the property and a ”0” represents

the attribute does not have the property. For gender a ”1” represents a male. The

material covered in this chapter is not enough to answer all the questions below.

Some questions may require ANOVA and Chi-Squared test, which will be covered in

the following chapters.

10.

. Less than 70% of people in Bangkok have internet.

A higher percentage of men have Internet than women.

. Women use the phone more than men.

On average people use the phone more than 390 minutes per month.

More than 85% of all people are working.

. A higher percentage of men are working than women.

The average usage of the phone of working people is less than that of non-

working people.

There exists a relationship between the cable company chosen (or no cable)

and gender.
The average age of people is not the same for each cable company.

The average usage of the phone of people with Internet is less than those

without Internet.



Various Chi-Square Tests and

Analysis of Variance

6.1. Introduction to Chi-Square For Categorical Data

The Chi-Square test can be used to test three different hypotheses. Chi-Square tests

can test:

1. Goodness of Fit
2. Independence

3. Homogeneity

Fortunately, to calculate the Chi-Square test statistic it is structurally the same for

each of the three tests.

277
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One Variable With More Than Two Categories:

Test of Goodness of Fit

This test can be performed on two categories, but technically one could use the

binomial test using the one sample z-test of proportions.

The assumptions for using the Chi-Square test are:

1. The data come from a random sample. Note: this is stan-

dard for most statistical tests.
2. The data are count data, frequencies.

3. This test is an approximation, and for the test statistic
to have an approximate x? distribution, and the expected

frequency in each cell should be at least 5.

6.1.1 Goodness of Fit Test

The test below is for a single categorical variable. The null hypothesis and alternative

hypothesis for the goodness of fit test are

Hy:m =mi, T2 = Tog,..., Tk = Tgo, and

H, : At least one of the probabilities does not equal its hypothesized value.
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The 79,2y, ..., Tk represent the hypothesized probabilities of each category. The

Chi-Squared test statistic is:

where O; is the observed frequency and E; = nm; is the expected frequency. The
test statistic follows, approximately, a Chi-squared distribution with £ — 1 degrees of

freedom.

For example, imagine that it is believed that for mobile phones black is chosen
70% of the time, then pink at 20% and others at 10%. This would be the null
hypothesis.

HO - Thlack = '7a Tpink = .2 and Tothers = -1

The researcher decides to reject the null hypothesis at an alpha level of 0.05. A
random sample of 100 people that have mobile phones are asked the color of their
phone. From the survey, 75 people have black phones, 10 people pink, and 15 another
color. Thus

, (75—=70)2  (10-20)* (15— 10)?

X = 20 + 20 + 10 = 7.857

which has approximately a Chi-squared distribution with (3-1) degrees of freedom.
Thus since 7.857 > 5.991 the researcher decides to reject the null hypothesis and be-
lieves that the percent of black, pink and other phones are not the percent previously

believed.
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6.1.2 Independence and Homogeneity Test

The test below is used when investigating the relationship between two categorical

variables.

2~ [0y — Eyl?
X _Z E 9

ij
where O;; is the observed frequency and Ej;; is the expected frequency. Fj;; equals
the product of the total of row ¢ and total of column 5 divided by n, the overall total.

Using mathematical notation

B, = 2 X0
see Table ?7?7. The Chi-squared statistic has an approximate Chi-squared distribution
with (R —1)(C — 1) degrees of freedom (d.f), where R is the number of rows and C
is the number of columns. For example say a researcher wants to investigate gender
and religion. Gender (male/female) and religion will be broken into three categories:
Buddhist, Christian, and other. The Chi-Squared test can be thought of testing
either, independence of gender and religion or homogeneity of proportions between
gender and religion. The reason is that if there is no association (independence)

between gender and religion, then the proportion of men and women of each religion

should be the same and vice versa.

6.2. Analysis of Variance

Analysis of variance, or ANOVA for short, is used to test if the population means of

several groups are all equal or if at least one of the groups has a population mean
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Column
1 2 .- C  Row Totals
I On O -+ Oq O14
Row 2 On Oy -+ O Oy
r 07"1 Or2 T Orc Or—l—
Column Totals O,y O -+ Oy n

Table 6.1: General R by C' crosstab (Contingency Table).
that differs. Thus the null hypothesis and alternative hypothesis for testing k groups
is
Ho:pn = po ="+ =y, and
Hy : p; # pj for at least one ¢ and j combination.

ANOVA tests the equality of the populations means by comparing variances —
thus the name analysis of variance. An important question to answer before cover-
ing ANOVA further is a "Why is ANOVA useful; why not multiple t-tests?” Each
hypothesis test has a probability of « of rejecting the null hypothesis even if the null
hypothesis is true, a type I error. The latter statement is true for a t-test as well.

Thus
1. One t-test has a probability of type I error equal to 1 — (1 — a)! = a.
2. Two t-tests have a probability of type I error equal to 1 — (1 — ).
3. Three t-tests have a probability of type I error equal to 1 — (1 — «)?.

4. Four t-tests have a probability of type I error equal to 1 — (1 — a)*.
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5. ete.

To test if one or more of the population means differs from any of the others for k
groups, you have to do (g) t-tests. If k = 5, then you have to test (g) = 10 t-tests
and the probability of type one error for any of the ten tests with an a = 0.05 equals
1 — (1 —.05)'° = 0.401, larger than 40%. That is an extremely high probability of
making a type one error or any error for that matter.

Using ANOVA to test if the population means of several groups are all equal or

if at least one of the groups has a population mean that differs using «, yields the

desired probability of a type I error of «.

6.2.1 One-way ANOVA

One-way ANOVA is used when you have a single categorical variable and a single
continuous variable. It is called one-way ANOVA since there is only a single cate-
gorical variable. This chapter will also cover two-way ANOVA, which gets its name
from the fact that it involves two categorical variables. This chapter does not go into
depth about one-way nor two-way ANOVA as they can be viewed as general linear
models with a single continuous dependent variable and one or two categorical in-
dependent variables. General linear models will be covered in the following chapter.

The assumptions for using a one-way ANOVA are:

1. The samples for each group are from a simple random sample, and units are

independent of one another.

2. Groups differ by only the factor being studied; everything is the same except
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for the factor being studied.
3. Data come from a normal distribution.

4. Equal variance across the groups, this assumption is more robust to departure

when the sample size for all groups is equal.
The overall variation, SST, can be broken into two parts:

1. The variation among the groups or sums of squares among (SSA), resulting

from the differences among the group means.

2. The variation within the groups or sums of squared error (SSE), resulting from

the unattributable randomness within the groups.

SST =SSA+ SSE
nj k nj

(g =T =D ni(Z; =)+ )Y (w55 — ;)

j=1 i=1 j=1 j=1 i

where Z is the overall average, Z ; is the average of the 4t group, and x;; is the ith
observation of the j group. The total sample size is denoted n which equals the
sum of the samples from all groups, n = Zle n;, where the number of groups is k.

The mean sum of squares for the among and error are MSA:”E%1 and MSE:*ZST%,

respectively. If the statistic F' = %—gg is large then we reject the null hypothesis,

where large can be determined by the p-value in the computer output. As with the

previous chapters on hypothesis testing, if the p-value is less than a we reject the null
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Source  Sum of Squares (SS) Degrees of Freedom Mean Square (MS) F-value

Factor A SSA kE—1 MSA=2524 As4
Error SSE n—=k MSE:*ZST%
Total SST n—1

Table 6.2: One-way ANOVA table, with a total of n observations.

hypothesis. The concept is that if the variation among the groups is large relative
to within the groups then it is the result that at least one of the population means
differs. Figure ?7? illustrates this concept. A typical one-way ANOVA table looks
like Table 77?.

From ANOVA we can determine whether the population group means differ or
not. We cannot determine which population means differ if they differ. There exist
various post hoc tests to determine which population means differ among the groups.
One common post hoc test used is called the Bonferoni test. The test is a multiple
comparison test, comparing all possible combinations of the groups. To determine
whether or not the population means of two groups differ using a Bonferoni test, a

p-value less than o can also be used.

6.2.2 Two-way ANOVA

Two-way ANOVA handles two categorical variables. Two-way ANOVA can also
investigate the interaction of the two categorical variables and its relation to the
continuous dependent variable. For a two-way ANOVA the the sums of squares total

can be broken down into four sums of squares, the sums of squares of factor A, sums
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‘Group1 | |Group2| ‘Group3| |Group4| |Group5|
L * L * *
L L L L L —
L L L L L x
L L L L L

x =X, MSA=0 MSE>0 I'=0
Fail to reject H,,

‘Group1 | |Group2| ‘Group3| |Group4| |Group5|

X #x, MSA=large MSE =small F =large
Reject H,,

Figure 6.1: Hlustrating the concept behind ANOVA.
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of squares factor B, sums of squares of the interaction of A and B, plus the sums of

squares error. Where the relevant sums of squares are denoted below:

a b c
SST = Z Z Z(x”k - f...)Qa
i=1 j=1 k=1

SSA=be (7. —7..),
i=1

b
SSB :acZ(f.j. —z.)%

J=1

a b
SSAB =cY Y (2 — 7. — 25 +1..)% and

i=1 j=1

a b c
SSE = Z Z Z(Iz]k - !fz‘j.)27

i=1 j=1 k=1

where there are a levels for factor A and b levels for factor B and ¢ observations at

each factor combination. Thus there are n = abc total observations. For two-way
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ANOVA with interaction the sums of squares total are broken down as follows:

SST =SSA+ SSB+ SSAB + SSE

a b c a
Z (zijp — 2..)° :ch(Il -z.)%+
i=1 j=1 k=1 i=1
b
acZ(jj -z.)%+
j=1
a b
YO (@i —E - Ty T
i=1 j=1
a b c
ZZZ(%k — fij.)Qa
i=1 j=1 k=1

where

C
_ 1
Lig. = — § Lijks
c
k=1
1 b c
Zi. = e E E Tijk,

j=1 k=1

a (&
_ 1
Tj = — E E Z%‘kz,and
ac

i=1 k=1

a b c

_ 1
A R

i=1 j=1 k=1

A typical two-way ANOVA table with interaction looks like Table 77.
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Source  Sum of Squares (SS) Degrees of Freedom Mean Square (MS) F-value

Factor A SSA a—1 MSA:% %_gg
Factor B SSB b—1 MSB=258 MsB
Factor AB SSAB (a—1)(b—1) MSAB:(a_f%‘_l) e
Error SSE ab(c —1) MSE= alifi)
Total SST abc — 1

Table 6.3: Two-way ANOVA table with interaction and c observations at each factor
combination.

6.3. Examples
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6.3.1 Chi-Square Test Examples

EXERCISE 6.3.1. Perform a chi-square test on the following resulting survey data,

set o = 0.05.

Staff Manager Senior Manager

Yes 68 54 53
No 47 58 67
Not Sure | 64 60 67

Table 6.4: The survey results



290CHAPTER 6. VARIOUS CHI-SQUARE TESTS AND ANALYSIS OF VARIANCE

EXERCISE 6.3.2. Perform a chi-square test on the following resulting survey data,

set o« = 0.05.

Staff Manager Senior Manager

Yes 68 72 73
No 53 75 72
Not Sure | 80 53 81

Table 6.5: The survey results
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EXERCISE 6.3.3. Perform a chi-square test on the following resulting survey data,

set o« = 0.05.

Staff Manager Senior Manager

Yes 74 79 55
No 65 58 67
Not Sure | 61 65 68

Table 6.6: The survey results
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EXERCISE 6.3.4. Perform a chi-square test on the following resulting survey data,

set o« = 0.05.

Staff Manager Senior Manager

Yes 77 73 64
No 57 58 59
Not Sure | 70 55 81

Table 6.7: The survey results
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EXERCISE 6.3.5. Perform a chi-square test on the following resulting survey data,

set o« = 0.05.

Staff Manager Senior Manager

Yes 86 53 53
No 56 67 53
Not Sure | 64 71 66

Table 6.8: The survey results
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6.3.2 Analysis of Variance Examples

EXERCISE 6.3.6. Solve for all the parts in the ANOVA table.

Factor Response
1 1.0 -0.2
2 1.0 -3.9
3 2.0 -1.2
4 2.0 6.8
) 3.0 3.7
6 3.0 5.5

Table 6.9: The results from the experiment.
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EXERCISE 6.3.7. Solve for all the parts in the ANOVA table.

Factor Response
1 1.0 4.4
2 1.0 2.9
3 2.0 1.4
4 2.0 2.6
5 3.0 1.9
6 3.0 -2.7

Table 6.10: The results from the experiment.

295
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EXERCISE 6.3.8. Solve for all the parts in the ANOVA table.

Factor Response
1 1.0 1.3
2 1.0 3.1
3 2.0 5.1
4 2.0 3.6
5 3.0 5.1
6 3.0 8.8

Table 6.11: The results from the experiment.
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EXERCISE 6.3.9. Solve for all the parts in the ANOVA table.

Factor Response
1 1.0 -0.9
2 1.0 2.4
3 2.0 7.8
4 2.0 3.0
5 3.0 3.3
6 3.0 5.0

Table 6.12: The results from the experiment.

297
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EXERCISE 6.3.10. Solve for all the parts in the ANOVA table.

Factor Response
1 1.0 0.7
2 1.0 3.0
3 2.0 6.1
4 2.0 -2.0
5 3.0 -0.1
6 3.0 -1.2

Table 6.13: The results from the experiment.



6.4. EXERCISES 299

6.4. Exercises

6.4.1 Chi-Square Test Examples

EXERCISE 6.4.1. Perform a chi-square test on the following resulting survey data,

set o« = 0.05.

Staff Manager Senior Manager

Yes 63 69 62
No 58 64 60
Not Sure | 57 63 78

Table 6.14: The survey results

EXERCISE 6.4.2. Perform a chi-square test on the following resulting survey data,

set o = 0.05.

Staff Manager Senior Manager

Yes 82 69 60
No 58 62 65
Not Sure | 65 65 85

Table 6.15: The survey results



300CHAPTER 6. VARIOUS CHI-SQUARE TESTS AND ANALYSIS OF VARIANCE

EXERCISE 6.4.3. Perform a chi-square test on the following resulting survey data,

set o« = 0.05.

Staff Manager Senior Manager

Yes 68 61 60
No 57 76 63
Not Sure | 69 70 79

Table 6.16: The survey results

EXERCISE 6.4.4. Perform a chi-square test on the following resulting survey data,

set o = 0.05.

Staff Manager Senior Manager

Yes 82 68 63
No 76 59 55
Not Sure | 67 61 88

Table 6.17: The survey results
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EXERCISE 6.4.5. Perform a chi-square test on the following resulting survey data,

set o« = 0.05.

Staff Manager Senior Manager

Yes 73 66 50
No 66 51 52
Not Sure | 55 57 77

Table 6.18: The survey results

EXERCISE 6.4.6. Perform a chi-square test on the following resulting survey data,

set o« = 0.05.

Staff Manager Senior Manager

Yes 78 66 60
No 69 47 59
Not Sure | 66 53 81

Table 6.19: The survey results
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EXERCISE 6.4.7. Perform a chi-square test on the following resulting survey data,

set o« = 0.05.

Staff Manager Senior Manager

Yes 70 67 48
No 56 55 58
Not Sure | 58 56 69

Table 6.20: The survey results

EXERCISE 6.4.8. Perform a chi-square test on the following resulting survey data,

set o = 0.05.

Staff Manager Senior Manager

Yes 67 55 58
No 56 53 56
Not Sure | 66 48 86

Table 6.21: The survey results
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EXERCISE 6.4.9. Perform a chi-square test on the following resulting survey data,

set o« = 0.05.

Staff Manager Senior Manager

Yes 73 58 64
No 57 55 65
Not Sure | 55 67 66

Table 6.22: The survey results

EXERCISE 6.4.10. Perform a chi-square test on the following resulting survey data,

set o« = 0.05.

Staff Manager Senior Manager

Yes 69 60 64
No 78 63 58
Not Sure | 46 60 81

Table 6.23: The survey results
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6.4.2 Analysis of Variance Examples

EXERCISE 6.4.11. Solve for all the parts in the ANOVA table.

Factor Response
1 1.0 1.0
2 1.0 -1.0
3 2.0 -2.2
4 2.0 -0.3
5 3.0 3.4
6 3.0 -0.1

Table 6.24: The results from the experiment.

EXERCISE 6.4.12. Solve for all the parts in the ANOVA table.

Factor Response

1 1.0 -2.8
2 1.0 2.8
3 2.0 0.8
4 2.0 -0.1
3.0 1.7

6 3.0 3.8

Table 6.25: The results from the experiment.
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EXERCISE 6.4.13. Solve for all the parts in the ANOVA table.

Factor Response
1 1.0 6.4
2 1.0 3.0
3 2.0 8.8
4 2.0 2.3
5 3.0 5.3
6 3.0 -1.5

Table 6.26: The results from the experiment.

EXERCISE 6.4.14. Solve for all the parts in the ANOVA table.

Factor Response
1 1.0 4.3
2 1.0 4.4
3 2.0 -0.6
4 2.0 1.0
) 3.0 1.0
6 3.0 8.8

Table 6.27: The results from the experiment.
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EXERCISE 6.4.15. Solve for all the parts in the ANOVA table.

Factor Response
1 1.0 3.5
2 1.0 -0.5
3 2.0 3.7
4 2.0 -1.1
5 3.0 3.8
6 3.0 3.4

Table 6.28: The results from the experiment.

EXERCISE 6.4.16. Solve for all the parts in the ANOVA table.

Factor Response
1 1.0 0.9
2 1.0 1.3
3 2.0 4.8
4 2.0 0.8
) 3.0 3.5
6 3.0 2.2

Table 6.29: The results from the experiment.
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EXERCISE 6.4.17. Solve for all the parts in the ANOVA table.

Factor Response
1 1.0 2.4
2 1.0 2.2
3 2.0 4.0
4 2.0 -0.4
5 3.0 0.9
6 3.0 -0.6

Table 6.30: The results from the experiment.

EXERCISE 6.4.18. Solve for all the parts in the ANOVA table.

Factor Response
1 1.0 -0.5
2 1.0 -2.1
3 2.0 5.0
4 2.0 1.2
) 3.0 1.5
6 3.0 5.9

Table 6.31: The results from the experiment.
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EXERCISE 6.4.19. Solve for all the parts in the ANOVA table.

Factor Response
1 1.0 4.2
2 1.0 1.9
3 2.0 0.2
4 2.0 3.4
5 3.0 2.8
6 3.0 3.8

Table 6.32: The results from the experiment.

EXERCISE 6.4.20. Solve for all the parts in the ANOVA table.

Factor Response
1 1.0 -0.7
2 1.0 2.7
3 2.0 1.7
4 2.0 2.0
) 3.0 5.9
6 3.0 1.5

Table 6.33: The results from the experiment.



Introduction to General Linear

Models

7.1. Simple Linear Regression

Simple linear regression involves two variables, a dependent (y) and an independent
variable (z). The term ”simple” in simple linear regression refers to the fact that
there is only a single dependent and independent variable. Simple linear regression

assumes a linear relationship between y and .

The Simple Linear Regression Model For n

Observations

yi:/60+ﬁlxi+€ia i:1,2,...,n,

309
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where

E(y) = By + piz, the expected value of y given a value of .
e The ¢; = Random error component and the Ef¢;] =0 Vi
— The error for each observation is assumed to be independent of one an-
other. cov(e;,€;) =0, i#7j

— the variance of the error is assumed to be the same regardless of the value

of x, var(e;) = o?

e [y is the y-intercept of the line, the expected value of y at x = 0.

e [3; is the slope of the line, the amount of increase (or decrease) y for a single

unit increase in x.

The correlation, r, between x and y is the strength of the linear relationship
between z and y. The correlation can range between -1 and 1, and the sample

correlation is calculated as follows:

D » T (75 )N
VI @ = P (= 07

A positive r represents a positive relationship between x and y, i.e. a higher x expect
a higher y. A negative r represents a negative relationship between x and y, i.e. a
higher x expect a lower y. See Figure 77 for visual examples of correlation. The
R-squared is often used to determine how well z explains y. R-squared is the percent
of variation in y that can be explained by z, and ranges between 0% and 100% and

R-squared=r? for simple linear regression.
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Figure 7.1: Examples of correlation

Formulas for the Least Squares Estimates

The parameters Sy and ; are unknown and must be estimated using data col-

lected. The following formula is used to predict y and varying levels of z,

where




312 CHAPTER 7. INTRODUCTION TO GENERAL LINEAR MODELS

and

y-intercept: Bo =y — 5’137:.

The difference between y and g is the error, e; = y; — ;. The estimates, Bo and Bl,

can be derived by minimizing the sums of squared error (?)

n n

ie? = Z (yi — Z?z')2 = Z (yi — (Bo + lei)>2.

i=1 i=1

7.2. Multiple Linear Regression Model and General Linear Model

The multiple linear regression model and the general linear model can be written as

Yi = Bo + b1z + Poxoi + - + BrTii + €

where y is still the dependent variable, but now there is more than one independent
variable, xq,xs,..., 2. In simple linear regression and multiple linear regression,
the independent variables are considered continuous, in the general linear model the
independent variables can be categorical, thus making GLM, more general. Simple
linear regression is a subset of multiple linear regression, which is a subset of general
linear models. Although the model has the term “linear” the function for the model
does not need to be linear. For example, one of the independent variables denoted by
xy, could actually represent 7, or i The general linear model where the dependent

variable is a quadratic function of a single independent variable could be written as

yi = Bo + Brxi + Box? + &, i=1,2,...,n.
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7.3. Incorporating Categorical Data Into A GLM

How can we do computations on categorical data? How do we plug a categorical vari-
able like gender (male/female) into a mathematical equation? Categorical variables
must be converted into one or more indicator variables. An indicator variable is a
variable that can take on two values: a zero or a one. A zero indicates the absence
of the attribute and a one indicates the presence of the attribute. The number of

indicator variables needed for a categorical variable with H levels is H — 1.

Examples

e Gender can either be male or female. An indicator variable for gender could

be:

Zgender = 0 if female, and

Tgender = 1 if male.
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e Highest level of education obtained, B.A., M.A., or Ph.D.

r1 = 1if M.A, and
x1 = 0 otherwise
x9 = 1 if Ph.D, and

T9 = 0 otherwise

— If x1 = 29 = 0 then the highest level of education obtained must be B.A.

e ctc.

The figures 7?7 and ?7? illustrate the importance of utilizing indicator variables when
analyzing categorical variables, as opposed to treating categorical variables as con-

tinuous variables.

7.4. Hypothesis Testing For GLM

1. Simple linear regression

(a) If the p-value for the model is less than alpha, then it is believed the single
independent variable is helpful in predicting/understanding the dependent

variable.

(b) If the p-value for the model is greater than alpha, then it is believed the
single independent variable is not helpful in predicting/understanding the

dependent variable and that 5, = 0.
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Ordinal Independent Variable in GLM

{1 if M.A.

! 0 otherwise

) =

{1 if Ph.D.

0 otherwise
If Average Salary Y=4,+pX,+5X,
BA. = 7,000 £,=1,000
M.A. = 12,000 B, =5,000 e/ increasefomBA 1o MA |
Ph.D. = 15,000 B, =8,000 :jlncreasefmm BA o Ph.D.‘

Figure 7.2: Proper handling of categorical data within a general linear model.

2. Multiple linear regression

(a) If the p-value for the model is less than alpha then it is believed at least
some of the independent variables are helpful in predicting/understanding

the dependent variable.

(b) If the p-value for the individual independent variable is less than alpha
this implies that the particular independent variable is helpful in predict-

ing /understanding the dependent variable.

(c) if the p-value for the independent variable, x;, is greater than or equal to
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" A
Changefincrease from
0= B.A Average Salary BA toMA
X {1=ma 0 500
12,000
2= Ph.D. T > 3,000
15,000 Change/Increase from

M.A_to Ph.D.

Average Change

3,000 = 5000+ 3,000

When ordinal

data is treated

ti |

Y=p4+pX Y =7,000+4,000X | eorious
B, =7,000 M.A.=11,000
B, =4,000 Ph.D.=15,000

Figure 7.3: Improper handling of categorical data within a general linear model.

alpha it is believed that §; = 0, and thus the independent variable can be

removed from the model.
3. General linear model

(a) If the p-value for the model is less than alpha then it is believed that at
least some of the independent variables are helpful in predicting /understanding

the dependent variable.

(b) If the p-value for the individual independent continuous variable is less

than alpha this implies that the particular independent variable is helpful
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in predicting/understanding the dependent variable.

(c) If the p-value for the individual independent categorical variable is less
than alpha this implies that the particular independent variable is helpful

in predicting/understanding the dependent variable.

e If some categories of a categorical variable are significant (p-value less

than alpha) but others are not, use the categorical variable as it is.

— Handling this situation in a better manner goes beyond the scope

of this text.

(d) If the p-value for the independent variable, x;, is greater than or equal to
alpha it is believed that ; = 0, and thus the independent variable can be

removed from the model.

7.5. Introduction to Time Series Regression

7.5.1 Introduction to Time Series

Time series is appropriate when dealing with time series data. Time series data is
data collected over time at equally spaced intervals. Stock market data is one type

of times series data. Some other examples are:

e Yearly sales data

e Quarterly revenue data

e Yearly gross domestic product data
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e ctc.

Typically with time series data the researcher is trying to forecast the future using

the knowledge of the past. Some examples:

Predicting the next years sales

Predicting the next quarters revenue

Predicting the next hours stock price

e ctc.

Time series data consists of 4 main components:

e trend

— Long term direction the time series data is going in, for example of an

upward trend see figure ?77.

e seasonal

— A pattern that occurs within the year, year over year. Usually, it is

monthly or quarterly, see figure ?7.

e cyclical

— Like seasonal, cyclical is categorized by a pattern that occurs but over a

much longer period of time and may vary in length, see figure 77.

e irregular
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Revenue An Upward Trend

Time

Figure 7.4: An upward trend

— Unpredictable and random, like the error term in a general linear model.

There are various techniques for analyzing time series data. This section covers only
one way of analyzing time series data. This section focuses on regression models for

analyzing time series data.
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Figure 7.5: A seasonal component
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Revenue
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Figure 7.6: A cyclical component
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7.5.2 Simple Linear Regression Applied to Time Series Data

7.5.2.1 Time Series Model with Time Period as the Dependent Variable

The techniques learned within general linear models can be applied to time series
data (7). One of the simplest models within time series analysis for forecasting is

simple linear regression

yi=Po+ bixi +e&, 1=1,2,...,n,

where x; represents time period ¢ and may be denoted by t. A more complex model

could incorporate a nonlinear relationship as well. For example, a quadratic model,

Ye = Bo + Bit + Bot® + €.

Time series models where the only independent variable is time, ¢, can be calculated
in the same manner as a general linear model by simply substituting in the time
period for the independent variable. A common practice is to set the first time
period to zero. For example, looking at yearly data t would equal zero for the first
year observed and t = 1 for the second time period, etc. Thus if the first time period
observed is the year 2001, for the year 2001, ¢t would be set to zero. This only effects
the intercept in the general linear model, not the slope(s). In order to predict the
dependent variable for the next time period, the value for the present time period
plus one would be entered into the equation. For example, data collected from the

year 1999 to the year 2007, setting the time period 1999 to zero, with the time series
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Year Time period t || Year Time period ¢
1999 0 2004 5
2000 1 2005 6
2001 2 2006 7
2002 3 2007 8
2003 4 2008 9

Table 7.1: Illustrating the conversion of year into a time period starting with zero.

model § = 10 + 5¢, would yield an estimate of 10 + 5 * 9 = 55 for the year 2008. See

Table 7?7 to understand why the year 2008 is replaced by the value 9.

7.5.2.2 Time Series Model with the Previous Time Period Data as the

Independent Variable

Often the past can tell us about the future. An autoregressive time series model uses
historical data of the dependent variable as the independent. The assumption of an
autoregressive model is that the dependent variable is in essence a function of previous

data of the dependent variable plus an error term, i.e. y; = f(y4—1,.-.,%0) + €.

A first order autoregressive model is a model which only uses the previous time

period as the independent variable in the model and is written as:

Y = Po + Biyi—1 + €.

In Table ?? the previous year’s EPS is used as the independent variable for under-
standing EPS. In the example from Table 7?7 the estimate for the intercept is 0.1

and the estimate for the slope is 1.0. The estimates are obtained the same way as in
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Year EPS Previous Year’s EPS || Year EPS Previous Year’s EPS
1999 1.0 — 2004 1.5 14
2000 1.1 1.0 2005 1.6 1.5
2001 1.2 1.1 2006 1.7 1.6
2002 1.3 1.2 2007 1.8 1.7
2003 14 1.3 2008 1.9 1.8

Table 7.2: Illustrating the dependent variable in a first order autoregressive model.

simple linear regression, using the least squares method. The regression equation is

U =0.14+1.0 X y4_1,

and thus the prediction for the EPS for the year 2009 equals 0.1 + 1.0 x 1.9 = 2.0,
where the value of 1.9 is from the year 2008, the year prior to 2009.

A p'" order autoregressive model uses p previous time periods and written

Ye = Po + Bryi—1 + Boyi—o + - + BpYi—p + €.

In this section only the very basic time series models were covered for introductory
purposes. There exist non-linear time series models and other more complicated time

series models than those presented here which go beyond the scope of this text.
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7.6. Examples

7.6.1 Simple Linear Regression - Calculate the Slope and

Intercept - Examples

EXERCISE 7.6.1. Calculate the slope and intercept for the simple linear regression

model.
y X
11-12.0 3.0
21-123 3.0
31-23.0 9.0
41-10.0 1.0

Table 7.3: The results from the experiment.
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EXERCISE 7.6.2. Calculate the slope and intercept for the simple linear regression

model.

y X
1 77 9.0

21202 00
3116.1 4.0

4116.6 4.0

Table 7.4: The results from the experiment.
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EXERCISE 7.6.3. Calculate the slope and intercept for the simple linear regression

model.

y X
11-72 70
21-26 6.0
31-83 7.0
41-59 8.0

Table 7.5: The results from the experiment.
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EXERCISE 7.6.4. Calculate the slope and intercept for the simple linear regression

model.
y X
11-11.9 1.0
21 23 3.0
31-14.1 1.0
41 155 7.0

Table 7.6: The results from the experiment.
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EXERCISE 7.6.5. Calculate the slope and intercept for the simple linear regression

model.

y

X

1] 16.7
21177
31219

41 24.6

3.0
4.0
7.0
9.0

Table 7.7: The results from the experiment.
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7.7. Exercises

7.7.1 Simple Linear Regression - Calculate the Slope and

Intercept - Exercises

EXERCISE 7.7.1. Calculate the slope and intercept for the simple linear regression

model.
y X
11]-3.8 5.0
21-5.7 20
31-31 4.0
41 28 1.0

Table 7.8: The results from the experiment.

EXERCISE 7.7.2. Calculate the slope and intercept for the simple linear regression

model.
y X
11]-36.6 9.0
2 1-35.7 9.0
3 0.3 1.0
4 2.1 0.0
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Table 7.9: The results from the experiment.

EXERCISE 7.7.3. Calculate the slope and intercept for the simple linear regression

model.
y X
11-221 1.0
21-393 4.0
31-40.1 4.0
41-554 7.0

Table 7.10: The results from the experiment.

EXERCISE 7.7.4. Calculate the slope and intercept for the simple linear regression

model.
y X
11-239 7.0
2 -177 2.0
31-229 4.0
41-31.1 9.0

Table 7.11: The results from the experiment.
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EXERCISE 7.7.5. Calculate the slope and intercept for the simple linear regression

model.
y X
1]-28.8 8.0
2| -6.3 3.0
31-174 5.0
41 -2.8 3.0

Table 7.12: The results from the experiment.

EXERCISE 7.7.6. Calculate the slope and intercept for the simple linear regression

model.
y X
1-11.9 4.0
2| -0.3 0.0
31-15.0 7.0
4] -5.8 1.0

Table 7.13: The results from the experiment.
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EXERCISE 7.7.7. Calculate the slope and intercept for the simple linear regression

model.

y X
11253 7.0

21187 4.0
31205 6.0

41309 9.0

Table 7.14: The results from the experiment.

EXERCISE 7.7.8. Calculate the slope and intercept for the simple linear regression

model.

y X

1121.7 3.0
21233 3.0
31232 3.0

41259 6.0

Table 7.15: The results from the experiment.
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EXERCISE 7.7.9. Calculate the slope and intercept for the simple linear regression

model.
y X
1|-154 1.0
21-144 4.0
31-10.6 5.0
41-12.2 20

Table 7.16: The results from the experiment.

EXERCISE 7.7.10. Calculate the slope and intercept for the simple linear regression

model.
y X
1| 11.7 8.0
21-123 0.0
31 11.5 8.0
4 20 6.0

Table 7.17: The results from the experiment.
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7.7.2 Multiple Choice

Use a = 0.05, where appropriate, for answering the following questions. Click "Begin”

and when you are finished click "End”. Enjoy.

Begin Multiple Choice Questions

1. If the p-value for the model is 0.34 then the independent variables definitely are

informative in terms of the dependent variable.
(a) True

(b) False

2.y = 10 + 421 + 5z Using the latter equation the expected changed in y for 5

units change in z; is

3.y = 10 + 421 + bxy Using the latter equation the expected changed in y for 10

units change in x5 is
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4. § = 10 + 4z, + 5z2 Using the latter equation the expected changed in y for 1

unit change in x5 is

5.y = 10 4+ 4x1 + bxo Using the latter equation the expected value of y if 1 = 3

and z9 = 3 18

End Multiple Choice Questions

7.8. Assignment

Your client is a the marketing division within wireless phone operator (pretend
DTAC). They wish to understand who their present customers are and they wish
to increase market share. The way in which they wish to increase market share is
by targeting potentially high phone usage customers. They are open to additional
suggestions. You will be given the client database and a prospect database. The

prospect database is the list of potential customers, but are not customers yet. Give
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them a marketing strategy and discuss who they should market to and how you came
to your results. This is to be a mail out campaign.

This will be a group project. Groups will be of size approximately 3-4 people.
Groups are to work separately. The data can be found at a link on the author’s

websites www.adryver.com/mybook or www.learnviaweb.com/mybook.

Note: This project has two purposes:

1. Increase your knowledge of general linear models.

e This is the main purpose.

e Within the presentation you must explain the performance of your model,

how good or bad, in a manner that a non-statistician would understand.

— This is a very difficult task, but this will increase your understanding
greatly.
— This will also let me know the level of understanding you have of what

you are doing.

2. Give you an example of a targeted marketing strategy

The Deliverable:

e You will present the project when it is due.

— The presentation should be done in PowerPoint.

— Graphs, etc. must be done in Microsoft Excel.


http://www.adryver.com/mybook
http://www.learnviaweb.com/mybook
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e You will pretend you are from a consulting firm presenting to a client with very

little to no statistical background.

e Finally, you will hand in the PowerPoint presentation and all supporting ma-

terials.

— The appendix should contain the statistical procedures used and the out-

put.

e You will be graded mostly on the PowerPoint Presentation, but not solely.

— The presentation should be made as a stand alone document.

— It should be made in a manner that I can read it without you needing to

present for me to understand.

The Client Data File Contains

e Name

Gender (male=1)

e Home owner or not (own=1)

Cell phone plan type there are 5 plan types. The minimum minutes charged
for:

1. no minutes charge 4.0 baht/minute (No minimum payment)

2. 200 minutes charge 3.5 baht/minute (Pay at least 700 baht)

3. 400 minutes charge 3.0 baht/minute (Pay at least 1200 baht)
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4. 600 minutes charge 2.5 baht/minute (Pay at least 1500 baht)

5. 800 minutes charge 2.0 baht/minute (Pay at least 1600 baht)

Customer income

e Government job or not (if work in government=1)

Age category (age categories go youngest to oldest)

Location (place of residence ordered, to be considered an actual address)

Minutes (the total number of minutes used for the most recent month)

Payment history. You are given the past 12 months on whether the customer
paid on time or was late and how late.

1. O=current, not late on payment

2. 1=30 days late

3. 2=60 days late

4. 3=90 days late

5. 4= in default, and are not expected to pay, very bad

Note: The Prospect Data Does Not Have As Much Information As Your

Client Database.
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Supplemental Material

8.1. What To Do When

This appendix material is to help the reader determine what test to perform when. It
is only to be used as a rough guideline and is accurate most of the time but not always.
In particular, the case of a small sample this section could be misleading. This section
will aid greatly in understanding why and when a statistician may perform certain
statistical tests. It is the opinion of the author that often it is important to consult
a statistician and that most if not all introductory courses are not enough for a
researcher to lead the statistical aspects of the project.

What to do when is mainly determined by the number of variables and the type of
variables you are working with. Yes, it is often this simple, for the general situation.

It is necessary to check assumptions but below is a starting point.
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First off, what is the number of variables and the type of variable(s):

1. One variable: categorical

2. One variable: continuous

3. Two variables: categorical and categorical

4. Two variables: categorical and continuous

5. Two variables: continuous and continuous

6. Multiple variables: Continuous dependent

7. Multiple variables: Categorical dependent (beyond the scope of this text)

8. Exception: Time series data - use time series techniques

The next sections in the appendix cover the above in more detail.

8.2. One Variable

1. Categorical

(a) Two Categories
e Binomial Test or Z approximation for test of proportions
(b) More than two categories

e Chi-square test
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2. Continuous

e t-test

343

8.3. Two Variables

1. Categorical and Categorical

(a) Two Categories For Each Variable

i. If one or two sided test: Two Sample Z-test of proportions

ii. If two sided test: Chi-Square test
(b) More than two categories for at least one of the variables.

e Chi-square test

2. Categorical and Continuous

(a) Two Categories

e Two sample t-test

e Paired t-test (if data is paired)
(b) More than two Categories

e ANOVA

3. Continuous and Continuous

e Correlation and simple linear regression



8.4. Multiple Variables

1. Multiple variables: Continuous dependent
e General linear model
2. Multiple variables: Categorical dependent (beyond the scope of this text)

(a) Two Categories
e Logistic regression
(b) More than two Categories

e Discriminant analysis

8.5. Time Series Data

e Time series data - use time series techniques
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8.5.1

The Cumulative Standardized Normal Distribution

The area under the cumulative standardized normal dis-

tribution from —oo to Z

0.00
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0.03
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0.0
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0.5000
0.5398
0.5793
0.6179
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0.7291
0.7611
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0.8186
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0.9871
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0.5160
0.5557
0.5948
0.6331
0.6700
0.7054
0.7389
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0.8264
0.8508
0.8729
0.8925
0.9099
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0.5199
0.5596
0.5987
0.6368
0.6736
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0.8023
0.8289
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0.9960
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0.5239
0.5636
0.6026
0.6406
0.6772
0.7123
0.7454
0.7764
0.8051
0.8315
0.8554
0.8770
0.8962
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0.9406
0.9515
0.9608
0.9686
0.9750
0.9803
0.9846
0.9881
0.9909
0.9931
0.9948
0.9961
0.9971
0.9979
0.9985
0.9989

0.5279
0.5675
0.6064
0.6443
0.6808
0.7157
0.7486
0.7794
0.8078
0.8340
0.8577
0.8790
0.8980
0.9147
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0.9418
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0.9616
0.9693
0.9756
0.9808
0.9850
0.9884
0.9911
0.9932
0.9949
0.9962
0.9972
0.9979
0.9985
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0.5319
0.5714
0.6103
0.6480
0.6844
0.7190
0.7517
0.7823
0.8106
0.8365
0.8599
0.8810
0.8997
0.9162
0.9306
0.9429
0.9535
0.9625
0.9699
0.9761
0.9812
0.9854
0.9887
0.9913
0.9934
0.9951
0.9963
0.9973
0.9980
0.9986
0.9990

0.5359
0.5753
0.6141
0.6517
0.6879
0.7224
0.7549
0.7852
0.8133
0.8389
0.8621
0.8830
0.9015
0.9177
0.9319
0.9441
0.9545
0.9633
0.9706
0.9767
0.9817
0.9857
0.9890
0.9916
0.9936
0.9952
0.9964
0.9974
0.9981
0.9986
0.9990
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8.5.2 Critical Values of t

For a given d.f., entry represents the critical value of t
corresponding to a specified upper-tail area (o)

d.f.Ja | 0.25 0.10 0.05 0.025 0.01 0.005
1.00 1.00 3.08 6.31 12,71 31.82 63.66
2.00 | 0.82 1.89 2092 4.30 6.96 9.92
3.00 | 0.76 1.64 235 3.18 4.54 5.84
4.00 | 0.74 153 213 2.78 3.75 4.60
5.00 | 0.73 148 2.02 2.57 3.36 4.03
6.00 | 0.72 144 194 2.45 3.14 3.71
7.00 | 0.71 1.41 1.89 2.36 3.00 3.50
800 | 0.71 1.40 1.86 2.31 2.90 3.36
9.00 | 0.70 1.38 1.83 2.26 2.82 3.25
10.00 | 0.70 1.37 1.81 2.23 2.76 3.17
11.00 | 0.70 1.36  1.80 2.20 2.72 3.11
12.00 | 0.70 1.36 1.78 2.18 2.68 3.05
13.00 | 0.69 1.35 1.77 2.16 2.65 3.01
14.00 | 0.69 1.35 1.76 2.14 2.62 2.98
15.00 | 0.69 1.34 1.75 2.13 2.60 2.95
16.00 | 0.69 1.34 1.75 2.12 2.58 2.92
17.00 | 069 1.33 1.74 2.11 2.57 2.90
18.00 | 0.69 133 1.73 2.10 2.55 2.88
19.00 | 0.69 1.33 1.73 2.09 2.54 2.86
20.00 | 0.69 133 1.72 2.09 2.53 2.85
21.00 | 0.69 1.32 1.72 2.08 2.52 2.83
22.00 | 069 1.32 1.72 2.07 2.51 2.82
23.00 | 069 132 1.7 2.07 2.50 2.81
24.00 | 0.68 132 171 2.06 2.49 2.80
25.00 | 0.68 1.32 1.71 2.06 2.49 2.79
26.00 | 0.68 131 1.71 2.06 2.48 2.78
27.00 | 0.68 1.31 1.70 2.05 2.47 2.77
28.00 | 0.68 1.31 1.70 2.05 2.47 2.76
29.00 | 0.68 1.31 1.70 2.05 2.46 2.76
30.00 | 0.68 1.31 1.70 2.04 2.46 2.75
00 0.67 128 1.64 1.96 2.33 2.58
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8.5.3 Critical Values of \?

For a specified degrees of freedom (d. f.), the critical value
of x? corresponding to a specified upper-tail area ()

UPPER-TAIL AREAS

d.f./Jao 0.990 0.975 0.950 0.9000 0.100 0.050 0.025 0.010
0.000 0.001 0.004 0.016 2.706 3.841 5.024 6.635
0.020 0.051 0.103 0.211 4.605 5.991 7.378 9.210
0.115 0.216 0.352 0.584 6.251 7.815 9.348 11.345
0.297 0.484 0.711 1.064 7.779 9.488 11.143  13.277
0.554 0.831 1.145 1.610 9.236 11.070  12.833  15.086
0.872 1.237 1.635 2.204 10.645 12.592 14.449 16.812
1.239 1.690 2.167 2.833 12.017  14.067 16.013  18.475
1.646 2.180 2.733 3.490 13.362  15.507  17.535  20.090
2.088 2.700 3.325 4.168 14.684 16.919 19.023  21.666
10 2.558 3.247 3.940 4.865 15.987  18.307  20.483  23.209
11 3.053 3.816 4.575 5.578 17.275  19.675  21.920 24.725
12 3.571 4.404 5.226 6.304 18.549  21.026  23.337  26.217
13 4.107 5.009 5.892 7.042 19.812  22.362 24.736  27.688
14 4.660 5.629 6.571 7.790 21.064 23.685 26.119  29.141
15 5.229 6.262 7.261 8.547 22.307 24996 27488  30.578
16 5.812 6.908 7.962 9.312 23.542  26.296  28.845  32.000

© 00O Utk WN -
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8.5.4 Critical Values of F-distribution

For a given numerator d.f. (across) and denominator d.f. (down),
entry represents the critical value of F equals the 95% proba-
bility less than the value given. («) Note: F(A;df1,df2) =

Fra—ayarzary Where PIF(df1,df2) < F(A;df1,df2)] = A.

Den. df /Num. df 1 2 3 4 5 6 7 8 9 10

161.45 199.50 215.71 224.58 230.16 233.99 236.77 238.88 240.54 241.88
18.51 19.00 19.16 19.25 19.30 19.33 19.35 19.37  19.38 19.40
10.13 9.55 9.28 9.12 9.01 8.94 8.89 8.85 8.81 8.79
7.71 6.94 6.59 6.39 6.26 6.16 6.09 6.04 6.00 5.96
6.61 5.79 5.41 5.19 5.05 4.95 4.88 4.82 4.77 4.74
5.99 5.14 4.76 4.53 4.39 4.28 4.21 4.15 4.10 4.06
5.59 4.74 4.35 4.12 3.97 3.87 3.79 3.73 3.68 3.64
5.32 4.46 4.07 3.84 3.69 3.58 3.50 3.44 3.39 3.35
5.12 4.26 3.86 3.63 3.48 3.37 3.29 3.23 3.18 3.14
4.96 4.10 3.71 3.48 3.33 3.22 3.14 3.07 3.02 2.98
4.84 3.98 3.59 3.36 3.20 3.09 3.01 2.95 2.90 2.85
4.75 3.89 3.49 3.26 3.11 3.00 291 2.85 2.80 2.75
4.67 3.81 3.41 3.18 3.03 2.92 2.83 2.77 2.7 2.67
4.60 3.74 3.34 3.11 2.96 2.85 2.76 2.70 2.65 2.60
4.54 3.68 3.29 3.06 2.90 2.79 2.71 2.64 2.59 2.54
4.49 3.63 3.24 3.01 2.85 2.74 2.66 2.59 2.54 2.49
4.45 3.59 3.20 2.96 2.81 2.70 2.61 2.55 2.49 2.45
4.41 3.55 3.16 2.93 2.77 2.66 2.58 2.51 2.46 241
4.38 3.52 3.13 2.90 2.74 2.63 2.54 2.48 2.42 2.38
4.35 3.49 3.10 2.87 2.71 2.60 2.51 2.45 2.39 2.35
4.32 3.47 3.07 2.84 2.68 2.57 2.49 2.42 2.37 2.32
4.30 3.44 3.05 2.82 2.66 2.55 2.46 2.40 2.34 2.30
4.28 3.42 3.03 2.80 2.64 2.53 2.44 2.37 2.32 2.27
4.26 3.40 3.01 2.78 2.62 2.51 2.42 2.36 2.30 2.25
4.24 3.39 2.99 2.76 2.60 2.49 2.40 2.34 2.28 2.24
4.23 3.37 2.98 2.74 2.59 2.47 2.39 2.32 2.27 2.22
4.21 3.35 2.96 2.73 2.57 2.46 2.37 2.31 2.25 2.20
4.20 3.34 2.95 2.71 2.56 2.45 2.36 2.29 2.24 2.19
4.18 3.33 2.93 2.70 2.55 2.43 2.35 2.28 2.22 2.18
4.17 3.32 2.92 2.69 2.53 2.42 2.33 2.27 2.21 2.16

CNNNNNNNNNNARRMRHHHH = 3
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cision
— Retail Equipment Comparison - Comparison of retail checkout counter

equipment and design in terms of efficiency

— E-Commerce (Return on Investment) - Compared different on-line adver-

tising tools in terms of revenue generation

— Targeted Marketing - Created a target list of individuals, who were ex-
pected to be the most profitable to acquire as future clients from a larger

list of potential clients

o Strategic Consulting - Duties

— Design: Discussed and helped put together the design of the project

— Analysis: Multiple linear, logistic, and piecewise regression, decision tree,

ANOVA, ANCOVA, simulation, Neyman allocation, post stratification, ...

— Presentation: Helped make the presentations and presented to senior man-

agement
e Process Improvement

— Benchmark model is a model created in order to obtain an estimate of
expected performance should a final model be developed. Improved and
coded the sampling, variable selection, and performance chart steps used

in the benchmark model process

353



— Developed programs that create hundreds of statistical reports in HTML
to be viewed in Internet Explorer with hyperlinks. Saved numerous labor

hours while producing more elegant reports for our clients

— Developed Excel macros written in visual basic. Used macros to facilitate
the importing and formatting of multiple text files into excel spreadsheets.
Also used macros to create over a hundred formatted spreadsheets for each

project with hyperlinks

SELECTED COURSES TAUGHT:

e National Institute of Development Administration

— Data Mining
— Quantitative Analysis for Business Decisions
— Quantitative Research Methodology I

— Quantitative Research Methodology 11

Regression

Sampling Techniques

— Sampling Theory

— Statistical Methods for Population and Development Research I
— Statistical Quality Control

— Theory of Multivariate Statistics

e Dhurakij Pundit University International College
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— Advanced Statistics and Business Modeling
e Thammasat University, Chulalangkorn University, and NIDA
— Part of an intensive course on statistics for the JDBA
e The Pennsylvania State University
— Elementary Statistics
RESEARCH GRANTS:
e Head of research grants type 3 at NIDA, titled:

— An In-Depth Look at Validating Logistic Regression Models in Relation

to Credit Scoring

— Ratio Estimators in Adaptive Cluster Sampling
SELECTED PUBLICATIONS:

e Dryver, A.L. and Sukkasem, J. (In Press). Validating Risk Models With a
Focus on Credit Scoring Models. Journal of Statistical Computation and Sim-

ulation

e Dryver, A.L. and Chao, C.T. (2007). Ratio estimators in adaptive cluster

sampling. Environmetrics 18(6) 607-620

e Dryver, A.L. and Thompson, S.K. (2007). Adaptive sampling without replace-

ment of clusters. Statistical Methodology 4 35-43
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e Dryver, A.L. and Thompson, S.K. (2005). Improved unbiased estimators in
adaptive cluster sampling. Journal of Royal Statististical Society B 67(1),
157-166

e Dryver, A.L. (2003) Performance of adaptive cluster sampling estimators in a

multivariate setting. Environmental and Ecological Statistics 10(1), 107-113
INVITED PRESENTATIONS:

e Improving ratio estimators in adaptive cluster sampling using the Rao-Blackwell

theorem

— Survey Research Methodology Conference, 2006
— Center for Survey Research, Academia Sinica, Taiwan

— Support provided by the Center for Survey Research Taipei, Taiwan.
e Data quality and preparation for model building

— National Conference of Applied Statistics, 2006

— National Institute of Development Administration, Thailand
e Ratio estimators in adaptive cluster sampling

— Statistics in the Technological Age, 2005

— University of Malaya, Malaysia
e Building a fraud detection model

— Applied Statistics Seminar: Data Mining and its Applications, 2005
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— National Institute of Development Administration, Thailand

e A more efficient estimator in adaptive cluster sampling than the standard

Hansen-Hurwitz type estimator

— Future of Statistical Theory, Practice and Education, 2004

— Indian School of Business, India

AWARDS:

e Papers awarded for outstanding research by National Institute of Development

Administration:

— Improved unbiased estimators in adaptive cluster sampling
— Ratio estimators in adaptive cluster sampling

— Validating Risk Models With a Focus on Credit Scoring Models

COMPUTER SKILLS:

e Environments

— Linux, Mainframe, Unix, and Windows

e Statistical Software and Programming Languages

— Basic, C++, Excel VBA, Fortran, HTML, JAVA, JCL, JSP, LaTeX,
LINDO, MATLAB, Minitab, PAJEK, PASCAL, R, SAS, SIMAN, S-Plus,
and SPSS
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